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INTRODUCTION 

 “We must […] be happy, pursue the things that make for happiness, seeing that 

when happiness is present, we have everything; but when it is absent, we do 

everything to possess it”. - Epicurus 
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As far back as 2300 years ago, philosopher Epicurus already underlined the 

importance of the pursuit of happiness, or well-being, which he defined as the experience 

of pleasure and absence of physical and mental disturbances (Lesses, 2002; Mitsis, 2002), 

as a general motive to leading a fulfilled life as a human being. Today, in the 21st century, 

this motive is as relevant as ever. As technology is helping humanity to connect across 

the planet and driving change globally, stronger economies are emerging, and the number 

of countries with considerable stability from an economic perspective is at an all-time 

high (The Report of the High-Level Meeting on Wellbeing and Happiness, United 

Nations, 2012). With increasing economic stability of a country, its societal foci and 

organizational priorities shift away from purely financial concerns toward an interest in 

general quality of life, happiness, and well-being (Ilies et al., 2015). This is why the 

scientific interest in and research on well-being has rapidly increased over the past few 

decades, and not only among the strongest economies and most developed countries of 

the first world, but worldwide: following the recommendations of well-being researchers 

(Diener, 2000, 2012), as of 2012, the United Nations (UN) have declared happiness and 

well-being a “new economic paradigm”, and since regularly measure well-being in their 

member states as part of their sustainable development program. The results are 

published in the yearly World Happiness Report, currently in its eighth edition (Helliwell 

et al., 2020). Health and well-being are also covered as the third of the UN’s 17 

sustainable development goals.  

 This new relevance of well-being to economy also reflects in recent years of 

organizational research, with a growing number of studies investigating well-being in 
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organizations over the last two decades. This is unsurprising, given that it is a powerful 

predictor for many desired outcomes in organizational spaces: employees’ well-being 

does not only affect their mental and physical health (e.g., Wilson et al., 2004), limits 

unfavorable workplace behaviors (e.g., Cooper & Dewe, 2008), and lets beneficial 

behaviors flourish (e.g., Kasa & Hassan, 2015), but it also strongly impacts individual 

performance (e.g., Daniels & Harris, 2000) and team performance (e.g., Bakker & 

Oerlemans, 2011). From a more distal perspective, happier employees might even lead to 

improved financial results for the organization (Taris & Schreurs, 2009). Rightly so, 

some researchers have pointed out that well-being may be the key for organizations to 

make the most of their human capital (Ilies et al., 2015).  

The vast majority of organizational research has examined employee well-being 

from an inter-individual perspective, with a focus trying to explain what distinguishes 

happy people in organizations from those who are less happy. While it is true that there is 

a considerable amount of disposition to well-being (Friedmann & Kern, 2014), we know 

that it is not stable but changes within one individual across time: well-being may differ 

from hour to hour, day to day, or week to week (Sonnentag, 2015). Meta-analytic 

evidence (Shockley et al., 2012) shows that workplace well-being substantially varies 

within individuals over time – between 40% and 53% (depending on the well-being 

indicator) of workplace well-being variability was found to be within individuals, rather 

than between them. This means that the common between-person approach to 

investigating workplace well-being fails to understand one central characteristic of well-

being as a construct: its dynamic nature.  
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Given this lack of a dynamic within-person perspective on workplace well-being, 

having reviewed the literature on the subject, there are still some open questions. First, to 

our knowledge, there is currently not a context-specific instrument to measure workplace 

well-being with excellent psychometric qualities and acceptable scale economy that has 

been validated with regards to its longitudinal measurement invariance and longitudinal 

reliability. Such an instrument is a crucial tool in order to study workplace well-being 

from a within-person perspective in applied organizational contexts, where repeated time 

data collections are required. Second, there is currently no consensus in the literature 

about how workplace well-being varies within individuals over time, specifically over 

periods that are longer than two weeks. Taking these longer periods of time into account, 

neither do we know how much the variability in workplace well-being can be attributed 

to the within-person level, nor which trajectory shape the within-person well-being 

fluctuations take over time. Third, we do not know which factors contribute to the 

amount of well-being variability that individuals experience over time. This is especially 

with regards to between-person differences in within-person well-being variability, as 

well as workplace characteristics that show a dynamic relationship with within-person 

changes in well-being over time. Lastly, although well-being and performance have a 

robust connection from a between-person perspective (Bakker & Oerlemans, 2011) we do 

not yet have a clear understanding of the consequences within-person variability might 

have on performance-related outcome variables in the workplace.  

This dissertation will attempt to address these four open questions with regards to 

one specific sub-dimension of workplace well-being: affective well-being (AWB). AWB 
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describes the presence of positive affective responses (such as joy or excitement), and the 

absence of negative affective responses (such as anger or sadness), and is the well-being 

dimension that is most aligned with the Epicurean conceptualization of happiness. 

Specifically, the dissertation at hand focuses on three key objectives.  

First, we aim to validate an extra-brief measure of AWB, with a specific focus on 

its adequacy for being applied in longitudinal research designs that focus on the within-

person variability and change within-individuals over time. The goal is to provide an 

instrument that is valid, reliable, and economical, and will equip researchers seeking to 

measure AWB in organizations with a dynamic approach in mind.  

Second, we want to investigate predictors and outcomes of within-person AWB 

variability over time. In order to understand between-person differences in intra-

individual AWB variability and its dispositional nature, we will focus on personality 

traits as predictors. In addition to this, given the well-established cross-sectional 

relationship between AWB and work performance, we focus on the dynamic relationship 

between AWB and work performance, linking within-person variability in both 

constructs.  

Third, we will examine the shape of the change trajectory that AWB follows 

within individuals over time, and investigate how this trajectory is related to within-

person change trajectories of other dynamic variables in the workplace – job resources 

and demands.  
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Each of the three key objectives will be reflected in its corresponding chapter 

(chapters 2 through 4), framed by a theoretical introduction and a general discussion and 

conclusions section.  

Chapter 1 is a theoretical introduction to the construct of AWB in the workplace, 

the benefits of fostering it, and its measurement. Especially, we will shed a light on the 

need for research from a dynamic, intra-individual perspective of workplace AWB.  

Chapter 2 is an overview of the common methodological approach adopted in the 

following three chapters.  

Chapter 3 is a validation study of the Reduced AWB Scale (RAWS), with a 

special focus on its adequacy for longitudinal studies with within-person designs in 

organizational contexts.  

Chapter 4 presents an analysis of the relationship of within-person AWB 

variability in the workplace with potential dispositional determinants, particularly 

neuroticism and extraversion, and with relevant outcomes at work, particularly within-

person variability in work performance.   

Chapter 5 is an investigation of the shape of within-person change trajectories in 

workplace AWB, workplace social support, and work overload perceptions, as well as the 

dynamic relationships between these trajectories.  

Chapter 6 offers a summary of results from chapters 3 through 5, and provides a 

general discussion of the findings of the dissertation as a whole, providing conclusions 

and implications drawn from all three studies.  
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Chapter 7 contains a brief summary of the entire doctoral dissertation, and the 

three core studies included in it. In order to comply with the prerequisite for an 

international mention, this chapter will be presented both in English and Spanish.  
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CHAPTER 1: INTRA-INDIVIDUAL VARIABILITY IN WORKPLACE 

AFFECTIVE WELL-BEING: A THEORETICAL APPROXIMATION 
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1.1 Subjective well-being 

The relevance of subjective well-being in society  

The relevance of well-being as a whole for human beings has always been a 

central interest of philosophical considerations. Once upon a time, Aristotle argued that 

happiness is the ultimate goal in life for any individual, and that all other aspirations such 

as social relationships, success in one’s work and career, or physical health are merely 

instrumental to achieving happiness (Thomson, 1953). Scaling this idea to the societal 

level, it is in line with the moral-philosophical perspective of utilitarianism, which posits 

that any society should be evaluated based on whether it allows the greatest possible 

happiness for the greatest possible number of people (Bentham & Mill, 2004; Viner, 

1949): for a society to be considered as good, it needs to be livable for its members. Its 

livability, on the other hand, manifests in the happiness of the citizens living in it 

(Veenhoven, 1996, 2010). Laypeople confirm this philosophic view: overall, people 

name happiness as one of their top aspirations in life, and rate it as more important than, 

for instance, material wealth, success, or knowledge (Diener & Oishi, 2000). This is 

mainly because it just feels great to be happy – individuals perceive happiness and 

pleasantness to be conceptually related and often experience them in parallel (Diener, 

2000; Schimmack, 2006). But sometimes people also read their happiness as an indicator 

for their level of success or failure in life, connecting a perception of being personally 

accomplished above all with positive affectivity (King & Napa, 1998; Sumner, 1996). In 

fact, in some cultures this even goes so far that people tend to feel pressured to be happy 

at all times (Suh & Koo, 2008).  
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Concluding that both philosophers and laypeople agree that happiness and well-

being are a key objective to strive for in life, it is no surprise that the scientific 

community has also exhibited a great interest in well-being for a long time. Over the past 

decades however, scientific interest in the topic has grown substantially (Ilies et al., 

2015). This is partly due to the fact that many developed countries have reached a level 

of economic progress that leads to the satisfaction of basic needs for their citizens, and 

allows them to focus on the pursuit of happiness. While initial research (e.g., Wilson, 

1967) still focused on the concept “happiness”, by the 1980s, the scientific community 

had agreed upon the term “subjective well-being” (Diener, 1984) to more accurately 

depict this construct (Diener et al., 1999).  

The conceptualization of subjective well-being as the ultimate life goal based on 

the philosophical considerations presented above led initial research to focus on the 

antecedents of subjective well-being in pursuit of finding a response to the burning 

question how this ultimate life goal could be reached. To answer this question, initially, 

external and situational factors, as well as demographics, were taken into account. For 

instance, daily experience of pleasant events was found to foster subjective well-being, 

while experience of negative events was found to diminish it (Stallings et al., 1997), and 

demographic variables such as age, sex, or education level contributed to explain 

differences in well-being levels as well (Diener et al., 1999). Because these external and 

descriptive-demographic predictors were only able to explain a small percentage of 

variance in subjective well-being experiences (Argyle, 1999; Diener et al., 1999), the 

research focus then shifted to a stronger top-down perspective, explaining subjective 
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well-being based on inter-individual differences. A number of research teams has 

investigated the heritability of a disposition to specific subjective well-being experiences 

via twin and adoption study methodologies (Baker et al., 1992; Braungart et al., 1992; 

Lykken & Tellegen, 1996; McGue & Christensen, 1997; Tellegen et al., 1988). These 

studies place the heritability of well-being dispositions anywhere between 20% and 80% 

- making it difficult to deduct conclusively whether or not well-being can be influenced 

by factors beyond disposition. Be that as it may, the results point in the direction of 

personality as an important determinant for subjective well-being. And indeed, Big 5 

personality variables – especially extraversion and neuroticism – have been linked 

extensively to well-being in the literature (Anglim & Grant, 2016; Anglim et al., 2020; 

DeNeve & Cooper, 1998; Diener, 1998; Diener et al., 2009; Emmons, 1986; Gutiérrez et 

al., 2005; Lucas & Diener, 2009; Steel et al., 2008).  

In more recent years, researchers have started looking beyond well-being as the 

“ultimate life goal”: the scientific community has come to understand that subjective 

well-being is not just a final outcome and may in fact be a functional phenomenon (Oishi 

et al., 2007) with positive effects that are not limited to just feeling great. Thus, 

researchers started focusing on the benefits that subjective well-being has for individuals, 

as well as for society as a whole. Within this realm of research, subjective well-being has 

been shown to have a positive impact on physical health, longevity, and social 

relationships among individuals (Diener & Chan, 2011; Diener & Ryan, 2009; Oishi et 

al., 2007), which has also been supported by meta-analytic evidence (Lyubomirsky et al., 

2005). Just to name some more specific examples of how subjective well-being can 
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positively affect different outcomes for individuals: happier people get married more 

often (Diener et al., 2002) and are more satisfied in their romantic relationships (Ruvolo, 

1998), authors expressing more positive emotions in their books live longer (Pressman & 

Cohen, 2012), and happier employees earn higher incomes than their unhappy 

counterparts, with effects lasting over years (Diener et al., 2002).  

Without doubt, there is a variety of benefits that subjective well-being has for 

people in general – but let us zoom into its relevance in the context of organizations. The 

happy-productive worker hypothesis – the notion that employees who experience higher 

well-being in their jobs will be more motivated and more effective performers – has long 

been one of the central assumptions of industrial-psychological research (Sender et al., 

2020).  And in fact, empirical research shows that subjective workplace well-being is 

positively related to individual and team level work performance, increases 

organizational citizenship behaviors, and decreases counterproductive behaviors, such as 

absenteeism (Cropanzano & Wright, 1999; Danna & Griffin, 1999; Harrison et al., 2006; 

Ilies et al., 2009; Judge, et al., 2001; Lyubomirsky et al., 2005; Taris & Schreurs, 2009). 

Some have even argued that happier employees lead to higher productivity for their 

organization as a whole (Taris & Schreurs, 2009). Considering these relationships, we 

can conclude that a neglect of well-being in organizations has significant economic 

implications, for instance via a negative effect on productivity and employee health: in 

the UK alone, the cost of a lack of investment in workplace well-being has been 

estimated at 3.8 billion £ a year (Chartered Institute of Personnel and Development, 

2007). In addition to this enormous impact on the economy, workplace well-being also 
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shows a considerable spill-over effect into other realms of life, and can influence well-

being in social and romantic relationships, families, leisure activities, or in life as a whole 

(Ilies et al., 2009; Sirgy et al., 2001).  

Thus, research on subjective well-being in organizations, as well as its 

antecedents and outcomes, can constitute a substantial contribution to organizational 

performance, economic stability, as well as the quality of life for individuals.  

Dimensions of subjective well-being 

When happiness first entered the focus of scientific interest, Wilson (1967) 

published a groundbreaking research review on the factors that make an individual a 

happy person. His investigations concluded that happiness is an amalgamation of an array 

of mostly demographic characteristics, such as a young age, physical health, a high level 

of education and a high salary, and a monogamous partnership. Some personality-related 

variables were also identified as prerequisites for being a happy person, such as an 

extraverted disposition, an optimistic outlook on life, and a strong faith in God (Wilson, 

1967). Of course, since the late 1960s, research on the subject matter has developed a 

great deal. In more recent years, subjective well-being research has focused more heavily 

on the essence of happiness and its underlying processes (Diener et al., 1999), rather than 

defining its demographic correlates and developing a descriptive archetype of a happy 

person – leading to the elaboration of the concept of subjective well-being. 

In their 1999 retrospective of three decades of well-being research, Diener and 

colleagues posit that rather than describing one specific concept, subjective well-being is 

an umbrella term for several experiential phenomena related to emotional responses to 
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and satisfaction with one’s life as a whole, or specific areas of their life, such as the 

workplace (Diener et al., 1999). Specifically, subjective well-being can be conceptualized 

from a eudaimonic perspective and a hedonic perspective (Ryan & Deci, 2001; Peiró et 

al., 2014).   

The eudaimonic perspective of subjective well-being is based on Aristotles’s 

notion that an individual’s ultimate goal in life is striving to fulfill and live up to their 

true potential (Ryff & Singer 2008). Departing from this idea, Carol Ryff coined the term 

of eudaimonic well-being: a concept that describes the degree to which individuals 

experience sense and purpose, either in their lives as a whole or in certain situations. This 

includes constructs like self-acceptance, autonomy, mastery, or personal growth (Ryff, 

1989; Ryff & Singer, 2008), cumulatively describing a fully functioning and self-

actualized human being. 

The hedonic perspective of subjective well-being focuses on what individuals feel 

and think about their lives in general, or about specific areas of their lives (Diener, 1984). 

It is comprised of two sub-dimensions: cognitive well-being and AWB (Eid & Larsen, 

2008; Luhmann et al., 2012). Cognitive well-being refers to the cognitive evaluation (i.e., 

the degree of satisfaction) that individuals attribute to either their life as a whole, or to 

certain areas of their life, resulting in domain-specific cognitive well-being, such as 

career satisfaction or relationship satisfaction (Ilies et al., 2009; Lourel et al., 2009). 

AWB, on the other hand, refers to the emotional evaluation of one’s life. Specifically, it 

describes the presence of positive affective responses (e.g., joy, excitement) and absence 

of negative affective responses (e.g., sadness, anger) experienced by an individual in 
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general or in response to specific events or situations (Christopher et al., 2004). This 

well-being dimension is most aligned with the Epicurean definition of happiness, the 

presence of pleasure and absence of psychological disturbances (Annas, 1987). 

While classic organizational research mainly focused on the cognitive well-being 

sub-dimension, i.e., job satisfaction (e.g. Brayfield & Rothe, 1951; Hoppock, 1935; 

Locke, 1969), starting with a groundbreaking publication on emotions in work and 

achievement in the 1990s by Pekrun and Frese (1992), the scientific interest in affect in 

the work context has skyrocketed (Ashton-James & Ashkanasy, 2008). There is a 

multitude of literature around AWB in organizations in both edited books (e.g., Härtel et 

al., 2005) and journal articles (e.g., Ashkanasy, 2004). Some authors have even dubbed 

this development an affective revolution in the organizational research literature (Ashton-

James & Ashkanasy, 2008; Barsade et al., 2003). This is not surprising, considering the 

enormous importance of AWB in the workplace in terms of implications both for 

individuals and organizations, as will be discussed in the following section.  

1.2 Affective well-being in the workplace 

Importance and outcomes of workplace affective well-being 

As described above, AWB is part of the hedonic conceptualization of subjective 

well-being. Specifically, it refers to the frequent experience of pleasant affective 

responses (such as joy, excitement, or pride) and the absence of unpleasant affective 

responses (such as sadness, anger, or anxiety), either in day-to-day life or in specific 

situations (Luhmann et al., 2012; Eid & Larsen, 2008). Accordingly, workplace AWB 
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captures the presence of positive and lack of negative affective responses that are 

experienced in the workplace and related to work situations specifically.  

Experiencing high workplace AWB is linked to a number of positive implications 

for individuals. For instance, individuals with high workplace AWB also tend to have 

higher levels of mental and physical health (Wilson et al., 2004) and experience spill-

over effects into other realms: they are also happier in their social relationships and in life 

as a whole (Ilies et al., 2009; Sarwar et al., 2019). From a business perspective, it has 

some desirable outcomes as well. For example, employees who experience high 

workplace AWB deliver stronger task performance and intra-role performance (Bryson et 

al., 2017; Drewery et al., 2016; Judge et al., 2001; Nielsen et al., 2017; Wright & 

Cropanzano, 2000), are more likely to help their organizations through showing extra-

role behaviors such as organizational citizenship behaviors (OCB) (Ilies et al, 2009), and 

are less likely to show undesirable workplace behaviors, such as absenteeism 

(Lyubomirsky et al., 2005; Medina-Garrido et al., 2005). Whenever an employee 

experiences high AWB at work, they are also less likely to think about leaving the 

organization now or in the future (Wright & Bonnet, 2007). Considering these findings, 

we can conclude that understanding and fostering employee AWB should be an objective 

for any and all organizations: this variable represents a powerful lever for retaining high 

potential employees in the organization, increase employees’ intra- and extra-role 

performance, and ultimately increase organizational productivity (Taris & Schreurs, 

2009).  
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Conceptualization of workplace AWB 

Knowing that workplace AWB describes positive and negative affective 

responses, before working with the construct, we need a more thorough and profound 

understanding of what these affective responses look like exactly. Russell’s (1980) 

circumplex model of affect (see Figure 1) provides a detailed description of the nature of 

affective responses. The model has been supported by a large body of empirical evidence 

since its development (Larsen & Diener, 1992; Posner et al., 2009; Remington et al., 

2000), and thus represents an adequate framework for conceptualizing workplace AWB.  

The circumplex model consists of two dimensions - valence and arousal - each of 

them independent from and orthogonal to the other one, whose combination describes the 

entirety of the spectrum of affective responses (Russell, 1980; Yik et al., 2011). Valence 

represents the traditional pleasure vs. displeasure interpretation of affective responses and 

is depicted on the horizontal axis of the model. Arousal represents the physical activation 

connected with an affective state, ranging from low to high arousal, and is depicted on 

the vertical axis. Through their orthogonal array, the two dimensions define four 

quadrants that describe four broad categories of affective responses: positive valence/high 

arousal, positive valence/low arousal, negative valence/high arousal, and negative 

valence/low arousal. According to model, every possible affective response can be placed 

within these four quadrants, by defining its level of arousal and its valence. For instance, 

excitement is defined by high arousal and a positive valence and would be allocated in 

the top right quadrant. In contrast, resignation is defined by low arousal and a negative 

valence and would be allocated in the bottom left quadrant of the model. In this way, 
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every affective response can be arranged around the two-dimensional space in a 

continuous circle, with antagonistic affective responses being on opposite ends of the 

circle and similar affective responses being located closer together (George, 1990; Van 

Katwyck et al., 2000). 

 
Figure 1. The circumplex model of affect (based on Russell, 1980). 

 

Some research using the circumplex model for describing AWB has 

conceptualized every quadrant as a different sub-dimension of AWB (Burke et al., 1989; 

Mäkikangas, 2007). However, the general consensus in the literature is a focusing on 

only two sub-dimensions: positive affect (PA) and negative affect (NA). There are two 

ways of conceptualizing PA and NA within the circumplex model. The first way seems 

the more obvious choice: splitting the model along the vertical axis, summarizing all 

unpleasant affective responses on the left as NA, and summarizing all pleasant affective 

responses on the right as PA (Warr et al., 2014). The second option is to focus on the 

diagonal axes in the circumplex. In this conceptualization, PA summarizes affective 
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responses with positive valence and high arousal, and in an inverted sense, affective 

responses with negative valence and low arousal. NA, on the other hand, summarizes 

affective responses with negative valence and high arousal, and invertedly, affective 

responses with positive valence with low arousal. In other words, each affect quality 

describes the presence of highly-activated states within the aligned valence, and the 

absence of low-activated states of the opposite valence. While this approach might seem 

less intuitive than splitting along the vertical axis, the literature supports this 

conceptualization. Discriminant validity between PA and NA, when defined this way, has 

been supported across a variety of outcome variables from a personality perspective (Yik 

et al., 2002), a behavioral perspective (Warr et al., 2014), and a physiological perspective 

(Carver, 2001; Carver & Scheier, 1991).  

Measuring workplace AWB 

There is a number of different instruments that have been used by organizational 

researchers to assess AWB in the workplace in the past based on Russell’s circumplex 

model. Some of these instruments are validated across different contexts of application, 

and have shown good to excellent psychometric properties. Three measurement 

instruments have had an especially large usage in organizational research over the past 

three decades: the positive and negative affect schedule (PANAS; Watson et al., 1988), 

the AWB measure (Warr, 1990), and the job-related AWB scale (JAWS; Van Katwyck et 

al., 2000). In the following paragraphs, we will give a short overview of these 

instruments. In chapter 3, they will be described in greater detail, reviewing their 

respective strengths and weaknesses. 
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The PANAS (Watson et al., 1988) is rooted in the high-arousal part of the 

circumplex model only. Although PANAS’s reliability and validity have been shown to 

be excellent (Carvalho et al., 2013; DePaoli & Sweeney, 2000; Von Humboldt et al., 

2017; Watson et al., 1988), it does have one big weakness: being 20 items in length, its 

test economy leaves much to be desired. To address this issue, almost two decades after 

the release of the PANAS, a short form was published: the I-PANAS-SF (Thompson, 

2007). This international short form contains only half of the original items per sub-scale, 

resulting in a scale length of 10 items in total. The application of the I-PANAS-SF across 

different contexts is actively encouraged, but neither instruction nor item phrasings are 

specifically thought up to measure AWB in organizational contexts.  

Warr’s AWB measure (1990) partly deals with this problem: in the development 

process for this instrument, questionnaire items were phrased in two ways, once 

specifically relating to job-related affect, and once more relating specifically to situations 

outside of the work realm. The scale measures two sub-scales located within the 

circumplex model: depression-enthusiasm (PA diagonal) and anxiety-contentment (NA 

diagonal), each consisting of six items measuring frequency of affective experiences. 

Unfortunately, evidence of validity of the scale with its two sub-scales is not conclusive, 

and some authors have found four sub-scales for this measure (Goncalves & Neve, 2011; 

Mäkikangas et al., 2007).  

Lastly, the JAWS (Van Katwyck et al., 2000) was developed as a context-specific 

workplace AWB measure, in distinction to general AWB measures such as the PANAS 

on the one hand, and the more widespread job satisfaction scales that covered a more 
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cognitive aspect of workplace well-being. It consists of a PA and an NA subscale, with 

15 items each, measuring frequency of affective experiences. Psychometric properties of 

the JAWS are acceptable (Van Katwyck et al., 2000). Even though some studies have 

applied a short form of the JAWS that only contains six items per subscale (Schaufeli & 

Van Rhenen, 2006; Van den Heuvel et al., 2015), the scale, like the original PANAS, still 

has room for improvement in terms of scale economy.  

All three scales have been applied in a wide array of different research designs in 

organizational studies and have contributed greatly to the well-being literature. However, 

each of them has some unique issues – some have unclarities surrounding the validity of 

subscales, others have an issue regarding scale economy. In many organizational studies, 

especially those applying longitudinal designs, it is difficult to recruit a sample from 

applied organizational settings (Greiner & Stephanides, 2019). This is why researchers 

are often forced to measure a range of different constructs and variables among the same 

set of respondents. When this happens, it is of utmost importance to apply scales with 

strong scale economy which nevertheless comply with psychometric standards. Long and 

repetitive measures can often provoke respondent fatigue, lead to inattentive response 

behavior, stronger response bias, and subsequently a diminished data quality (Bosnjak & 

Batinic, 2000; Buhrmester et al., 2011). In addition to this, in longitudinal studies, the 

response rate can be compromised by overly extensive questionnaires (Baruch & Holtom, 

2008). In contrast, economical questionnaires keep respondents engaged when sitting 

through a questionnaire, and motivated to adhere to study participation in longitudinal 

studies (Biner & Kidd, 1994; Iglesias & Torgeson, 2000). It is therefore desirable to 
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ensure the availability of a very economical scale to measure workplace AWB, which 

also has excellent psychometric qualities.  

Within-person change in affective well-being 

The majority of workplace AWB studies to date has focused on the between-

person perspective, answering questions like “what predicts different levels of AWB in 

the workplace for different individuals?” (e.g., Baptiste, 2008; Munir et al., 2012) and 

“which work-related outcomes do individuals with different AWB levels show?” (e.g., 

Davis, 2009; Noval & Stahl, 2017). This is an important perspective that has led to some 

relevant implications for organizational development and Human Resource (HR) 

practitioners. That being said, the less-investigated intra-individual perspective on 

workplace AWB – i.e., the focus on variability in workplace AWB within one person 

over a period of time – has been shown to be an important research focus as well. High 

variability in AWB can have some strong implications for individuals such as increased 

use of drugs and alcohol as a coping mechanism (Gottfredson & Hussong, 2013; 

Weinstein et al., 2008), or mental health issues such as anxiety and depression (Gruber et 

al., 2013; Palmier-Claus et al., 2012). From the organizational perspective, there are some 

important outcomes as well: employees’ AWB variability is related to their mean work 

performance (Miner & Glomb, 2010), or the experience of burnout (Lemyre et al., 2006). 

A spill-over of high variability of workplace AWB into higher variability in general life 

well-being as well as other workplace-specific well-being facets has also been reported 

(Gruber et al., 2013; Ilies & Judge, 2002). There is some evidence showing that the 

happy-productive-worker thesis – the notion that employees with higher well-being 
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perform better at work – may be as plausible at the within-person level as at the between-

person level: the same individual is more likely to exhibit high performance at a time 

when they experience high AWB than at a time when they experience low AWB (Fisher, 

2003).  Even though research on within-person AWB variability is not as extensive yet as 

its counterpart with a between-person focus, we can conclude that AWB variability has 

some important implications for both individuals and businesses.  

In order to be able to focus our research on AWB variability, we first need to 

understand AWB as a dynamic construct. Affect itself can be conceptualized from a trait 

perspective and from a state perspective. Trait affect is a dispositional variable, akin to a 

personality trait, defining whether someone is prone to affective experience, and whether, 

overall, they experience more or less PA, and more or less NA (Diener & Emmons, 

1984). This means that, for instance, an individual with high trait positive affectivity is 

more likely to experience positive affect at any time, and also react with positive 

affective responses more frequently. Of course, even someone with a low trait negative 

affectivity will, at times, have experiences of high NA, and vice versa. This means that 

levels of PA and NA will rise and fall within the same person over time, creating 

affective states, which are partly but not fully explained by trait affectivity (Kamarck et 

al., 2005; Nelis et al., 2016). These states, the waxing and waning of AWB within the 

same individual, are what we are especially interested in when looking at workplace 

AWB from a dynamic perspective (Sonnentag, 2015).  
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Emotions and moods 

There are different types of affective states. Two common conceptualizations are 

emotions and moods. Emotions are short, but intense affective responses with a clear 

cause or object (Frijda, 1993). They spike relatively suddenly and fluctuate fast over 

time. Emotions are perceived as discrete – they do not necessarily follow the AWB sub-

structure of PA vs. NA: when someone experiences an emotional spike, they can likely 

identify it as one specific affective response, such as sadness or anger or anxiety. 

Research using experience sampling and diary designs has shown that in the workplace, 

emotion fluctuation is present. It is linked to specific behaviors and experiences in the 

workplace, for example, experiencing a breach of the psychological contract can lead to 

outbursts of anger (Conway & Briner, 2002).  

Moods, on the other hand, are relatively long and enduring affective states 

(González-Romá & Gamero, 2012; Hernández et al., 2020). They can last days or weeks, 

and are not always attributed to a clear cause or directed at a defined object during the 

entire period of the state (Frijda, 1993; Tellegen, 1985). The actual discrete affective 

responses experienced within a mood episode may actually vary – for example, during a 

prolonged negative mood state, one may experience anger at one point and sadness at 

another, or one may experience mixed simultaneous affective responses (Weiss & Beal, 

2005; Weiss & Cropanzano, 1996; Frijda, 1993). Because of this, mood states are usually 

described by being either shaped by positive mood (PM) or negative mood (NM), aligned 

with the PA and NA sub-dimensions of AWB in the circumplex model. There is a 

number of studies that found that individuals do experience a substantial amount of mood 
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variability (e.g., Gadermann & Zumbo, 2007; Parkinson et al., 1995; Penner et al., 1994). 

However, although by definition mood states can stretch out over several weeks (Frijda, 

1993), there is hardly any research on mood variability that encompasses a time frame 

longer than two weeks – considering time frames longer than this is relevant to 

understand whether patterns hold across longer periods of time. In addition to this, 

studies with a focus on intra-individual variability in mood that are focused specifically 

on moods in the workplace are scarce as well, even though including the within-person 

perspective into the study of AWB is essential to understand AWB as a holistic and 

complete construct. Also, as discussed above, context-specific AWB experiences can 

differ from general AWB experiences, so studies focused on the workplace are needed in 

order to understand mood variability in this specific context.  

1.3 Theoretical framework 

Having established that within-person mood fluctuations exist, there are still some 

key questions about what these fluctuations look like specifically: first, why are mood 

states induced and ended? Second, what shapes do their trajectories follow over time? 

And third, how are they related to other dynamic environmental variables? Four 

frameworks that help us describe the nature of intra-individual mood fluctuations over 

time, and help us answer these questions, are the Affective Events Theory (Weiss & 

Cropanzano, 1996), the Adaptation Level Theory (Brickman & Campbell, 1971), the Job 

Demands-Resources Model (Bakker & Demerouti, 2007; Bakker et al., 2003; Demerouti 

et al., 2001), and the Conservation of Resources Theory (Hobfoll, 1989). In the following 

sections, we will give a short overview of the notions of each of these theories.  
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Affective Events Theory 

Affective Events Theory (AET; Weiss & Cropanzano, 1996) is a theoretical 

framework that attempts to explain the genesis of affective states. It was specifically 

developed for explaining affect in the work context (Weiss & Beal, 2005). The central 

idea of the theory is that events – things that happen to people in the workplace – are 

proximal causes for affective reactions. Essentially, the basic assumption of AET is that 

events experienced at work are affect-laden, and hence able to trigger affective responses. 

This means that, from this perspective, moods are structured episodically, and the length 

of each mood episode is determined by affective events: one mood episode is induced by 

one affective event, is then sustained over a prolonged period of time, until a new 

affective event induces a new mood episode, and ends the previous episode (Weiss & 

Beal, 2005). In this way, each mood episode has a clearly defined starting point and end 

point. Affective events that can induce mood episodes include a variety of different 

phenomena that may happen in the workplace – but not everything that happens at work 

is an affective event (Ohly & Schmitt, 2015). An affective event is a one-off, disruptive 

happening, rather than a dynamic workplace characteristic that steadily changes in 

intensity over time. Examples for affective events are the experience of an interruption in 

the workflow (Zohar et al., 2003), receiving praise (Dimotakis et al., 2011), or 

completing a task (Zohar et al., 2003).  AET specifically states the importance of taking a 

within-person point of view when analyzing moods in the workplace, especially when 

analyzing the mood-performance relationship (Weiss & Cropanzano, 1996; Weiss & 

Beal, 2005): the framework underlines that within-person variability in affective states in 
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the workplace has immediate effects on variability in other variables in the organizational 

context, such as work performance, and the authors explicitly call for research designs 

allowing to study this dynamic relationship (Weiss & Beal, 2005). Based on AET, mood 

variability over time should proceed episodically within an individual, and be caused by 

external events experienced in the workplace. The theory is also quite clear about that 

every individual will experience variability in mood in the workplace, as everyone 

experiences affective events at work (although the strength of this variability may depend 

on dispositional variables, which we will discuss later). However, this theory does not 

give us an indication of the trajectory shape that the ebb and flow of mood within an 

individual will follow over time. Adaptation level theory complements AET regarding 

this question.  

Adaptation Level Theory 

Adaptation Level Theory (ALT; Brickman & Campbell, 1971) is aligned with 

AET on the notion that intra-individual changes in mood are triggered by external events. 

However, it puts a stronger focus on the reaction that an individual shows over time after 

a change in mood is induced.  

One of the central ideas of ALT is that every individual has a set-point in mood, 

in a similar vein to the concept of trait affectivity: there are people who are, generally 

speaking, in a better mood, and others who are, generally speaking, in a worse mood 

compared to others. Whenever a change in the environment occurs, this can affect mood. 

After an environmental change, mood changes away (this can be a rise or a fall, 

depending on the nature of the change in the external situation) from the individual’s 
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mood set-point and is sustained for a while. However, after some time, the individual gets 

accustomed to the changed environment. This process is called adaptation and is caused 

by automatic physiological habituation processes: physiological systems react to any 

deviation from one’s common mood level by blocking constant stimuli from attention, in 

order to allow the individual to deal with and react to any new stimuli that might appear 

(Fredrick & Loewenstein, 1999; Helson, 1948; Helson, 1964). This means that, when 

adaptation occurs, mood reverts back to the individual’s personal set-point. For example, 

if someone gets promoted at work, their mood will rise away from their set-point for a 

while. However, after some time, they will get used to the new situation, and adapt to the 

altered environment: even though the change in the environment persists (the person 

remains in the new and better role), their mood will revert back to their personal mood 

set-point. This way, according to ALT, mood states follow wave-like fluctuations over 

time. It is important to note that, according to this theory, there is no way for someone to 

change their average mood experience over time, as people are always expected to revert 

to their mood set-point, no matter what happens to them. This is why ALT is sometimes 

also dubbed the “hedonic treadmill” (Diener et al., 2009; Larsen & Prizmic, 2008; 

Mancini et al., 2011).  

ALT was not developed specifically for the organizational or work context – the 

environmental changes the authors referred to originally were critical life events (e.g., 

marriage, divorce, accidents). The body of empirical evidence based on ALT reflects this: 

given the severity of the events, the mood episodes induced stretched out over months or 

years. For example, winning the lottery leads to better mood even months after the event 
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occurred (Brickman et al., 1978; Lindqvist et al., 2018), while negative critical life events 

such as being involved in an accident (Brickman et al., 1978) or going through a divorce 

(Lucas, 2005) dampen the mood for months or years after the event occurred, before 

individuals return to their mood set-points. From an ALT perspective, the duration of a 

mood state is determined by the severity and nature of the environmental change 

provoking it on the one hand, and by inter-individual differences on the other (the latter 

will be discussed later on) – so it is reasonable to expect that mood changes in the 

workplace, stemming from less severe environmental changes, should involve a faster 

adaptation process.  

To date, there is little literature investigating intra-individual variability in mood 

from an ALT perspective in the organizational context specifically. Exploring whether 

this theory is applicable to this context is interesting, as it gives us a framework to 

hypothesize about the trajectory shapes that within-person variability in workplace mood 

follows over time: if ALT applies, there should be u-shaped (or inversely u-shaped) 

fluctuations over time, always reverting to their starting level after a while (until a new 

episode triggers a new change). However, the current body of literature on ALT does not 

yet give us an indication about whether the theory also applies for less critical events that 

may be more common in the workplace. Examples of these non-critical events are those 

affective events found to induce mood episodes from an AET perspective, such as goal-

related events, like finishing a task (Zohar et al., 2003) or common social events, like 

receiving praise (Dimotakis et al., 2011), making environmental changes from an ALT 

perspective akin to affective events in AET. These happen very frequently in the 
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workplace – much more often than classic critical life events – and provide a more 

practical context for applying ALT to workplace moods than critical life events. Another 

type of environmental change that is important to consider when thinking about triggers 

for fluctuations in workplace moods are dynamic workplace characteristics. Many other 

experiences in the organizational context follow similar episodical trajectories as 

workplace mood (Beal et al., 2005; Weiss & Beal, 2005). The Job Demands-Resources 

model, specifically in its dynamic-multilevel application (Bakker, 2015) provides a 

framework for relating within-person fluctuations in the perception of workplace 

characteristics (e.g., feedback, autonomy, support, workload) with within-person 

fluctuations in workplace mood. 

Job Demands-Resources Theory 

Job Demands-Resource Theory (JD-R; Bakker et al., 2003; Demerouti et al., 

2003) operates under the basic assumptions that all physical, psychological, social, or 

organizational work characteristics, as specific and unique as they may be to any given 

job, work environment, or role, can be classified into one of two categories: job demands 

and job resources (Bakker & Demerouti, 2007).  

Job demands are work characteristics that are associated with a certain level of 

physiological or psychological cost. This cost emerges when a work characteristic 

requires persistent expenditure of effort by the employee. This effort can either be 

physical, emotional, or cognitive, and will generally be perceived as demanding (Bakker 

& Demerouti, 2007). Examples of job demands are a high workload, a high level of 

responsibility, or emotionally challenging relationships in workplace. While it may sound 
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like job demands are bad for the employee, this is not always the case. Demands can 

represent challenges which may act in a motivating capacity and provide employees with 

an opportunity to grow (Bakker et al., 2005; Bakker et al., 2006; LePine et al., 2005; 

Podsakoff et al., 2007; Van den Broeck et al.., 2010). Employees then perceive the 

demands as a possibility for learning, and for fulfilling personal needs such as 

competency or mastery (Cavanaugh eta al., 2000; Tadic et al., 2015). In this case, job 

demands are deemed “challenge demands” and may be associated with positive affective 

responses, such as excitement, eagerness, or engagement (Bakker et al., 2005; Rai, 2018). 

However, it is important that demands are not sustained over very long periods of 

time, as their positive effects can only be leveraged if employees can adequately recover 

(Meijman & Moulder, 1998). If this is not given, employees will start to perceive 

demands as threatening to personal needs, and as obstacles to their own learning and 

growth, leading to subjective experiences of strain and drained energy (LePine et al., 

2005; Crawford et al., 2010; Van den Broeck et al., 2010; Rai, 2018). In this case, job 

demands are deemed “hindrance demands”. Hindrance demands can be harmful, and are 

associated with negative affective responses such as exhaustion, fatigue, anxiety, and 

burnout (Bakker et al., 2006; Rai, 2018).  

Building a contrast to job demands, job resources are work characteristics that 

either directly stimulate personal growth and learning, are functional in achieving work 

objectives, or reduce physiological and psychological cost associated with job demands 

(Bakker & Demerouti, 2007). Examples of job resources are social support from co-

workers or management, career opportunities, autonomy, or feedback. Job resources are 
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generally valued and perceived as helpful by employees. This is why individuals are 

intrinsically motivated to maintain and accumulate workplace resources (Hobfoll, 2001).  

JD-R theory relates both job demands and job resources very clearly to workplace 

mood. In fact, employee well-being is considered as a direct function of job demands and 

resources (Bakker & Demerouti, 2014; Demerouti & Bakker, 2011). Effectively, the 

model describes two parallel and distinguishable underlying psychological processes: the 

loss path and the gain path (Bakker, 2015).  

The loss path, or health impairment path (Bakker & Demerouti, 2007), describes 

the relationship between hindrance demands and negative AWB indicators, such as NM. 

Hindrance job demands are job stressors and, as described above, require high investment 

of energy, which makes them likely to result in strain and increased NM (Bakker, 2015). 

Specifically, when an employee is exposed to a demand over a prolonged time period, 

they will respond with heightened activation of the sympathetic nervous system, as well 

as an increased psychological effort, expressed in an attempt of more active control in 

information processing, narrowed span of attention, and fatigue (Demerouti et al., 2001; 

Hockey, 1993), eventually resulting in a depletion of energy and a spike in the experience 

of negative affective responses.  

The gain path, or motivational path (Bakker & Demerouti, 2007), connects job 

resources to positive well-being indicators, such as PM, via employee motivation. This 

motivation can be both intrinsic and extrinsic. Job resources create intrinsic motivation 

on the one hand, as they meet basic human needs, such as that for competency (White, 

1959) or that for relatedness (Baumeister & Leary, 1995), by fostering employees’ 
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growth and learning. On the other hand, they provide extrinsic motivation, by facilitating 

the accessibility of work objectives, and fostering employees’ willingness to allot their 

effort and skills to their work (Meijman & Mulder, 1998). This leads to increased levels 

of a positive well-being indicator, such as PM.  

While the original conceptualization of the JD-R model was focused on a 

between-person perspective, recent JD-R literature has extended the model to a dynamic 

within-person perspective. Bakker (2015) argues that while job demands and resources 

tend to exhibit a certain stability over time, they are ultimately dynamic as well. First, 

they can be actively changed top-down by managers and organizational development 

practitioners, for instance by using goal setting techniques (Breevaart et al., 2014) or by 

changing the compensation system (Callan, 1993; Fry & Cohen, 2009). Second, 

employees themselves can actively change their own experience of demands and 

resources, either for the better by applying job crafting (Wrzesniewski et al., 2013), or for 

the worse by displaying self-undermining behaviors (Bakker & Costa, 2014). Summing 

up, perceptions of job demands and job resources fluctuate within an individual over 

time, and dynamically induce within-person changes in NM and PM over time.  

Conservation of Resources Theory  

 Conservation of Resources theory (COR; Hobfoll, 1989) is a motivational theory 

based on the notion that individuals are generally driven to conserve the resources that 

they already have, and/or acquire more resources over time (Halbesleben et al., 2014). In 

line with this, the loss of resources is regarded a stressor or demand (Hobfoll & Freedy, 

1993; Lee & Ashforth, 1996). According to COR theory, for an individual to grow and 
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accumulate resources over time, they need to invest the resources they already have 

available. The same is true for protecting oneself against the loss of resources and for 

recovering from resources loss (Halbesleben et al., 2009; Halbesleben & Wheeler, 2008). 

This means, in direct consequence, that an individual who already has a number of 

resources at hand is more likely to grow their available resources over time (Demerouti et 

al., 2004). Contrarily, someone who has few resources available, has little to no chance of 

growing their resources, and is more prone to resource loss over time (Mäkikangas et al., 

2010; Whitman et al., 2014).  

Integrating the four theoretical frames, we can conclude that 1) within-person 

changes in workplace mood are triggered by affect-laden external events, 2) the changes 

are expected to follow U-shaped trajectories that may repeat over time, hovering around a 

set-point, 3) these trajectories have a direct relationship with change trajectories in job 

demands and job resources, and 4) those change trajectories in job demands and 

resources may depend on motivational tendencies such as the drive to accumulate 

resources over time.  

This being said, we are still missing one crucial part of understanding within-

person fluctuations in workplace mood over time: the role of inter-individual differences. 

Even though the three conclusions above apply to people in general, workplace mood 

variability over time will still differ between different individuals, even if exposed to the 

same workplace events, job demands, and resources. This is due to dispositional 

variables, above all, personality. 
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The role of personality 

The term personality describes innate, distinctive, and permanent patterns of 

cognitive, affective, and behavioral nature that individuals express across situations 

(Costa & McCrae, 1989). Costa and McCrae’s Five Factor Model (1989) is the most 

widely used and validated structure model of personality traits. It posits that individuals 

differ from each other on five salient personality dimensions: openness to new 

experiences, conscientiousness, extraversion, agreeableness, and neuroticism. While they 

can change in relation with major critical life events, the big five personality traits are, 

overall, thought to be quite stable over the lifespan (Briley & Tucker-Drob, 2014). There 

is plenty of research describing the effect of personality on workplace well-being from a 

between-person perspective: high scores on openness, conscientiousness, extraversion, 

and agreeableness, as well as low scores on neuroticism, are associated with higher levels 

of employee well-being (Steel et al., 2008).  

Our integrated theoretical framework provides some pointers on how personality 

should influence intra-individual variability in workplace mood experiences over time.  

AET describes that personality shapes the way that individuals react to affective 

events (Weiss & Cropanzano, 1996). Similar events can provoke different affective 

reactions in different individuals, which can be linked to some of the Big 5 variables, 

namely extraversion and neuroticism. Extraverted individuals are characterized by 

showing high levels of energy, optimism, being gregarious and confident (Lucas et al., 

2000; Watson & Clark, 1997). Individuals with high neuroticism scores are rather 

pessimistic, highly sensitive to stress, and prone to anxiety, worries, and self-doubt 
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(Judge et al., 2002; Scheier et al., 2004). Per definition, within the Big 5 personality 

structure, these two are the traits that are most affective in nature, and consequently the 

most important ones in predicting reactions to affective events (Weiss & Kurek, 2003). 

Due to their cognitive-behavioral dispositions like optimism and confidence, individuals 

high in extraversion are likely to construe and interpret events that happen to them in a 

more positive way. In contrast, due to their cognitive-behavioral dispositions such as 

pessimism and worry-proneness, individuals high in neuroticism are likely to construe 

and interpret events that happen to them in a more negative way. In fact, a series of 

empirical studies by Larsen’s team supports this claim: extraverted individuals were 

consistently more likely to react to positive mood inductions, while individuals with high 

neuroticism scores were consistently more likely to respond to negative mood inductions 

(Larsen & Ketelaar, 1989; Larsen & Ketelaar, 1991; Rusting & Larsen, 1999; Zelenski & 

Larsen, 1999). Considering this, personality should distinctly influence the within-person 

variability in PM vs. NM. Specifically, extraversion and neuroticism shape whether an 

individual experiences more or less variability in PM and in NM over time.  

From an ALT perspective, inter-individual differences are deeply ingrained into 

the notion of the original model in that each person has an individual mood set-point. 

This set-point is defined by stable individual characteristics, and personality is one of the 

strongest contributors here (Diener et al., 2006). Even very early personality research 

linked the Big 5 personality traits to AWB (Costa & McCrae, 1980). A large number of 

empirical studies found that personality, in contrast to other reasonably stable individual 

characteristics such as demographic variables, shows strong correlations with AWB 
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(Diener & Lucas, 1999). In addition to this, behavioral-genetic research based on twin 

and adoption studies shows that AWB experiences are moderately heritable (e.g., 

Tellegen et al., 1988). These findings support the notion that a well-being set-point exists 

and is, at least partly, defined by stable personality characteristics. Considering this, 

initial states in workplace mood trajectories over time, as well as mean workplace mood 

over time, are related to personality variables. But beyond that, ALT also offers 

explanations for between-person differences in AWB changes over time: while the 

original theory posits that adaptations happens similarly for every individual, more recent 

research based on ALT shows that this is not the case. The strength and length of 

deviations from one’s well-being set-point depends strongly on inter-individual 

differences, with personality leading the way. One explanation for this are the typical 

events that an individual experiences, which are triggered by their personality (Diener et 

al., 2006). For instance, individuals scoring high on neuroticism are more likely to seek 

out negative situations than those with low neuroticism scores, leading a higher 

probability for frequent deviations from their mood set-point (Headey & Wearing, 1992; 

Magnus et al., 1993). This leads to an overall higher within-person variability in negative 

mood in individuals with high neuroticism scores.  

Another reason for inter-individual differences in the adaptation process are 

differences in coping styles and strategies that are linked to personality traits (Diener et 

al. 2006). For example, extraverted individuals are likely to engage in active and 

solution-focused coping, leverage social support systems, or cognitively reappraise 

situations they find themselves in (Aspinwall & Taylor, 1997; Chang, 1998; Scheier et 
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al., 1986; Scheier et al., 2003). This leads to an earlier turning point of U-shaped mood 

(for PM; inverted U-shape for NM) peaks after negative life events, a quicker return to 

the mood baseline, and an overall lower variability in NM. In contrast, individuals who 

are rather introverted and those who score high on neuroticism, tend to be less effective 

in their coping strategies (Ferguson, 2001; Carver et al., 1989), which leads to higher 

spikes in NM after a negative event (Bolger & Zuckerman, 1995) and a slower return to 

their mood set-point (Diener & Lucas, 2006), increasing variability in NM for these 

individuals.  

Considering this, personality should shape the markedness and breadth of within-

person mood trajectories, as well as the general amount of mood variability that an 

individual experiences. 

Although the integrative theoretical framework presented, based on AET, ALT, 

JD-R, and COR, provides many theoretical considerations for within-person variability 

and trajectories of workplace mood over time, empirical studies investigating the real 

shape of these trajectories are still scarce. Understanding the course of these trajectories 

and triggers for changes in direction or acceleration is important for workplace AWB to 

become more predictable, and consequently easier to steer and influence in organizations. 

1.4 Objectives of the dissertation 

Given the various considerations above, we conclude that within-person 

variability and change in workplace mood over time is a relevant topic to study. We 

designed the objectives of this dissertation based on the reviewed literature on within-

person mood variability, with the goal of shedding light on some unexplored issues 
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around the construct, as well as responding to calls made by different authors on 

advancing the study of the topic (e.g., Sonnentag, 2015). Overall, we aim to embed 

within-person variability in workplace mood into the theoretical framework presented 

above, create opportunities to measure the construct reliably, validly, and economically in 

longitudinal research designs, and further understand its relationship with its antecedents 

and outcomes.  

General objective 

The general objective of this dissertation is to advance knowledge about AWB in 

the workplace and its intra-individual dynamics, including the structure and measurement 

of workplace AWB as a construct, its trajectory shape over time, and its dynamic 

relationships with personality, job demands, job resources, and job performance.  

We further divided this general objective into three more specific research 

objectives, each of which addresses a part of the general objective in greater detail. Each 

of the following chapters 3, 4, and 5 (after presenting in chapter 2 the methodology used 

in this dissertation), consists of a study that respectively focuses on addressing one of 

these specific objectives. 

Specific research objectives   

Objective 1: Validating the Reduced Affective Well-Being Scale and 

determining its longitudinal measurement invariance, as well as its ability to detect 

intra-individual change in workplace mood over time.  

As mentioned earlier, there is a wide variety of measurement instruments 

designed to assess state affect based on the circumplex model. The three scales reviewed 
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above have earned significant merit in the organizational literature and have shown good 

psychometric properties across contexts. That being said, each of these validated scales 

has some issues that need to be overcome in order to measure workplace moods validly 

and reliably in longitudinal study designs. Some of the scales presented have not been 

specifically designed for the organizational context. As Van Katwyck and colleagues 

(2000) point out, to maximize validity of the measured construct, it is of utmost 

importance to phrase a questionnaire specifically for the intended use context. Those of 

the presented scales that have been developed specifically for the organizational context, 

the JAWS and Warr’s AWB measure, present the issue of lacking scale economy. For 

questionnaires administered in the applied context, more specifically work organizations, 

scale economy is an enormously important criterion for ensuring adequate response rates 

and high data quality (Diehr et al., 2005; Groves, 2006; Guo et al, 2016; Rolstad et al., 

2011). In addition to this, none of the scales presented have been validated specifically 

for longitudinal contexts, i.e., the measurement invariance and longitudinal reliability of 

the scales have not been evaluated. The Reduced AWB Scale (RAWS) is an ultra-short 6-

item measure of context-specific positive and negative mood, designed specifically for 

application in organizational contexts. This measure is based on the AWB scale 

developed by Segura and González-Romá (2003). We think the RAWS has the potential 

to be an extremely useful tool for longitudinal AWB research in organizations. Thus, our 

first objective is validating its psychometric properties in three steps: first, we aim to 

establish the RAWS’ measurement equivalence to its 12-item counterpart by comparing 

both scale versions’ internal consistencies as well as criterion validity based on their 
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correlations with different organizational outcome variables. Second, we aim to 

determine whether the RAWS is able to reliably detect with-person changes in workplace 

mood over time by applying multilevel confirmatory factor analysis in a longitudinal 

sample. Last, we aim to evaluate the RAWS’ longitudinal measurement invariance by 

modeling its factor structure over time, successively restraining factors, item loadings, 

item intercepts, and item residuals and comparing these models with each other. If 

psychometric quality is established, this provides organizational researchers with a valid, 

reliable, and longitudinally robust measure for workplace mood that is especially well-

suited for longitudinal study designs.  

Objective 2: Unveiling the influence of neuroticism and extraversion on 

intra-individual mood variability over time, in order to understand inter-individual 

differences in this variable, as well as connect it to a relevant organizational 

outcome, namely performance variability.  

As outlined above, our theoretical framework gives some insights into the intra-

individual differences in within-person mood variability. Empirically, there is plenty of 

evidence that extraversion and neuroticism are connected to PM and NM, respectively, 

from a between-person perspective, and that extraverted and neurotic individuals have 

different propensities to induction of either mood quality. However, the direct 

relationship between personality and within-person variability in workplace mood is still 

unknown. Specifically, the distinct relationships of extraversion and neuroticism with the 

two mood sub-dimensions are not clear. Connecting personality to intra-individual mood 

variability will provide theoretical understanding of the inter-individual differences in 
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this construct. From a practical perspective, this is relevant in order to identify 

individuals who may be more at risk for strong mood variability in the workplace and 

take this into account in personnel selection and development.  

In addition to this, the relationship between workplace mood and work 

performance, while well-established at the between-person level, has not yet been 

thoroughly investigated from a dynamic, within-person perspective. Shedding light on the 

relationship between the within-person variabilities of both constructs (mood and 

performance) is relevant from a theoretical perspective: size, direction and nature of 

relationships with the antecedents of performance sometimes differ between the within- 

and between-person perspective and hence have to be thoroughly investigated with both 

approaches (Dalal et al., 2014). From a practical perspective, understanding what drives 

performance variability is relevant as it increases predictability of employee performance 

for HR professionals and enables effective planning (Gallivan et al, 2003).   

Hence, our second objective is to understand the relationships of extraversion and 

neuroticism (as predictors) and performance variability (as an outcome) with within-

person workplace mood variability. In doing so, we want to deepen our understanding of 

inter-individual differences in within-person workplace mood variability, give a dynamic 

angle to the mood-performance relationship, and possibly identify a mediated pathway 

leading from personality to performance variability via mood variability. All of this will 

extend the nomological network around within-person workplace mood variability. 

Objective 3: Determining the shape of within-person change trajectories in 

workplace mood, as well as the dynamic relationships between change patterns in 
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mood and change patterns in dynamic job demands, namely work overload, and 

resources, specifically social support in the workplace.  

Although, as described above, ALT gives us some indications on the trajectory 

shapes that within-person changes in mood follow in the workplace, there is currently no 

empirical evidence describing the shape of these fluctuations. Similarly, the dynamic JD-

R assumes that job demands and resources fluctuate within individuals over time, but 

does not offer any specific considerations regarding the shape of the change trajectories 

within individuals in job demands and resources.  

In addition to this, while previous research has extensively investigated the 

relationship between job demands and resources with AWB in the workplace from a 

between-person perspective, a dynamic investigation of these relationships is still scarce 

– even though it is in line with the expectations of the dynamic application of the JD-R 

proposed by Bakker (2015).  

Hence, our third objective is to understand the shapes of within-person trajectories 

that PM, NM, work overload (a key job demand), and social support (a key job resource) 

follow over time, and investigate whether the differentiated loss path and gain path 

relationships between work overload and NM on the one hand, and social support and 

PM on the other, hold from a dynamic, intra-individual perspective.   
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CHAPTER 2: METHODOLOGICAL APPROACH 
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The three studies comprised in this dissertation (chapters 3 through 5) have some 

commonalities in participants and procedure, as well as measurement instruments that 

were applied. In the current chapter, we will present these common methodological 

aspects. The additional specific methodological aspects for each study (e.g., additional 

variables, analytical strategies, or study samples) will be presented in detail in the 

corresponding chapters.  

2.1 Participants and procedure 

The data for this dissertation were collected from October 2016 through January 

2017. Informed consent was acquired from all participants. The project was approved by 

the ethics committee of the University of Valencia. We hired a market research company 

that managed a respondent panel. This company invited the members of its panel to 

participate in the study, provided they had a full-time employment relationship (not self-

employed) and a secure work contract for at least another three months. Six hundred and 

nineteen subjects agreed to participate.  

Subjects responded to an online questionnaire once a week for 12 consecutive 

weeks (measurement points: T1-T12). We provided participants with the questionnaire 

on Monday mornings. They had one full week to fill it in, and they received one 

additional email reminder every week at the end of the measurement period. Generally, 

they responded in the afternoon or evening. The questionnaire contained instructions to 

respond with reference to the previous work week. Ten participants were eliminated for 

not respecting the time frame for response and, thus, responding twice in the same week. 

In order to identify inattentive participants, we used three attention items (such as, 
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“Please choose response option 3 now”) throughout the questionnaire at each 

measurement point. If a subject responded incorrectly to two or more of these items, their 

data for that measurement point were eliminated. In the case of missing data at two or 

more consecutive data points, the participant was not invited to participate again for the 

duration of the study (102 cases). 

A total sample of 458 subjects remained. Out of a total of 5496 potential 

questionnaires (458 participants x 12 measurement points), we received 3662 completed 

questionnaires, corresponding to a response rate of 66.6% in our main sample. With 

regard to the initial sample of 619 subjects who agreed to participate and the 

corresponding total of 7428 potential questionnaires (619 participants × 12 measurement 

points), the 3356 completed questionnaires represented a response rate of 45.2%. 

We performed an attrition analysis to see whether attrition was related to any 

demographic variables (gender, age, salary, hours worked per week, job and 

organizational tenure, education level and hierarchy level in current position). 

Specifically, we applied a χ2- test for gender, a Mann-Whitney-test for education and 

hierarchy level as these were measured on ordinal scales, as well as independent-sample 

t-tests for the remaining variables. Results indicated that the respondents included were 

on average about two years older than excluded respondents, but they did not 

systematically differ on any other demographic variables (see Table 1).  
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Table 1  

Attrition analysis for the main sample 

Variable Included (N = 458): 

Mean, Median, or % 

women 

Excluded (N = 150):  

Mean, Median, or % 

women 

χ2, z, or t p 

Sex 50.8% 46.0% 1.07 .300 

Age 39.60 37.61 -2.03 .043 

Gross monthly salary (in €) 2278.21 2951.00 .964 .336 

Hours worked per week  38.63 38.19 -.68 .500 

Job tenure (in years) 9.92 9.65 -.29 .771 

Org. tenure (in years) 9.60 9.57 -.04 .968 

Education level 6 (university diploma) 6 (university diploma) -.04 .971 

Hierarchy level 3 (supervisor/foreman) 3 (supervisor/foreman) -1.23 .219 

 

The final sample provided a diverse mapping of the Spanish workforce. 

Respondents worked in companies from different sectors, ranging from industry and 

production via media and communication to research and education. Moreover, 50.8% 

were women, and the mean age was 39.6 years (SD = 10.3). On average, individuals 

worked 38.6 hours per week (SD = 6.6) and had spent 9.9 years (SD = 9.4) in their 

current job, as well as 9.6 years (SD = 9.2) in their current organization. Regarding 

education, 23.4% of respondents had secondary school education, whereas 65.6% had a 

basic university degree, and 11.1% had advanced university degrees (Master or PhD). In 

terms of the hierarchical level within their companies, 3.7% worked in top management 
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positions, whereas 51.3 had supervisory or middle management functions, and the 

remaining 45% were base level employees. 

For study 1 an additional sample was used for part of the analyses. The 

characteristics of this additional sample will be described in chapter 3. 

2.2 Instruments 

PM and NM are the key variables common across the three studies of the 

dissertation. Weekly mood was measured by the six-item Reduced AWB Scale (RAWS) 

based on Segura and González-Romá’s (2003) AWB scale at all 12 measurement points. 

PM and NM were each measured by three items (“To what extent did you feel 

tense/nervous/anxious last week at work” for NM, and “To what extent did you feel 

happy/optimistic/animated last week at work” for PM), which were responded to on a 5-

point graded scale ranging between 1. “Not at all” and 5. “Very much”. Erdogan et al. 

(2018) reported Cronbach's alpha coefficients of .90 (PM) and .86 (NM) for this 

shortened scale. The mean Cronbach’s α across measurement times in our sample for NM 

was .93 (SD = .01; range: .90-.95), and for PM, the mean α was .94 (SD = .02; range .89-

.97). Validity and psychometric properties of the RAWS will be described in detail in 

chapter 3.  
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CHAPTER 3: LONGITUDINAL MEASUREMENT INVARIANCE AND 

RELIABILITY OF THE REDUCED AFFECTIVE WELL-BEING SCALE 

(STUDY 1)  
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As mentioned earlier, AWB - the frequent experience of positive affective 

responses such as joy or optimism and lack of negative affective responses such as 

sadness and tension (Luhmann et al., 2012; Eid & Larsen, 2008) - has gained importance 

in the context of work and organizations in the past few decades. Especially in highly 

developed countries, the focus on AWB in the workplace has been rapidly increasing as, 

with growing economic stability, priorities shift from purely financial concerns to general 

quality of life (Ilies et al, 2015). Individuals who report high AWB in their workplaces 

also tend to have better mental and physical health (Wilson et al., 2004), and they are 

happier in other areas of life and in life overall (Ilies et al.,2009, Sarwar et al., 2019). 

Therefore, it is desirable to foster AWB in employees, not only as a self-serving variable 

in the pursuit of individual happiness, but also from a business perspective. To remind a 

few examples, higher AWB has been linked to better individual performance (Bryson et 

al., 2017; Drewery et al., 2016; Judge et al., 2001; Nielsen et al., 2017; Wright & 

Cropanzano, 2000), more OCB (Ilies et al. 2009), and less absenteeism (Lyubomirsky et 

al., 2005; Medina-Garrido et al. 2020) and turnover behavior (Wright & Bonnett, 2007). 

Considering its high relevance in work-related contexts, AWB has been a central 

variable in many recent organizational studies. Understanding its fluctuations and 

dynamics over time and within individuals is crucial for increasing both the predictability 

and influenceability of its organizational outcomes. For this reason, as organizational 

researchers, we need an instrument that can reliably and validly assess change in AWB. 

Although, as it was shown in chapter 1, there are a variety of instruments available to 

measure AWB in the workplace, an ultra-short measure with excellent psychometric 
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properties is not yet available, and the 10-item International Positive and Negative Affect 

Schedule Short-Form I-PANAS-SF (Thompson, 2007; a short form of the Positive and 

Negative Affect Schedule; Watson et al., 1998) is currently the shortest validated 

measure. 

Recruiting large samples in organizational settings often involves great effort and 

expense (Greiner & Stephanides, 2019). Therefore, researchers frequently assess a large 

number of variables at the same time in these studies, allowing them to test several 

research hypotheses. In this context, an economical questionnaire design is crucial 

because time and resources are often scarce, and it is difficult to achieve acceptable 

response rates (Baruch & Holtom, 2008). In addition, AWB has recently received special 

interest in studies with a dynamic focus that implement intensive longitudinal designs 

(ILDs) (see review on the dynamics of well-being by Sonnentag, 2015). ILDs involve 

taking many close, repeated measures across time from each surveyed subject. Examples 

of ILDs are event-sampling studies (e.g. Brosch & Binnewies, 2018) and diary studies 

(e.g. Meier et al., 2016). In these types of studies, participants have to respond to the 

same items repeatedly over a period of days or weeks, which can often be a nuisance for 

respondents - leading to the danger of low study adherence (Guo et al., 2016; Rolstad et 

al., 2011; Watson & Wooden, 2009). However, adherence is imperative to obtain high-

quality data (Diehr et al., 2005): the more unresponsive the participants, the higher the 

probability of statistical bias (Groves, 2006; Tomaskovic-Devey et al., 1994). Therefore, 

we believe that there is a need for an ultra-short measure of AWB with excellent 

psychometric properties. 
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In the current study, we aim to assess the reliability and validity of an ultra-short 

measure of AWB used by Erdogan et al. (2018) and proposed in a research project 

carried out by our team (González-Romá & Hernández, 2013). This Reduced AWB Scale 

(RAWS) is based on the 12-item AWB scale elaborated by Segura and González-Romá 

(2003), which has been successfully applied in organizational research in the past few 

years (Bashshur et al., 2011; Gamero et al., 2008; González-Romá & Hernández, 2016; 

González-Romá & Gamero, 2012). Segura and González-Romá's scale (2003) is 

composed of a set of six items that measure positive affect [three with a positive valence 

(cheerful, optimistic, lively) and three with a negative valence (sad, pessimistic, 

discouraged)] and a set of six items that measure negative affect [three with a negative 

valence (tense, jittery, anxious) and three with a positive valence (relaxed tranquil, 

calm)]1. The RAWS is composed of the three positive-valence items that measure 

positive affect and the three negative-valence items that measure negative affect (below 

we explain the basis for this selection). 

 Specifically, we have three objectives. First, we aim to establish the 

RAWS' equivalence to its 12-item counterpart, examining both measures' inter-scale 

correlations and comparing their internal consistencies, as well as the sizes and patterns 

of relationships with relevant criterion variables in the organizational context. Second, by 

applying the RAWS in an intensive longitudinal design, we aim to estimate its within-

subject reliability using multilevel confirmatory factor analysis to assess whether the 

scale reliably detects within-subject change over time (Geldhof et al., 2014). Third, we 

aim to assess the longitudinal measurement invariance of the RAWS, modelling its factor 
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structure over time with four successively more restrained invariance models (Meredith, 

1993): configural invariance (the same items load in the same factors over time), weak 

factorial invariance (in addition, item loadings are equal over time), strong factorial 

invariance (in addition, item intercepts are equal over time), and strict factorial invariance 

(in addition, item residuals are equal over time). 

By achieving these objectives, we will contribute to the literature by providing a 

validation of the shortest measure - to the best of our knowledge - of AWB in the 

workplace to date. As a valid, reliable, and longitudinally robust ultra-short instrument, 

the RAWS can be a valuable asset in many types of organizational studies. Especially in 

ILDs, the RAWS could contribute to achieving stronger adherence rates and higher 

quality data over time. Researchers in the organizational context may consider it a 

worthwhile resource to improve the quality of the results in these types of studies. 

3.1 Measuring affective well-being 

Within and outside the organizational context, several models describe the 

construct of AWB (Segura & González-Romá, 2003). As indicated earlier, one of the 

most popular models that has received considerable empirical support over the years is 

the circumplex model of affect (Russell, 1980; see Figure 1). This model suggests that all 

affective states are defined along two independent bipolar dimensions: arousal and 

valence (Russell, 1980; Yik et al., 2011). Roughly, within these dimensions, there are 

four quadrants of affective qualities - for instance, affective qualities like joy are defined 

by high arousal and positive valence, qualities like tension are defined by high arousal 

and negative valence, qualities like depression are defined by low arousal and negative 
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valence, and qualities like contentment are defined by low arousal and positive valence. 

Any affective quality can be defined in this two-dimensional space because all the 

possible types of affect surround these two dimensions in a circular fashion (George, 

1990; Russell, 1980; Yik et al., 1999). Although some researchers have distinguished the 

four quadrants as distinct affective qualities (e.g. Burke et al., 1989; Mäkikangas et al., 

2007), most research has focused on defining two core affective dimensions, positive 

affect (PA) and negative affect (NA). Two different types of conceptualizations have 

been used to define these core dimensions in this model: either focusing on the 

orthogonal axes (i.e. PA summarizing all pleasant affects and NA summarizing all 

unpleasant affects) or focusing on the diagonal axes (i.e. PA describing pleasant 

activation vs. unpleasant deactivation and NA describing unpleasant activation vs. 

pleasant deactivation) (Warr et al., 2014). The latter conceptualization, with its focus on 

the diagonal rotation in the circumplex, has shown considerable discriminant validity in 

the relationships between PA and NA and key personality variables (e.g., the Big Five; 

Yik et al., 2002), behaviors (such as active voice and disengaged silence; Warr et al., 

2014), and different neurophysiological systems (e.g., frontal lobe activation; Carver 

2001; Carver & Scheier, 1991). 

AWB can be conceptualized as either a trait variable or state variable, with trait 

affect partly predicting state AWB (Kamarck et al., 2005; Nelis et al., 2016). Current 

organizational research, with its dynamic approach, is especially interested in AWB as a 

state, and in measuring within-subject change in this variable over time (Sonnentag, 

2015). Levels of PA and NA rise and fall over time in the same person. These intra-
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individual fluctuations may depend on variables within the individual (such as 

personality: e.g. Larsen & Ketelaar, 1991) or outside the individual (such as job 

characteristics: Bakker, 2015). Understanding fluctuations in AWB and its dynamics over 

time and within individuals (rather than focusing solely on cross-sectional between-

person differences) is crucial for increasing the predictability and influenceability of its 

organizational outcomes. 

Popular scales to measure AWB in the workplace. In recent organizational 

studies, researchers have used several different measurement instruments to assess AWB. 

Many of these instruments have been validated across different contexts and situations 

and have good psychometric properties. As mentioned in chapter 1, there are three 

instruments which are especially widely used when measuring workplace AWB: Watson 

et al.'s (1988) positive and negative affect schedule (PANAS), Warr's AWB measure 

(1990), and Van Katwycket al.'s (2000) job-related AWB scale (JAWS). Each of these 

instruments has specific strengths and weaknesses. 

The PANAS is a 20-item instrument with two subscales, one for positive affect 

and one for negative affect, and it is rooted in the high-activation half of the affective 

circumplex. Each subscale consists of ten affective adjectives whose intensity is rated on 

a 5-point Likert-type scale ranging from "very slightly or not at all" to "extremely". The 

PANAS has demonstrated excellent internal consistency, stability over time, and 

convergent and discriminant validity across general and specific samples (e.g. Carvalho 

et al., 2013; DePaoli & Sweeney, 2000; Von Humboldt et al., 2017; Watson et al., 1988). 

Almost two decades after the development of the original PANAS instrument, Thompson 
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(2007) published a short form of the PANAS, the I-PANAS-SF, with only five items per 

subscale, thus shortening the original measure by half and providing a much more 

economical and time-efficient option to measure positive and negative affect. The I-

PANAS-SF was deemed acceptable in terms of internal consistency, stability over time 

and across samples, and convergent and criterion validity (Thompson, 2007). Although 

the author of the scale encourages its application in different contexts, it was not designed 

to be context-specific to the organizational world, unlike the other scales presented here. 

Warr's (1990) measure of AWB is based on the circumplex model of affect and 

focuses on the two diagonals in the circumplex. In the original scale, two bi-polar 

subscales are distinguished, depression-enthusiasm (positive affect) and anxiety-

contentment (negative affect) (Warr, 1990), although some authors find a structure of 

four correlated yet distinguishable factors - depression, enthusiasm, anxiety, and 

contentment (Goncalves & Neve, 2011; Mäkikangas et al., 2007). The latter 

conceptualization has also been supported by the scale's author, with the specification 

that the scale can be used in different ways: to obtain an indicator for each quadrant in the 

circumplex, to obtain an indicator for positive and negative affect, respectively, or to 

obtain one general indicator for well-being, summarizing the whole circumplex 

(Goncalves & Neve, 2011; Warr & Parker, 2010). The scale consists of 12 affect items 

whose frequency is rated on a Likert-scale ranging from "never" to "all of the time". 

Because it was specifically conceived for job-related well-being, many researchers have 

used or adapted this instrument to measure AWB in the organizational context (e.g. 

Sevastos, 1996; Mäkikangas et al., 2007). However, although its reliability has been 
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reported to be excellent (Warr, 1990; Sevastos et al., 1992), researchers have not always 

been able to confirm the underlying factor structure (Sevastos et al., 1992; Daniels et al., 

1997). In order to further ensure reliability, increase support for the factor structure, and 

make the measure more applicable, Warr developed an extended 16-item scale, the IWP 

Multi-Affect Indicator, with four items for each quadrant of the affect circumplex (Warr 

& Parker, 2010; Warr, 2016). 

Lastly, Van Katwyk and colleagues' (2000) JAWS is also a context-specific 

instrument designed to measure AWB in the workplace. It consists of 30 items that 

measure two subscales, positive and negative affect. Each affect valence subscale 

includes high-arousal items and low-arousal items. Items are scored for frequency on a 5-

point Likert-scale ranging between "never" and "always". Some studies have applied a 

shortened adapted version of the JAWS, with six items in each subscale (Schaufeli & 

Van Rhenen, 2006; Van den Heuvel et al., 2015). The shortened version, like the original 

version, includes items from all the arousal levels for both positive and negative affect. 

Although all these measures have significant merit in the organizational literature, 

they all present room for improvement in one crucial aspect for studies with an ILD: 

questionnaire economy. Some of the scales presented, such as the I-PANAS-SF with its 

10-item structure, can be considered short scales that are quite economical. However, in 

many longitudinal studies, researchers assess a variety of different variables in the same 

sample because it can be quite difficult to recruit participants in applied organizational 

settings. In such cases, using reliable and valid scales with fewer items can help 

researchers to obtain high study adherence, good response rates over time, and high-
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quality data (Biner & Kidd, 1994; Iglesias & Torgerson, 2000). Researchers 

implementing ILDs that measure affect variables along with other hypothetical 

antecedents and consequences will benefit from a shorter scale with good psychometric 

properties. 

3.2 The Reduced Affective Well-Being Scale (RAWS) 

The RAWS was proposed within a research project developed by our team 

(González-Romá & Hernández, 2013), and it was used by Erdogan et al. (2018) in a time-

lagged study. It is an ultra-short measure of AWB based on the diagonal axes of the 

circumplex model of affect. As mentioned above, it is a reduced version of the AWB 

scale proposed by Segura and González-Romá (2003). The RAWS is composed of the 

three positive-valence items that measure positive affect (cheerful, optimistic, lively) and 

the three negative-valence items that measure negative affect (tense, jittery, anxious). The 

original reversed items from each subscale were removed for the following reasons. 

Although there is a popular belief among researchers that reversed items might reduce 

response bias, recent research has shown that reversed items may actually be 

counterproductive because they can confuse respondents, especially when high 

concentration is required (Suárez-Alvarez et al., 2018; Van Sonderen et al., 2013). This 

can result in unexpected results in the factor structure because an additional factor 

dependent on the wording of items - reversed vs. direct wording - can be introduced 

(González-Romá & Lloret, 1998). 

Although Erdogan and colleagues (2018) reported excellent Cronbach's alphas for 

the RAWS, there has not been a systematic effort to evaluate and validate the 
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psychometric properties of this scale. In addition, because we believe that an ultra-short 

measure of well-being is especially warranted for ILDs, in this study we examine its 

measurement invariance over time and its within-subject reliability. This will show 

whether the RAWS' psychometric properties are invariant over time, and whether it can 

reliably detect within-subject changes in AWB over time. 

3.3 Participants and Procedure 

Data from two samples was used for this study. Sample 1 was used for 

comparison analyses of the original 12-item scale and the reduced 6-item scale, whereas 

Sample 2 was used for longitudinal analyses of measurement invariance and within-

subject reliability over time. Sample 2 corresponds to the main sample described in 

chapter 2.  

The data from Sample 1 were collected at two points in time between October and 

November 2012, and then again between October and November 2014. Data were 

collected at subsidiaries of a Uruguayan financial services provider, according to the 

company's possibilities and requests, using a pen-and-paper based self-report 

questionnaire. The questionnaires were administered by trained organizational 

psychologists with experience in applied organizational research. Research objectives 

were explained, and informed consent was given before each data collection session. The 

sample comprises 1117 participants, 37.2% of whom were women. Most of the 

employees were between 46 and 55 years old (68.1%); 20.9% were younger; and 11% 

were older. The majority of the respondents (69%) had already been working in this 

particular organization for more than 10 years at the time of the first data collection. With 
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regard to education level, 53% of the respondents had a primary or secondary school 

education level, 46% had some years of vocational training or university, and 1% had a 

graduate or postgraduate level university degree. 

3.4 Instruments 

The Affective Well-Being Scale. The AWB Scale used by Segura and González-

Romá (2003) was applied in Sample 1. It consists of two subscales (positive affect and 

negative affect) containing 6 items each, rated on a 5-point Likert scale ranging from 1 

("Not at all") to 5 ("Very much"). The positive affect subscale has three items with a 

positive valence ("To what extent did you feel happy / optimistic / lively this week at 

work") and three items with a negative valence that were reversed ("To what extent did 

you feel sad / pessimistic / discouraged this week at work"). The negative affect subscale 

has three items with a negative valence ("To what extent did you feel tense / nervous / 

anxious this week at work") and three items with a positive valence ("To what extent did 

you feel relaxed / tranquil / calm this week at work")that were reversed. Previous studies 

using the scale have found that it has excellent reliability (e.g. α = .93 for negative affect: 

González-Romá & Hernández, 2014; α = .92 for positive affect: González-Romá & 

Gamero, 2012). 

RAWS. The RAWS was applied in Sample 2. In Sample 1, we obtained the 

RAWS scores by selecting participants' responses to the six items contained in the 

shortened version. 
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External criteria. We measured several correlates of AWB to compare the 

correlations between the RAWS and these correlates with those shown by the original 

AWB Scale (Segura & González-Romá, 2003). 

Burnout. Burnout was measured in Sample 1 with a reduced version of the 

Maslach Burnout Inventory (Maslach et al., 1986). This reduced 9-item measure has 

previously been used to measure burnout in several organizational studies (Peiró et al., 

2001; Schaufeli et al., 2005). The scale consists of three items for each of the three 

burnout subscales (cynicism, emotional exhaustion, and lack of personal 

accomplishment), measured on a 7-point response scale ranging from "never" to "every 

day". Internal consistency was satisfactory for cynicism (α = .80 for T1, α = .83 for T2) 

and emotional exhaustion (α = .82 for T1, α = .80 for T2), and acceptable for lack of 

personal accomplishment (α = .69 for T1, α = .69 for T2). 

Engagement. Engagement was measured in Sample 1 with the UWES-9 

(Schaufeli et al., 2006). The scale consists of three items for each subscale of engagement 

(vigor, dedication, absorption), which are rated on a 7-point graded scale ranging from 

"never" to "every day". Internal consistency was excellent for vigor (α = .88 for T1, α = 

.90 for T2), satisfactory for dedication (α = .80 for T1, α = .79 for T2), and acceptable for 

absorption (α = .70 for T1, α = .66 for T2). 

Job performance. Job performance was measured with a 3-item scale ("How 

would you evaluate: 1. the overall quality of your work, 2. the quantity of work you 

produced, 3. your general job performance during the past week?"). Items 1 and 2 were 

extracted from Welbourne et al.'s (1998) role-based performance scale. Item 3 was based 
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on Bond and Bunce's (2001) one-item, self-rated performance scale. Items were rated on 

a 5-point graded scale ranging between 1. "Very low" and 5. "Very high". Internal 

consistency was excellent (α = .86 for T1, α = .88 for T2). 

3.5 Analytical Strategy 

In order to compare the 12-item scale with the RAWS 6-item scale, we performed 

correlation analyses with SPSS version 24. For all the remaining analyses, we used 

Mplus 8 (Muthén & Muthén, 2017), estimating model parameters via robust maximum 

likelihood. We first assessed configural invariance of the RAWS over time, by fitting, 

over the 12 time points, a two-factor model where the three items of PA and the three 

items of NA loaded, respectively, in two separate but correlated factors, PA and NA. 

Then, we sequentially tested for more demanding levels of longitudinal measurement 

invariance by imposing additional constraints: in addition to a consistent factor structure 

over time, item loadings were set to be equal over time (the weak-invariance model); in 

addition to equal factor loadings, the item intercepts were set to be equal over time (the 

strong-invariance model); and, in addition to equal factor loadings and intercepts, finally, 

item residual terms were set to be equal over time (the strict-invariance model) (see 

Meredith, 1993). 

Finally, we performed a multilevel confirmatory factor analysis (MCFA; Muthén 

& Asparouhov, 2011) to estimate omega indicators of reliability (McNeish, 2018). 

MCFA is a specific multilevel structural equation model that is suitable for estimating 

reliability in multi-level data (Raykov & duToit, 2005). It makes it possible to separate 

the intra-individual portion from the inter-individual portion of a factor model by 
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allowing distinct estimations of between- and within-cluster covariance matrices 

(Geldhof et al., 2014). In the case of ILD data with different items that are responded to 

on several occasions, the intra-individual part of the model indicates factor loadings for 

the intra-individual variation (Bolger & Laurenceau, 2013). Intra- and inter-individual 

omegas as reliability indices can be obtained directly from the MCFA parameters (Bolger 

& Lorenceau, 2013). Because we are especially focusing on intra-individual change 

reliability, we aim to achieve a satisfactory intra-individual omega coefficient for both 

positive and negative affect. 

For each model tested, we evaluated goodness of fit by means of the χ2-test, the 

Root Mean Square Error of Approximation (RMSEA), the Comparative Fit Index (CFI), 

the Tucker-Lewis-Index (TLI), and the Standardized Root Mean Square Residual 

(SRMR). For the RMSEA, values of <.05 indicate a good fit, and values around <.08 are 

acceptable (Chen et al., 2008; Hu & Bentler, 1999; Taasobshirazi & Wang, 2016). The 

CFI and TLI are considered acceptable when they exceed .90, and excellent when they 

exceed .95 (Hu & Bentler, 1999; Lai & Green, 2016; Taasoobshirazi & Wang, 2016). In 

the case of the SRMR, a good fit is provided for values of < .08 (Hu & Bentler, 1999). 

For model fit comparison, we decided against using χ2 difference tests. χ2-based statistics 

are extremely sensitive to sample size (Little, 1997), and so we based fit evaluations on 

alternative, more practical fit indices. Following Rutkowski and Svetina (2014), we 

compared relative fit based on the differences in CFI and RMSEA between the models. 

Typically, increases in CFI and decreases in RMSEA of <.01 are considered indicators of 

a similar model fit, which supports the invariance hypothesis from a practical point of 
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view (e.g. Cheung & Rensvold, 2002; Putnick, & Bornstein, 2016). However, according 

to Rutkowski and Svetina's (2014) simulations, when there are more than 10 groups to be 

compared (in our case more than 10 occasions, specifically, 12), the cut-off points for the 

differences in CFI and RMSEA should differ depending on the type of invariance (weak 

vs. strong) to be assessed. On the one hand, to conclude that metric or weak invariance 

holds, the decrease in CFI when comparing configural and weak invariance models 

should be less than .02, and the increase in RSMEA should be less than .03. On the other 

hand, for scalar or strong invariance, the standard cut-off point of .01 (e.g. Cheung & 

Rensvold, 2002) holds for both the CFI decrease and the RMSEA increase when 

comparing weak and strong invariance models. Considering that we had 12 measurement 

points, we followed Rutkowski and Svetina's (2014) suggested cut-off points. 

3.6 Results 

Descriptive Statistics and Reliability. As a first step, we calculated the items' 

means, standard deviations, and internal consistency for PA and NA, as assessed by the 

RAWS at both measurement occasions in Sample 1 (see Table 2) and for all twelve 

measurement occasions in Sample 2 (see Table 3). 

  



67 

 

Table 2  

Internal consistency, item means and standard deviations for negative affect and positive 

affect as measured by the RAWS (sample 1). 
 NA 

 

PA 

Measurement 

occasion 

α M (SD)  α M (SD)  

  1 (Tense) 

 

2 (Nervouss) 

 

3 (Anxious) 

 

 1 (Happy) 

 

2 (Optimistic)  

 

3 (Lively) 

 

T1 (N = 1117) 

 

.91 3.09 (1.12) 2.78 (1.20) 2.81 (1.21) 

 

 

.94 3.04 (1.08) 2.98 (1.13) 3.06 (1.22) 

 

 

T2 (N = 1181) .90 2.76 (1.17) 2.49 (1.15) 2.57 (1.19) 

 

 

.93 3.31 (1.04) 3.32 (1.06) 3.36 (1.06) 

 

 

 

Note. NA = negative affect; PA = positive affect; T1-2 = measurement occasions 1 - 2  

 

In terms of reliability, the internal consistency of the RAWS was excellent for all 

occasions and samples, with a mean of Mα = .91 (SDα = .01) for NA and a mean of Mα = 

.93 (SDα = .01) for PA in Sample 1, and a mean of Mα = .93 (SDα = .01) for NA and a 

mean of Mα = .94 (SDα = .02) for PA in Sample 2. We also calculated the internal 

consistency for the original 6-item subscales in Sample 1, yielding a mean of Mα = .91 

(SDα = .01) for NA and a mean of Mα = .91 (SDα = .02) for PA. Internal consistencies 

for the 3- and 6-item scales in Sample 1 were similar, with a maximum difference of .03 

between Cronbach's alphas for any given 3-item subscale and its 6-item counterpart. 

Thus, we can conclude that the 3-item RAWS scales show excellent reliability levels, 

similar to those of the original subscales. 
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Table 3. 

Internal consistency, item means and standard deviations for negative affect and positive 

affect as measured by the RAWS (sample 2). 
 NA PA 

 

 

Measurement 

Occasion 

 

 

α 

M  

(SD)  

 

 

α 

M  

(SD)  

1  

(Tense) 

2  

(Nervous) 

3  

(Anxious) 

1 

 (Happy) 

2 

(Optimist)  

3  

(Lively) 

T1 (N=458) .89 2.67 

(1.13) 

2.66 

(1.11) 

2.54 

(1.14) 

.91 3.22  

(.92) 

3.21  

(.93) 

3.26  

(.89) 

T2 (N=396) .90 2.80 

(1.08) 

2.65 

(1.07) 

2.48 

(1.12) 

.93 3.12  

(.93) 

3.07  

(.95) 

3.08  

(.95) 

T3 (N=365) .92 2.60 

(1.13) 

2.59 

(1.07) 

2.52 

(1.09) 

.92 3.13  

(.93) 

3.12  

(.97) 

3.17  

(.93) 

T4 (N=354) .90 2.66 

(1.13) 

2.62 

(1.09) 

2.50 

(1.10) 

.93 3.10 

 (.91) 

3.06  

(.93) 

3.03  

(.92) 

T5 (N=325) .92 2.60 

(1.12) 

2.61 

(1.10) 

2.49 

(1.12) 

.93 3.05  

(.98) 

3.02  

(.96) 

3.06  

(.95) 

T6 (N=285) .93 2.44 

(1.12) 

2.46 

(1.13) 

2.38 

(1.14) 

.94 3.11  

(.99) 

3.06  

(.95) 

3.12  

(.96) 

T7 (N=277) .93 2.41 

(1.09) 

2.38 

(1.07) 

2.33 

(1.09) 

.94 3.09 

(1.00) 

3.07 

(1.03) 

3.13 

(1.03) 

T8 (N=288) .93 2.45 

(1.08) 

2.45 

(1.09) 

2.42 

(1.12) 

.95 3.09 

(1.01) 

3.06 

(1.04) 

3.10 

(1.02) 

T9 (N=236) .93 2.31 

(1.05) 

2.28 

(1.09) 

2.29 

(1.11) 

.95 3.09 

(1.04) 

3.10 

(1.04) 

3.11 

(1.05) 

T10 (N=241) .94 2.27 

(1.10) 

2.26 

(1.09) 

2.23 

(1.08) 

.95 3.13 

(1.06) 

3.12 

(1.06) 

3.19 

(1.07) 

T11(N=244) .93 2.39 

(1.17) 

2.40 

(1.12) 

2.33 

(1.10) 

.95 3.08 

(1.06) 

3.09 

(1.08) 

3.10 

(1.07) 

T12 (N=229) .95 2.36 

(1.12) 

2.35 

(1.14) 

2.28 

(1.13) 

.97 3.14 

(1.01) 

3.13 

(1.01) 

3.12 

(1.04) 

Note. NA = negative affect; PA = positive affect; T1-12 = measurement occasions 1 - 12  

 

Correlations between the 6-item original subscales and the 3-item subscales 

of the RAWS. Using the data from Sample 1, we computed Pearson's bivariate 

correlation coefficients between the subscales of the original 12-item scale and the 

corresponding subscales of the RAWS (see Table 4). Focusing on convergent validity 

between the 3-item and 6-item subscales, results show that correlations were .90 and .89. 
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for PA and NA (p < .001), respectively. Thus, the 3-item subscales seem to measure the 

same constructs (positive and negative affect) as their 6-item counterparts. 

 

Table 4 

Inter-scale Pearson’s correlations between original 6-item subscales and reduced 3-item 

subscales. 
 

 

 

 

 

 

Note. NA 6 / PA 6 = original 6-item subscale for negative/positive affect; NA 3 / PA 3 = reduced 3-item 

subscale for negative/positive affect 

 

Correlations with External Criteria. We further examined the correlations of 

the 6-item original subscales and the 3-item RAWS subscales with different criterion 

variables: performance, burnout in its three subscales (exhaustion, cynicism, and lack of 

personal accomplishment), and engagement in its three subscales (dedication, vigor, and 

absorption). We correlated all the AWB subscales at T1 with the criterion variables at T1 

(cross-sectional correlations) and T2 (time-lagged correlations). Thus, we compared the 

two versions of the PA and NA subscales in terms of "criterion validity" (concurrent and 

predictive evidence for validity). The correlations obtained are displayed in Table 5. 

Correlation patterns were similar for the original and reduced scale versions, with 

differences between criterion correlations of the corresponding scales of between .00 and 

.10, and equal significance of the patterns of correlations, except in two cases: the 

correlations between the two versions of the NA scale and both cynicism and lack of 

 NA 3 PA 6 PA 3 

NA 6  .90** -.65** -.60** 

NA 3  -.60** -.45** 

PA 6   .89** 
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personal achievement, although the correlation differences between the two scale 

versions were never larger than .06 (see Table 5). Additionally, we calculated Spearman's 

correlations (ρ) to test for the similarity of the correlation patterns shown by the RAWS 

and Segura and González-Romá's (2003) subscales with the external criteria considered. 

The correlations obtained, ρ = .99, p < .001 for NA and ρ = .999, p < .001 for PA, showed 

that the pattern of correlations was similar for the two scale versions. 

 

Table 5  

Cross-sectional and time-lagged Pearson’s correlations of the 6-item subscales and 3-

item subscales with the criterion variables.  

Note. * p < .05, p < .001; two-tailed analysis.  NA 6 / PA 6 = original 6-item subscale for negative/positive 

affect; NA 3 / PA 3 = reduced 3-item subscale for negative/positive affect. T1-2: measurement occasion 1 

and 2 in sample 1  

 

Longitudinal invariance analysis. We conducted this analysis using data from 

Sample 2. Model fit indices were excellent for the configural model and satisfactory for 

the weak, strong, and strict invariance models (see Table 6). 

  

 Performance Burnout Engagement 

   Exhaustion Cynicism Lack of 

Achievement 

Vigor Dedication Absorption 

 T1 T2 T1 T2 T1 T2 T1 T2 T1 T2 T1 T2 T1 T2 

NA 6 -.02 -.04 .57** .37** .16** .15** .22** .16* -.42** -.28** -.41** -.31** -.24** -.19** 

NA 3 .02 .00 .55** .37** .16** .11 .14** .08 -.34** -.19** -.31** -.21** -.15** -.12* 

PA 6 .16** .11** -.46** -.28** -.21** -.22** -.37** -.14 .59** .35** .59** .39** .35** .24** 

PA 3 .19** .13** -.40** -.21** -.17** -.21** -.39** -.14 .58** .35** .60** .42** .38** .26** 



71 

 

Table 6 

Fit indices for factorial invariance of the RAWS  
Invariance 

models 

χ2 (df) Δχ2 RMSEA CFI TLI SRMR 

Configural 2919.27**  

(1812) 

 .037 .957 .940 .032 

Weak 3234.99**  

(1858) 

315.72** .040 .947 .927 .034 

Strong 3464.16**  

(1918) 

229.17** .044 .933 .915 .074 

Strict 3575.79**  

(1924)  

111.63** .044 .933 .912 .072 

Note: ** p < .01. d.f.: Degrees of Freedom. RMSEA: Root Mean Square Error of Approximation, CFI: 

Comparative Fit Index, TLI: Tucker-Lewis-Index; SRMR: Standardized Root Mean Square Residual 

 

The CFI decrease when comparing configural and weak invariance models was 

.01, and the increase in RSMEA was .003. Thus, because they were below Rutkowski 

and Svetina's (2014) recommended cut-off points for metric or weak invariance (.02 and 

.03, respectively), the results show that the relationships between the items and the 

constructs are invariant over time (weak invariance is supported). The CFI decrease when 

comparing weak and strong invariance models was .014, and the increase in RSMEA was 

.004. In this case, the increase in RMSEA was below Rutkowski and Svetina's (2014) 

recommended cut-off points for scalar or strong invariance (.01). However, the increase 

in CFI exceeded the corresponding .01 cut-off point. The results of both indices are 

inconsistent. Thus, following a conservative approach, strong invariance was not 

supported by the data. Completely standardized factor loadings for the weak invariance 

model (the most parsimonious good-fitting model) ranged between .83 and .97, and they 

were all statistically significant (p <.01). 
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Multilevel Confirmatory Factor Analysis (MCFA). The reliability of the 

RAWS subscales to detect within-subject change over time in AWB was estimated by 

means of MCFA (Bolger & Lorenceau, 2013). Model fit indices for the two-factor 

MCFA model were excellent at both the between and within levels (see Table 7; SRMRw 

= .01; SRMRb = .02). The within-subject omega reliability coefficients (Ω) indicated 

satisfactory reliability of the RAWS subscales for detecting intra-individual change over 

time, with Ω = .81 for negative affect and Ω = .86 for positive affect. In addition, 

between-subject omega coefficients indicated excellent reliability of the RAWS subscales 

for detecting differences between individuals, with Ω = .98 for negative affect and Ω = 

.96 for positive affect. 

Table 7 

Model fit and omegas for multilevel confirmatory factor analysis of the RAWS 
 χ2 df RMSEA CFI TLI SRMR 

within 

SRMR 

between 

Ω NA 

within 

Ω PA 

within  

Ω NA 

between 

Ω PA 

between 

Model fit  40.24* 16 .021 .995 .989 .011 .018 .80 .84 .98 .96 

Note. NA: negative affect, PA: positive affect. * p < .05. d.f.: Degrees of Freedom. RMSEA: Root Mean 

Square Error of Approximation, CFI: Comparative Fit Index, TLI: Tucker-Lewis-Index; SRMR: 

Standardized Root Mean Square Residual 

 

 

3.7 Discussion 

Our study's objectives were: 1) to establish the equivalence between the RAWS 

and the full-length, 12-item AWB scale proposed by Segura and González-Romá; 2) to 

provide evidence for the capacity of the RAWS to reliably detect intra-individual change 

over time in both sub-dimensions of AWB, positive and negative affect; and 3) to assess 

whether the underlying factor structure proposed for the RAWS holds and is replicable 

over time. 
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Regarding our first objective, which was to establish the correlations between the 

original 6-item subscales and the corresponding 3-item RAWS subscales, the correlation 

coefficients obtained are not only statistically significant and high, but also close to 1, 

indicating that the long and shortened versions of the PA and NA subscales are 

measuring the construct in question in a similar way. With regard to internal consistency, 

Cronbach's alphas were excellent and similar for both scale versions. In addition, the 

correlation patterns of the 3-item RAWS subscales with external criterion variables 

(performance, burnout, and engagement) were similar to the correlation patterns of the 

respective 6-item original subscales, for both the cross-sectional and time-lagged 

correlations. These results support the conceptual equivalence of the RAWS subscales 

with their respective 6-item counterparts, indicating that the ultra-short scales may be 

used instead of the longer original versions without a significant loss of information and 

criterion-related validity. 

Regarding our second objective, we found a satisfactory omega value in our 

MCFA for the within-person part of our model, indicating a satisfactory level of within-

subject reliability of the RAWS. This result supports the notion that the scale is suitable 

for reliably detecting intra-individual changes in AWB over time. The value obtained for 

omega-between shows that the RAWS can reliably discriminate subjects' AWB. 

Lastly, our third objective was to provide evidence for the longitudinal factor 

invariance of the RAWS. Our results indicate satisfactory model fit for longitudinal 

measurement invariance across all the invariance models (configural, weak, strong, and 

strict). However, following a conservative approach, only weak invariance was supported 
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because the differences between the weak invariance model and the strong invariance 

model were too large, according to one of the two relative fit indices used for model 

comparison. Thus, we can safely conclude that the relationships between item responses 

and latent factors are invariant over time. With regard to the RAWS, we can say that the 

construct has the same meaning over time. Future research using new longitudinal data 

should clarify whether strong invariance is unambiguously supported, given that, in our 

study, one of the two indices considered supported this type of invariance. If this were the 

case, then it would be meaningful to compare the means over time (DeShon, 2004; 

Millsap & Heining, 2011). Hence, we can conclude that the RAWS is a suitable 

instrument for studies that investigate AWB over time. 

Limitations and strengths. As in every study, there are some limitations that 

researchers should take into account when interpreting the results reported here. First, all 

the study variables were measured by means of self-reports. Thus, some of the observed 

correlations may be inflated due to common-method variance. Future research seeking to 

provide further validity for the RAWS should consider measuring criterion variables that 

are not self-reported, such as objective performance or absenteeism. However, it is worth 

mentioning that most of the correlations shown by the RAWS were statistically 

significant (and showed the expected sign) when predicting the criteria two years after 

measuring positive and negative affect, with few exceptions. Thus, the results generally 

provide empirical evidence that supports the predictive power of the RAWS after two 

years, a time lag that somewhat mitigates concerns associated with common-method 

variance (Podsakoff et al., 2003). 
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Second, although establishing measurement invariance for the RAWS 

accomplishes a crucial step in ensuring the validity of AWB assessment in organizations, 

we want to stress that measurement invariance and within-subject reliability are not a 

property of a measure per se, but rather of the scores measured with the instrument. 

Therefore, we encourage researchers applying this scale in an ILD or other longitudinal 

designs to check the scale's properties in their own samples. 

Our study also has some strengths. First, the ILD implemented in Sample 2 

allowed us to test for measurement invariance and estimate within-subject reliability over 

time. The latter aspect is often forgotten in diary studies and investigations using 

experience-sampling methods. These studies usually try to ascertain whether within-

subject variance in a predictor is related to within-subject variance in an outcome. 

Therefore, assessing whether the scales used can reliably detect within-subject changes 

over time is of the utmost importance (Bolger & Laurenceau, 2013). We urge researchers 

planning to develop ILDs to use multilevel CFA to estimate within-subject reliability. 

Second, we analyzed data from two different countries (Spain and Uruguay), and the 

RAWS showed good psychometric properties in both. These results offer some initial 

empirical evidence supporting the use of the RAWS in different countries. 

3.8 Conclusion 

In summary, this study provides valuable insight into the psychometric properties 

of the RAWS, and the results provide evidence for its equivalence with the original 12-

item scale, within-subject reliability, and longitudinal metric or weak factorial invariance. 

In applied organizational research where economy of scale is often a crucial factor in 
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successful assessment, ultra-short measures are often needed. Our results show that the 

use of this instrument in studies with longitudinal designs with repeated measures of 

AWB in organizational settings is an appropriate and valid option1. 

 

   

 
1 This study was published, and the corresponding reference is as follows: Kampf, P., 

Hernández, A., & González-Romá, V. (2020). An ultra-short measure of positive and 

negative affect: The Reduced Affective Well-Being Scale (RAWS). Revista Psicologia: 

Organizações & Trabalho/Psychology: Organizations and Work Journal, 20, 1257-1266. 

https://doi.org/10.17652/rpot/2020.4.10 
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CHAPTER 4: ANTECEDENTS AND CONSEQUENCES OF WORKPLACE 

MOOD VARIABILITY OVER TIME: A WEEKLY STUDY OVER A THREE-

MONTHS PERIOD (STUDY 2) 
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Experiencing positive affect and avoiding negative affect at work (i.e., workplace 

AWB) is not only a personally desirable state for many individuals: it is also becoming a 

key situation for organizations and societies to foster and promote (Constanza et al., 

2014; Judge & Kammeyer-Mueller, 2012). Especially in highly developed countries, the 

focus on well-being in the workplace rapidly increased in the past decades (Ilies et al., 

2015). Apart from the value of promoting employees’ wellbeing per se, another reason 

for this interest is the consensus about the positive relationship between employees’ 

AWB and individual work performance (e.g. DeLuga & Mason, 2000; Wright et al., 

2007; Wright & Cropanzano, 2000) and organizational productivity and efficiency (Taris 

& Schreurs, 2009).  

In past research, the relationship between workplace AWB and performance has 

mostly been operationalized in cross-sectional designs (e.g., Wright & Cropanzano, 

2000), in time-lagged studies (e.g., Fritz & Sonnentag, 2006), or by focusing on the mean 

levels of either variable across time (e.g., Rojell et al., 2006). Although mean levels may 

reflect someone’s typical AWB and performance, it is relevant to also consider within-

person changes in both variables. Two people with the same mean levels of AWB and 

performance may show completely different patterns of fluctuation in these variables 

over time. Thus, when applying a cross-sectional or mean-level perspective to these 

variables, we lose important information about the full spectrum of an individual’s well-

being experiences. In fact, intra-individual variability in AWB (i.e., within-person 

fluctuations over time) has long been conceptualized as a separate construct from AWB 
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mean levels, based on the notion that the stability of an individual’s AWB is not 

necessarily related to their average level of AWB (Eid & Diener, 1999).  

When referring to intra-individual variability in AWB in this study, we will be 

focusing on moods. As mentioned in chapter 1, moods are relatively slow and enduring 

affective fluctuations, e.g., changes in affect that stretch out over days or weeks and are 

not consciously directed toward a clear object or cause (Frijda, 1993; Tellegen, 1985). 

They are often depicted as a contrasting concept to emotions (intense and faster 

fluctuations in discrete emotional states with a clear cause or object; Frijda, 1993). Based 

on past research using diary and experience sampling approaches, we know that there is 

intra-individual variability in emotions over time, which can be attributed to specific 

causes within the organization (e.g. breach of the psychological contract; Conway & 

Briner, 2002). Regarding mood, several studies have shown substantial intra-person 

variability over time (Briner, & Reynolds, 1995; Gadermann & Zumbo, 2007; Penner et 

al., 1994). However, none of these studies encompassed a time frame of more than two 

weeks or specifically focused on moods in the workplace. Therefore, there are still no 

conclusive answers to the questions: a) how do workplace moods vary within individuals 

over longer periods of time, b) what factors contribute to mood variability over time, and 

c) what are the consequences of these variations? Previous research specifically called for 

further examination of intra-individual mood variability (Gadermann & Zumbo, 2007; 

Lucas et al., 2003). We will address this gap by examining some antecedents and 

consequences of workplace mood variability.  
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Whereas positive and negative affect are sometimes conceptualized as two 

opposite poles of the same dimension, consensus among researchers is to treat them as 

two largely separate, but correlated, constructs (Crawford & Henry, 2004; Watson et al., 

1988; Yik et al., 2011), as suggested by the circumplex model of affect. Empirical 

research has supported the fit of a two-factor structure at the within- and between-person 

levels, sometimes in the frame of a bifactor model or a circumplex model (Kasten et al., 

2019; Rush & Hofer, 2014; Vansteelandt et al., 2005). In their conceptual duality, we 

propose a dual path model for predictors and consequences of positive and negative 

affect variability over time. In the present study, we focus on the personality traits of 

neuroticism and extraversion as predictors of mood variability. Although extraversion is a 

powerful predictor of positive mood (PM, Lucas & Baird, 2004), whereas neuroticism is 

a strong predictor of negative mood (NM Costa & McCrae, 1980; DeNeve & Cooper, 

1998), the role these variables play in predicting mood variability is unknown.  

Linking mood variability to personality would give theoretical insights into 

between-person differences in within-person mood changes, broadening the 

understanding of one of the possible roots of intra-individual mood variability. In 

practice, within-person mood variability is an antecedent for personal resources (such as 

psychological health; Gruber et al., 2013) and organizational outcomes (such as speed 

and quality of job performance; Miner & Glomb, 2010). Understanding which 

individuals experience mood variations could help fostering desirable processes in 

organizations. Identifying personality predictors of mood variability could help to 
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identify individuals who are most at risk for experiencing strong mood fluctuations, in 

order to consider this factor in personnel development measures. 

In terms of outcomes of mood variability, we will focus on intra-individual 

variability in self-reported job performance. Although performance is dynamic and its 

intra-individual variance has been of interest in other disciplines for years (e.g. 

neuropsychology; Strauss et al., 2002), organizational researchers have largely treated 

within-person performance variance as measurement error in previous studies (Dalal et 

al., 2014). Some researchers have concentrated on predicting intra-individual differences 

in performance with a focus on proposing stable predictors of the shape of performance 

curves over time (e.g., Ployhart & Hakel, 1998; Sturman, 2003). As Dalal and colleagues 

(2014) suggest, approaching performance variability from the intra-individual perspective 

is relevant because size, direction, and nature of relationships with the antecedents of 

performance are not always the same across the within- and between-person level. 

Although high mean performance is important, understanding performance variability is 

also relevant in practice because greater stability in behavior implies higher predictability 

of that behavior in the future (Epstein, 1979). For HR professionals, performance 

predictability is an important factor in effective planning because it means that processes 

and outcomes will be consistent (Gallivan et al., 2003). Hence, being able to estimate an 

employee’s performance stability may affect hiring and firing decisions, and being able 

to influence performance stability may lead to additional benefits in talent management, 

especially when nurturing so-called “high potentials”. Specifically examining 

performance stability’s link with mood variability at the intra-individual level will 
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broaden our theoretical understanding of the construct. Examining this dyad of variables 

provides novel insights into the relationship between measures of dispersion in two key 

organizational variables over time. 

Our objectives for the present study are: a) improving our understanding of 

between-person differences in NM and PM variability by linking them to two of the big 

five personality factors: neuroticism and extraversion; b) expanding the relationship 

between mood and performance to an intra-individual dispersion perspective by linking 

intra-individual variability in mood and performance; and c) identifying a mediated 

pathway leading from personality to intra-individual work performance variability via 

intra-individual mood variability.  Specifically, we propose a dual path in the mediation 

of mood variability. We suggest that extraversion will influence intra-individual 

variability in performance via variability in PM, whereas neuroticism will influence intra-

individual variability in performance via variability in NM. Our mediation model for this 

study is displayed in Figure 2.  

 
Figure 2. Research model  

 

We aim to make several contributions to the literature. First, we explain inter-

individual differences in intra-individual AWB variability by linking NM variability to 
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neuroticism and PM variability to extraversion. Second, we extend the commonly 

mentioned affect-performance relationship from a between-person level to a within-

person level by considering the link between intra-individual variability in mood and 

performance. This expands the nomological network around AWB and performance. 

Linking intra-individual variability in both constructs is a step forward toward extending 

the well-researched paradigm stating that an employee with higher AWB will perform 

better from a static perspective to a more dynamic one. Third, we link personality to 

within-person variability in performance by introducing AWB variability as a mediator, 

attempting to understand some of the underlying mechanisms in the relationship between 

personality and performance stability. From a practical viewpoint, linking personality and 

variability in AWB to performance variability would make it possible to identify 

variables that can help to stabilize performance in organizations.  

4.1 Intra-individual Variability in Mood 

The between-person perspective of mood variability has been extensively 

investigated, and different variables have been identified as predictors (e.g., work-family 

conflict: Munir et al., 2012, or human resources practices: Baptiste, 2008) and outcomes 

(e.g. pro- and antisocial workplace behaviors: Noval & Stahl, 2017, or creativity: Davis, 

2009) of inter-individual variability in mood. However, it is also important to consider 

the within-person perspective of mood fluctuations because variability in AWB has some 

important implications for individuals, especially regarding their psychological health. 

For instance, Gottfredson and Hussong (2013) found that negative affect variability 

predicted the frequency of drinking alcohol as well as the use of alcohol as a stress 
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coping strategy. Similarly, it was identified as a predictor of smoking escalation 

(Weinstein et al., 2008). AWB variability has also been connected to poor psychological 

health in terms of depression and anxiety, and to less general life satisfaction (Gruber et 

al., 2013). In high-risk patients, affect variability has been associated with higher suicidal 

ideation (Palmier-Claus et al., 2012). Focusing specifically on affect variability in the 

workplace, research has shown that within-person fluctuations in workplace mood 

directly influence an individual’s mean work performance (Miner & Glomb, 2010), the 

stability of job satisfaction (Ilies & Judge, 2002), or burnout symptoms (Lemyre et al., 

2006). In sum, past research has shown that mood variability may be an important 

predictor of both personal and organizational outcomes. 

4.2 Theoretical Framework: ALT and AET 

For this particular study, we base our theoretical framework on two theories that 

have received considerable empirical support: Adaptation Level Theory (ALT, Brickman 

& Campbell, 1971) and Affective Events Theory (AET, Weiss & Cropanzano, 1996).  

As mentioned in chapter 1, according to ALT, each person has an individual set 

point for positive and NM, respectively, determined by personal characteristics. When a 

change in the external situation occurs, people react with an affective change. This 

affective change turns into a mood when it carries over into a prolonged episode that is 

not consciously experienced as a reaction to the change in the environment. For instance, 

positive life events (e.g., winning the lottery: Brickman et al., 1978; Lindqvist et al., 

2018) lead to increased AWB even months after the event occurs. Negative life events 

(e.g. an accident: Brickman et al., 1978; a divorce: Lucas, 2005) decrease AWB beyond 
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the duration of the event. Over a longer time period, habituation to the changes in the 

environment will lead people to return to their well-being set point. How long this takes 

depends on the severity of the change that occurred in the external situation and on some 

factors within the affected individual, such as personality (Brickman & Campbell, 1971; 

Lucas et al., 2003).  

Although ALT research has focused on AWB variability after critical life events, 

the same mechanism may apply to variability in workplace AWB. For instance, a positive 

event (e.g. a promotion) could lead to increased PM / decreased NM even a couple of 

weeks after the event occurs. A negative event (e.g., the loss of a client) could lead to 

decreased PM / increased NM in the following weeks. Over time, the individual adapts to 

the changed external situation and returns to their mood set point. Depending on how 

critical the external change is, as well as other factors (e.g., personality), this may take 

more or less time, leading to more or less variability over time.  

The idea that mood changes follow external events is also supported by AET. 

This theory suggests that many events experienced in the workplace are affect laden and 

may induce affective responses. Work events that may trigger affective responses at work 

are manifold (Ohly & Schmitt, 2015) and include goal-achievement related events (Zohar 

et al., 2003; e.g. being interrupted in the workflow as a negative event, completing a task 

as a positive event) and social events (Dimotakis et al., 2011; e.g. communication 

problems as a negative event, receiving praise as a positive event). From this perspective, 

moods are states with clearly defined starting points and endings (Weiss & Beal, 2005). 

As indicated earlier, they are structured episodically, i.e., one mood quality is 
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experienced over a prolonged period of time until a different affective event induces a 

new episode with a different mood quality. The intensity of affective responses to 

different events and their duration depend on inter-individual differences (Cropanzano & 

Dasborough, 2005; Weiss & Cropanzano, 1996). 

Based on these two theories, we can attribute mood variability to affective 

reactivity to external events (see also Morris, 1989). Given these external occur often in 

the workplace and influence moods frequently, both theories indicate there should be 

notable variability in positive and NM within individuals over time. Integrating both 

theories, we can expect workplace moods to vary in everyone because each person 

experiences environmental changes and affect-laden events regularly. However, there are 

systematic differences between individuals regarding intra-individual mood variability 

(e.g. Rusting & Larssen, 1997). These differences are considered in either theory: ALT 

and AET both state that inter-individual differences determine the intensity and duration 

of mood changes, making them a root for intra-individual variability in AWB. This is 

where personality comes into play. 

4.2 Personality and Mood Variability 

Personality and AWB have been considered closely connected constructs for a 

long time (Steel et al., 2008). Costa and McCrae (1980) found that people’s moods 

depend greatly on their personality traits. Given the growing attention to personality traits 

in the workplace in the past few decades (Judge et al., 2008), studies have linked 

personality specifically to the experience of moods at work (e.g. Williams & Smith, 

2016). We can expand this notion to affect variability: rather than just shaping a quite 
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stable high or low level of AWB, personality may also influence its within-person 

variability. Several theoretical considerations explain this expectation. Goldsmith and 

Campos (1986) suggested that a characteristic affectivity style develops early in life as 

part of personality, shaping an idiosyncratic way of experiencing mood. Similarly, 

Cummins (2014) introduced a mechanism of personality’s influence on mood stability 

labeled “gene-environment correlations”: based on personality, people find themselves in 

situations or behave in ways that influence their experiences of affect. Although there are 

different personality traits related to experiences of mood variability, we focus on 

neuroticism and extraversion. These two factors have been identified as some of the 

strongest personality predictors of negative and positive affective states, respectively 

(DeNeve & Cooper, 1998; Lucas & Baird, 2004).  

Neuroticism. Individuals with high scores on neuroticism are characterized by a 

lack of optimism, high sensitivity to stressors, and proneness to self-doubt, anxiety, and 

worry (Judge et al., 2002; Scheier et al., 1994). Although this extensive focus on 

negativity has consistently been shown to create higher mean levels of negative affect 

(Costa & McCrae, 1980), it may also affect the intra-individual affect experience. In 

other words, high neuroticism may lead individuals to diverge more and more often from 

their (already higher) set points of NM than other people do.  

Why is that? People with high scores in neuroticism tend to seek out negative 

situations more often than others (Heady & Wearing, 1992). Empirical research shows 

that these individuals do experience an objectively higher number of negative life events 

(Magnus et al., 1993). Additionally, individuals with high neuroticism are also more 
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susceptible to negative events than positive events, with their NM being influenced more 

easily than their PM (Rusting & Larssen, 1997). Thus, episodes of NM are easier to 

induce in people who score high on neuroticism than in others. In fact, neuroticism has 

been described as a dispositional tendency to give events negative meaning (Watson & 

Clarke, 1984). Magnus and colleagues (1993) suggest that individuals with this 

disposition tend to interpret a larger array of events in a negative way, while interpreting 

positive events as neutral. Experimental evidence shows that, indeed, individuals with 

high neuroticism scores react with stronger negative affect than others when exposed to 

negative stimuli, but not with heightened positive affect when exposed to positive stimuli 

(Larsen & Ketelaar, 1989, 1991).  

These findings are in accordance with Eysenck and Eysenck’s (1985) bio-

psychological model of personality and affect, postulating that individuals who score 

high in neuroticism have a low threshold for limbic activation and are, hence, more prone 

to experiencing negative “fight or flight” affectivity (e.g. distress, anxiety, or anger). 

Consistent with this idea, research shows that individuals with higher neuroticism scores 

exhibit less stability in negative affect, but not positive affect, when examining affective 

changes over periods of several years (Heady & Wearing, 1992).  

These considerations can be integrated into our theoretical frameworks: from an 

AET perspective, individuals with high neuroticism scores, due to gene-environment 

correlations, are more likely to find themselves experiencing negatively laden affective 

events, and because of their idiosyncratic affective experience style, are more likely to 

interpret stimuli as negative. This induces negative affective episodes more frequently 



89 

 

than in individuals with lower neuroticism scores. From an ALT perspective, within each 

of these negative affective episodes, they will experience a stronger move away from 

their set point than others. Based on the ALT assumption that individuals return to their 

mood set point before the start of a new episode, this will cause higher within-person 

variability in NM over time. Hence, we expect people who score high in neuroticism to 

experience more variability in NM in the workplace over time.  

Hypothesis 1: Neuroticism is positively related to within-person NM variability 

over time. 

Extraversion. Individuals with high scores in extraversion are characterized as 

gregarious, confident, energetic, and optimistic (Lucas et al., 2000; Watson & Clark, 

1997). Like neuroticism, extraversion is a personality trait that strongly predicts AWB 

(e.g. Costa & McCrae, 1980) and, in particular, positive affect (e.g. Smillie et al., 2015). 

The positive outlook and social orientation of extraverts lead them to seek out events 

determined by interpersonal interactions and support, as well as positive stimulation, and 

their optimism may lead them to interpret unpleasant situations in a more constructive 

way (Cattell, 1972). Extraverts experience higher mean positive affect over time (Lucas 

& Baird, 2004).  

Assuming that personality shapes the nature, strength, and duration of affective 

reactions, we can expect extraversion to also predict mood variability and, specifically, 

PM. In fact, extraverted individuals exhibit more variability in positive affect over time, 

but not in negative affect (Heady & Wearing, 1992). Eysenck and Eysenck’s (1985) 

theory of personality and affect notes that extraverts experience stronger changes in 
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positive affectivity than others. These changes are attributed to varied activity in arousal 

systems, such as the cortico-reticular loop, which is compensated by arousal-seeking 

behaviors that result in spikes in positive affectivity. Individuals with high extraversion 

scores experience a higher number of positive events in their lives than other people 

(Magnus et al., 1993). In addition to finding themselves in these types of situations more 

often, they are especially susceptible to events and stimuli that induce positive affectivity 

rather than negative affectivity (Larsen & Ketelaar, 1989, 1991; Rusting & Larsen, 1997; 

Smillie et al., 2012).  

In other words, from the perspective of AET, individuals with high extraversion 

scores are more likely to find themselves experiencing positive affective events, which 

will strongly influence changes in their PM.  From an ALT perspective, this means 

further removal from the PM set point compared to other individuals, resulting in more 

intra-individual variability in positive affect over time. Based on this, we expect 

extraverted individuals to experience greater variability in PM.  

Hypothesis 2: Extraversion is positively related to within-person PM variability 

across time. 

4.3 Intra-individual Variability in Self-reported Performance 

Self- reported job performance. Besides self-report, there are other measures of 

job performance, such as objective productivity indicators or supervisor ratings, that are 

sometimes considered superior due to their lower bias susceptibility, e.g. regarding social 

desirability or overconfidence (Carpenter et al., 2014). Despite this, researchers have 

argued that performance self-reports have some advantages. For instance, an individual is 
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often the person most knowledgeable about their own tasks and objectives, and can hence 

best evaluate whether their work was completed satisfactorily (Berry et al., 2012; Chan, 

2009; Van Laethem et al., 2018). In addition to this, when aiming for large and 

longitudinal datasets, especially if they comprise respondents from a multitude of 

organizations, self-reports are often just more realistically attainable than other measures 

of performance (Van Laethem et al., 2018). For these reasons, we decided to measure 

performance by self-report in this study.  

Intra-individual performance variability. The majority of organizational 

research has focused on an inter-individual approach to performance variability. 

Researchers have identified several predictors of performance variability, such as 

workplace resources (Nielsen et al., 2017), emotional intelligence (Joseph & Newman, 

2010), and well-being (Ayala et al., 2017). Performance differences between individuals 

are often attributed to variations in either ability or motivation to perform the task, or a 

combination of the two (e.g. Blumberg & Pringle, 1982; Klehe & Anderson, 2007).  

However, we can also understand performance as an intra-individual dynamic outcome of 

mood. This perspective is relevant because it provides an opportunity to predict 

performance over time. For instance, George and Brief (1996) propose that pleasant 

affectivity triggers higher work motivation, which in turn fosters better work performance 

(with negative affectivity causing the opposite outcome). Fredrickson (2003) explains 

this process from an evolutionary perspective, postulating that, historically, NM has been 

a mechanism that induces immediate action in response to dangerous situations (resulting 

in a fight or flight response), whereas PM has enhanced receptiveness (resulting in 
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heightened attention and motivation). This perspective agrees with AET: within this 

framework, the experience of affective episodes is one of the main drivers of behavioral 

outcomes (Weiss & Cropanzano, 1996), in our case, job performance. If an affective 

event occurs in the workplace and triggers an increase in NM or PM, this change in mood 

will entail a within-person change in performance as well. In contrast, if no affective 

episodes are triggered, performance remains stable over time. In terms of ALT, this 

means that the further an individual diverts from their mood set point, the more their 

performance will vary. Greater intra-individual variability in either mood quality should 

be associated with greater intra-individual variability in performance.   

Hypothesis 3: Within-person PM variability (H3a) and NM variability (H3b) are 

positively related to within-person job performance variability. 

4.4 Indirect Effect of Personality on Performance Variability 

Given the expected relationships presented, we hypothesize an indirect effect of 

personality on variability in performance, mediated by mood variability. We expect the 

mediation effect to be partial: although we consider mood variability to be an important 

mechanism linking extraversion and neuroticism to performance variability, there may be 

other personality-based factors that co-explain this relationship that are not taken into 

account in this study. Examples could be lower self-efficacy in individuals with higher 

neuroticism scores (e.g. Judge et al., 2002) or stronger support-seeking behaviors in 

individuals with higher extraversion scores (e.g. Swickert et al., 2002).  

Hypothesis 4: There is a positive indirect relationship between neuroticism and 

performance variability, partially mediated by variability in NM (H4a), and a 
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positive indirect relationship between extraversion and performance variability, 

partially mediated by variability in PM (H4b). 

4.5 Participants and Procedure 

Because the focus of this specific study is intra-individual variability, we adjusted 

the main sample by eliminating all participants who provided valid data on less than two 

measurement occasions, maintaining a total sample of 357 subjects that responded on 

between two and 12 measurement occasions.  

We compared the individuals included in the initial sample to the participants who 

made up the final sample to see whether attrition was related to gender, age, or any of the 

five study variables (neuroticism, extraversion, variability in PM, variability in NM, and 

variability in performance). We performed a 2-test in the case of gender, and 

independent sample t-tests for the other variables. None of the tests revealed significant 

relationships or differences between excluded and remaining participants (see Table 8).   
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Table 8 

Attrition analysis for included vs. excluded participants  
 Included  

(N = 357): 

% women or mean 

Excluded  

(N = 251): 

% women or mean 

2 or t 

 

p 

sex 47.90% 53.78% 2.04 (1) .153 

age 39.49 (SD = 10.17) 38.57 (SD = 10.89) -1.06 (606) .289 

Neuroticism  2.88 (SD = .95) 3.12 (SD = .88) 1.68 (403) .096 

Extraversion 3.81 (SD = 1.00) 3.89 (SD = .93) .517 (403) .606 

SD (PM) .39 (SD = .19) .37 (SD = .27) -.600 (411) .215 

SD (NM) .52 (SD = .27) .55 (SD = .39) .713 (411) .557 

SD (perf) .40 (SD = .25) .33 (SD = .26) -1.162 (71.02) .058 

Note: SD: Standard deviation. PM: Positive Mood. NM: Negative Mood. Perf: Performance 

 

Within the final sample for this study, we received 3356 completed 

questionnaires. Considering the potential total of 4284 questionnaires (357 participants × 

12 measurement points), the 3356 completed questionnaires represented a response rate 

of 78.3%.  

4.6 Instruments 

Personality. As stable personality traits over the study period, neuroticism and 

extraversion were measured only at T1 with the four items of the Mini-IPIP Neuroticism 

(e.g., “I experience frequent mood swings”) and Extraversion (e.g., “I am very talkative”) 

scales (Donnellan et al., 2006). Items were responded to on a 6-point Likert scale ranging 

from 1. “completely disagree” to 6.  “completely agree”. For neuroticism, the internal 

consistency of the 4-item scale was not acceptable (α = .53). We conducted an 
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exploratory factor analysis and found that the reversed item “I rarely feel sad” showed an 

unsatisfactory loading on the latent factor for neuroticism. Based on this observation, we 

removed the item and obtained a Cronbach’s α of .73. For extraversion, Cronbach’s α 

was .79.  

Mood variability  

To operationalize mood variability, we used the within-person standard deviation 

in PM and NM measured by the RAWS, respectively, across all measurement points at 

which individuals had responded the RAWS. Eid and Diener (1999) recommended the 

standard deviation as a valid measure of variability in affective constructs. 

Job performance variability. Self-reported job performance was measured by 

the same 3-item scale described in study 1 (“How would you evaluate: 1. the overall 

quality of your work last week, 2. the quantity of work you produced last week, 3. your 

general job performance last week?”) at all 12 measurement points. Items 1 and 2 were 

extracted from Welbourne et al.’s(1998) role-based performance scale. Item 3 was based 

on Bond and Bunce’s (2001) one-item, self-rated performance scale. Items were 

responded to on a 5-point graded scale ranging between 1. “Very low” and 5. “Very 

high”. The mean Cronbach’s α across measurement times for job performance was .87 

(SD = .04, range: .78-.92). Furthermore, strict measurement invariance was confirmed for 

this variable across all 12 measurement points (see Table 9). Performance variability was 

operationalized by means of the within-person standard deviation in job performance 

across all 12 measurement points (as suggested by Dalal et al., 2014).  
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Table 9 

Fit indices for longitudinal factorial invariance at the configural, metric, scalar and 

strict level across 12 measurement times  
 N = 357 Positive mood Negative mood Performance 

Configural 

invariance 

χ2 (df)1 549.99** (330) 565.61** (330) 571.51** (330) 

RMSEA .04 .05 .05 

CFI .98 .98 .97 

TLI .97 .96 .94 

SRMR .02 .02 .06 

Metric 

invariance 

χ2(df) 546.97** (352) 585.85** (352) 602.64** (352) 

RMSEA .04 .04 .05 

CFI .98 .98 .97 

TLI .97 .96 .94 

SRMR .03 .03 .06 

Scalar 

invariance 

χ2(df) 577.51** (367) 614.07** (367) 621.52** (367) 

RMSEA .04 .04 .04 

CFI .98 .98 .97 

TLI .97 .96 .94 

SRMR .03 .03 .06 

Srict 

invariance 

χ2(df) 621.32** (382) 653.98** (382) 674.97** (382) 

RMSEA .04 .05 .06 

CFI .98 .98 .96 

TLI .97 .96 .94 

SRMR .03 .03 .06 

* p<.05; ** p<.001. 
1 df: Degrees of freedom 
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Control variables. Because previous research has shown effects of age (e.g. 

Röcke et al., 2009) and gender (e.g. Hedeker & Nordgren, 2013) on affective variability, 

we controlled for the effects of these variables. Because not every subject provided an 

equivalent number of measurement points, and due to this number’s potential influence 

on within-person variability, we also included the number of measurement points when 

each participant provided data as a control variable. 

4.7 Analytical Strategy 

We used Mplus 8 (Muthén & Muthen, 1998-2017) for all statistical analyses. 

Using basic multilevel models where occasions (i.e., measurement points) were nested 

within subjects, we computed intra-class correlation coefficients to decompose total 

variance into within-person and between-person components, and estimate the proportion 

of within-person variance in PM and NM and performance over time. Then, we tested our 

research model by means of path analysis.  

All the research hypotheses proposed in our study specified directional 

relationships derived from theory. Thus, based on logical consistency, we conducted one-

tailed,   = .05 hypothesis tests (Cho & Abe, 2013). Moreover, mediation methodologists 

suggest that one-tailed tests are generally suitable for mediation research (Preacher et al., 

2010, p. 217).  Thus, we calculated the 90% confidence interval for the involved indirect 

effects (personality variables predicting performance variability via mood variability). 

Considering that the indirect effect refers to the product of the coefficients that do not 

follow a normal distribution, we obtained the confidence interval following the 
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distribution-of-the-product method, using the RMediation tool (Tofighi & MacKinnon, 

2011). The coefficient product approach is recommended for investigating mediated 

relationships because it shows the best statistical performance of all the methods 

providing confidence intervals for indirect effects (Tofighi & MacKinnon, 2011). 

Because previous research has shown that individuals have a tendency to show 

more or less variability in both positive and negative affect simultaneously (Larsen & 

Diener, 1987), we freely estimated the correlation between intra-individual variability in 

PM and NM in the path model.      

4.8 Results 

Table 10 shows the mean and standard deviation for each study variable as well as 

their correlations.  

 

Table 10 

Mean and standard deviation for each study variable; Pearson’s correlations between 

variables.   
N = 357 M SD 2 3 4 5 6 7 8 

1 N of times 8.16 4.14 -.01 .06 -.00 -.04 .09 .05 .00 

2 sex - -  -.08 .07 .05 .14** .04 .07 

3 age 39.43 10.20   -.07 -.13* .12* .03 -.04 

4 neuroticism 2.98 .95    -.15** .12* .06 .13* 

5 extraversion 3.82 .99     -.06 -.00 -.08 

6 SD (NM) .52 .27          .27**    .22** 

7 SD (PM) .49 .25           .32** 

8 SD (perf) .41 .25        
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Note. N of times: number of measurement points in which each participant provided data.. Sex was coded 

female = 0, male = 1.  SD: Standard deviation. PM: Positive Mood. NM: Negative Mood. Perf: 

Performance; * p<.05; ** p<.001; two-tailed 

 

The intra-class correlation coefficients obtained revealed that for PM, intra-

individual variability over time represented 51% of the total variance, whereas for NM, 

within-person variability accounted for 56% of the total variance. In the case of job 

performance, the proportion of intra-individual variability represented 48% of the total 

variance. These results indicate that intra-individual variability is sufficiently large to be 

taken into account as a study variable.   

The 2-test of model fit indicated a good fit of our proposed model to our data (2 

= 2.11(2), p = .348). Other model fit statistics displayed a satisfactory fit as well 

(RMSEA = .01; CFI = 1.00; TLI = .99; SRMR = .01).  

Table 11 shows the standardized coefficients for personality relationships with 

PM and NM variability. We found a significant positive relationship between neuroticism 

and variability in NM over time (β = .11, p = .011), supporting Hypothesis 1. However, 

extraversion did not have a significant relationship with variability in PM over time (β = 

.00, p =.44). Thus, results did not support Hypothesis 2. 
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Table 11 

Standardized path model results for personality effects on mood variability 
N = 357 SD(PM) SD(NM) 

IV β S.E. p β S.E. p 

N of times .05 .05 .154 .09 .05 .057 

age .03 .05 .297 .14* .05 .004 

sex .05 .05 .201 .15* .05 .002 

extraversion <.01 0.5 .468 - - - 

neuroticism - - - .11* .05 .019 

R2 .01 .01 .242 .06* .02 .008 

Note. N of times: number of measurement points in which each participant provided data. SD: Standard 

deviation. PM: Positive Mood. NM: Negative Mood.  

 

* p<.05 level; ** p<.001 level; one-tailed 

 

Table 12 shows the standardized regression coefficients for the relationships 

between variability in PM and NM and variability in job performance, after controlling 

for personality. We found a significant positive relationship between variability in NM 

and performance variability (β = .14, p = .003). Similarly, variability in PM had a 

significant positive relationship with performance variability (β = .28, p < .001). Thus, 

hypothesis 3 was supported. 
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Table 12 

Standardized path model results for mood variability relationships with performance 

variability 
N = 357 SD (perf) 

IV β S.E. p 

N of times -.03 .05 .295 

age -.06 .05 .120 

sex .03 .05 .273 

extraversion -.07 .05 .094 

neuroticism .08 .05 .052 

SD (NM) .14* .05 .004 

SD (PM) .28** .05 <.001 

R2 .14** .03 <.001 

Note. N of times: number of measurement points in which each participant provided data.  SD: Standard 

deviation. Perf: Performance; * p<.05; ** p<.001; one-tailed 

 

To test for indirect effects, we calculated the 90% confidence intervals based on 

the distribution-of-the-product method, and computed k2 (Preacher & Kelley, 2011) as a 

measure of effect size for the indirect effect. Neuroticism had a significant indirect effect 

on variability in performance via variability in NM (β = .02, 90% CI [.003, .033], k2 = 

.014). However, extraversion did not have a significant indirect effect on performance 

variability (β = .002, 90% CI [-.022, .027]). These results support Hypothesis 4a, but not 

Hypothesis 4b. After controlling for AWB variability, here was no direct effect of either 

neuroticism (β = .02, p = .063) or extraversion (β = -.02, p = .115) on performance 

variability. 
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4.9 Discussion 

The intention of the present longitudinal study was to test a dual path model of 

antecedents and consequences of mood variability. We proposed that extraversion would 

influence intra-individual variability in performance via variability in PM, whereas 

neuroticism would influence intra-individual variability in performance via variability in 

NM.   

Our results showed that neuroticism predicted variability in NM, which in turn 

was positively related to variability in performance. Variability in NM fully mediated this 

relationship. We did not find support for the hypothesized relationship between 

extraversion and variability in PM. Although variability in PM was positively related to 

variability in performance, the indirect effect of extraversion on variability in 

performance via variability in PM was not statistically significant. 

Theoretical implications. Our study’s first objective was linking variability in 

PM and NM to extraversion and neuroticism. The results have several theoretical 

implications. First, our results suggest that neuroticism is a possible root for intra-

individual variability in NM, which explains some of the inter-individual differences in 

intra-individual mood variability, contributing to the understanding of mood variability as 

a construct and its origins.  

This relationship is consistent with our expectations. Although our study does not 

specifically examine the mechanisms of this relationship, we can make some speculations 

based on ALT and AET: individuals with higher neuroticism scores might interpret more 

events as requiring a negative affective reaction. As previous research has shown, 
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negative affect-laden events tend to induce an increase in negative affect in these 

individuals (rather than a decrease in positive affect; Larsen & Ketelaar, 1991). Hence, 

whenever they find themselves in one of these frequent negative situations, their negative 

affect rises above their set point. Because people with high neuroticism scores tend to 

interpret negative situations more negatively than others, the increase in their NM leads 

them further away from their set point than what the average person would experience.  

This explanation represents an initial step towards integrating two common theories of 

intra-individual affect variability by linking them to inter-individual differences.  

For extraversion, we expected a positive relationship with intra-individual 

variability in PM, speculating that extraverted individuals may interpret more affective 

situations as positive and react to them more strongly with PM fluctuations. However, we 

did not find empirical support for this relationship. One possible explanation for this may 

be inter-individual differences in affective regulation. Whereas individuals with high 

extraversion scores are more receptive to events altering PM (Larsen & Ketelaar, 1989), 

they also tend to engage in PM-inducing and energizing activities (e.g. physical exercise, 

social exchange), regardless of the affective events happening around them (John & 

Gross, 2007; Tamir, 2009). This tendency may lead to the creation of a stabilizing 

baseline of PM, cancelling out some of the effects of their idiosyncratic reactivity to 

affective events. Future research should test this idea. 

Our study’s second objective was investigating whether we can translate the 

relationship between mood and performance from a static between-person approach to a 

within-person dispersion approach. Our findings indicate that employees who have more 
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stable moods at work also perform more consistently. Relating variability in mood and 

performance, from an ALT/AET perspective, we gain the insight that critical affective 

events not only affect variability in mood, but that variability in performance follows. 

Theoretically, this proposal adds to the AET and ALT frameworks because both 

approaches seem to be able to explain intra-individual variability in variables that are not 

well-being related, in this case, performance. In addition, this result also expands the 

nomological network around performance variability. Often neglected in prior 

organizational research (Dalal et al., 2014), we consider this variable a relevant outcome 

that rounds out the assessment of the performance construct. Not only is performance 

variability an important factor in the distinction between an employee’s typical and 

optimal performance (Ployhart et al., 2001), but considering it in performance assessment 

can also heighten the predictability of future performance. Given this, our results 

highlight the importance of considering mood variability in the workplace to leverage the 

predictability of performance outcomes.  

Our study’s third objective was analyzing the role of mood variability in 

explaining an indirect relationship between personality and performance variability. 

Although results showed that extraversion did not predict mood variability, ruling out a 

mediated link from extraversion to performance variability, we did identify NM 

variability as a mechanism that links neuroticism to intra-individual variability in 

performance. The indirect effect can be considered small according to the k2 effect size 

measure, which equaled .014 (see Preacher & Kelley, 2011). Taking this into account, 

along with the raw correlations between the variables, the relationships should be further 
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investigated in the future before deducing generalized recommendations from them. 

Nevertheless, the mediation was full, not partial as expected, indicating that a 

considerable amount of the performance variability predicted by neuroticism is explained 

through mood variability. While some studies have related neuroticism directly to 

stronger intra-individual changes in performance (e.g. Smillie et al., 2006), our results 

suggest that this relationship is indirect via intra-individual changes in mood. Even 

considering the small effect size, this indicates, once more, the relevance of focusing on 

mood variability within individuals. 

Practical implications. The results that link variability in both PM and NM with 

variability in job performance have some implications regarding personnel development 

interventions. Stable moods are identified as a point of potential leverage for stable 

performance. This provides an opportunity to apply specific well-being interventions 

with a focus on stabilizing positive affective responses in the workplace, ultimately 

helping to stabilize performance and increase performance predictability.  

Interventions that reduce mood variability could include training programs that 

help employees to cope with exceptionally affective situations and stimuli in the 

workplace and regulate their affective reactivity (e.g. some mindfulness interventions; 

Hülsheger et al., 2013). Another option for workplace interventions are change initiatives 

that reduce possible triggers of strong mood episodes in the workplace and decrease the 

frequency or intensity of situations inducing them, with the goal of reducing fluctuations 

in workplace affect. This requires a differentiated needs analysis within the organization 

in question, assessing the specific existing affective triggers. Examples of such triggers 
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are workplace bullying (Glasø et al., 2010), interpersonal conflict (Grandey et al., 2002) 

or frequent changes in working hours or conditions (Mignonac & Herrbach, 2004).  

Because individuals with high neuroticism scores may possibly be especially vulnerable 

to experiencing variability in NM, these employees could be a special focus when 

introducing well-being interventions designed to decrease fluctuations in affect. 

The study results regarding the positive relationship between neuroticism and NM 

variability suggest that individuals with higher neuroticism scores might be more 

vulnerable to experiencing fluctuations in negative affect than other people. Indirectly, 

they also tend to be at a higher risk of performing inconsistently over time. However, the 

small indirect effect found in our study still leaves room for future research on this issue. 

Our results constitute an impulse to reflect upon the relevance of measuring personality 

and, specifically, neuroticism, in assessments in organizational settings. They suggest that 

jobs with a high risk of negative affective events (such as frequent frustration) may be 

better suited to individuals with moderate to low neuroticism scores. This is also in 

alignment with prior research on neuroticism and negative AWB indicators in the 

workplace (e.g., Godard et al., 2004). Keeping this in mind, it is important to note that, 

according to our results, the impact of neuroticism on performance variability and mood 

variability is too modest to be relied upon as a sole predictor in the personnel selection 

context. Notwithstanding, assessing neuroticism may be beneficial in current staff: 

knowing that an employee has high neuroticism scores and potential vulnerability to 

unstable NM and performance could possibly indicate the need for intervention and 

preventive damage control. 
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Limitations and future research. From a methodological point of view, our 

study has two main limitations that should be addressed in future studies when replicating 

or expanding its results: attrition bias and common method bias. Regarding attrition bias, 

because we worked with a response panel in a longitudinal setting, there is a possibility 

of selective attrition. Although there are advantages to collecting a sample in this way, 

subjects who sign up to participate in a response panel and adhere to it for a prolonged 

period might share certain characteristics that systematically influence their response 

behavior. We partly controlled for this bias by performing an attrition analysis; however, 

it did not include information about possible participants who did not sign up for the 

response panel in the first place or decided not to participate in this specific study. We 

advise other researchers working on similar research questions to consider different 

recruitment methods that allow them to control for this bias and ensure a more 

representative sample without systematic selection bias. Related to this, only 357 of the 

619 potential subjects who initially signed up for our study were maintained for the final 

study sample, providing a response rate of 45.2% on all potential responses. Many of the 

missing cases were due to low adherence to the process. Although we did send 

participants one email reminder per week, additional measures should be taken in future 

studies to increase adherence in longitudinal settings.  

Regarding common method bias, all study variables were based on self-reported 

questionnaire data. Especially for our outcome variable, performance variability, this 

method is admittedly critical. Although we consider self-reports to be a valid part of a 

complete performance assessment, and some studies have shown a moderate to strong 
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relationship between self-rated performance and other performance measurements (e.g. 

Blanch-Hartigan, 2011; Harris & Schaubroeck, 1988; Montgomery & Baker, 2007), 

results based on self-reported performance should not be over-generalized. Therefore, we 

recommend interpreting the present results as preliminary evidence for the suggested 

relationships that should be corroborated by future studies. In this context, it is advisable 

to include sources other than self-reports in the research design in order to reduce the 

inflation of effects. For future research, we suggest using a different operationalization of 

performance variability, e.g. the across-time standard deviation of leader evaluations or 

the variability in an objective performance indicator.  

Although we were able to find some limited support for our hypothesized 

predictive role of neuroticism, the pathway leading from extraversion to performance 

variability via PM variability was not supported. However, the focus on PM is a relevant 

portion of our model because variability in PM showed a considerable relationship with 

performance variability. Without understanding the predictors of PM variability, a large 

part of the pathway to performance variability is lacking. Hence, we are left wondering 

which inter-individual differences may predict fluctuations in PM. Future studies should 

consider other personality variables: resilience might play a role in stabilizing PM, as it 

could buffer reactions to negative workplace events (Tugade & Fredrickson, 2004). A 

distinct approach would be the integration of between-person differences in workplace 

characteristics (such as work-family balance or organizational support) as predictors of 

within-person variations in PM.  
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We also want to discuss our conceptualization of personality as a stable construct. 

There is a sizable body of evidence conceptualizing personality characteristics as trait-

like variables (Mõttus & Allerhand, 2017), and studies have shown relative stability of 

personality over time (Geukes et al., 2018; Roberts et al., 2006). With this 

conceptualization, personality is considered a stable predictor of work-related states and 

behaviors (e.g. Thoresen et al., 2004; Woods et al., 2016). Recent personality research 

has focused on intra-individual variability in inter-individual differences, (Geukes et al., 

2017; Fleeson, 2004; Woods et al., 2013). Studies show that individuals can show 

considerable variation in personality self-reports over time, especially in terms of 

personality expression: individuals receive different cues across social and affective 

situations, leading them to express certain aspects of their personality more strongly and 

exhibit specific trait-related behaviors depending on the nature of the situation (Breil et 

al., 2019). Because we integrate our study into a theoretical framework based on affective 

situations using a within-person perspective, personality expression is possibly a relevant 

aspect to take into account in this context. By measuring personality only at the 

beginning of the longitudinal study, some information on fluctuations in personality 

expression might have been lost, veiling some of the effects of personality. This may 

explain the tenuous effects of neuroticism and the lack of effects of extraversion. Future 

studies focusing on the predictive role of personality in dynamic mood and performance 

should adopt a dynamic perspective on personality as well.  

Finally, we need to consider the meaning of our results specifically within the 

frameworks of ALT and AET. Both theories attribute mood variability to affective 
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events. By embedding our study in these theoretical frameworks, we are able to speculate 

about the mechanisms underlying our results. However, we did not explicitly measure 

situational variables. To understand within-person mood variability fully in the 

ALT/AET context, explicit information on affective events is necessary. Future research 

should adopt an approach that identifies possible affective workplace events that induce 

mood episodes, and specifically test for the role of affective events in intra-individual 

variability in mood and performance.  

One suggestion for obtaining this information is including work characteristics 

into the research model. Although the original theory does not specify the exact types of 

events that induce affective episodes, AET research has shown that one type of event 

consists of changes in work characteristics such as positive feedback (Grandey et al., 

2002), high workload (Basch & Fisher, 2000), task significance (Saavedra & Kwun, 

2000), or autonomy (Saavedra & Kwun, 200; Wegge et al., 2006). Future studies could 

model variability in work characteristics and link it to intra-individual variability in 

mood.  

Another way of focusing on affective events that induce mood variability and 

performance variability is adopting a mixed-methods approach including qualitative 

aspects. An exemplary study design could assess various (e.g. daily) measurements of 

affective events at work through an experience sampling or event sampling methodology 

(Reis & Gable, 2000) or with help of the day reconstruction method (Kahneman et al., 

2004). By using types of affective events clustered through concept mapping or 

categorized based on one of the existing taxonomies (e.g. Ohly & Schmitt, 2015) and 
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employing ratings of event intensity as predictors, the mood-performance variability 

relationship can be analyzed in a more nuanced way.  

Additionally, this mixed-methods approach might also be relevant in the context 

of within-person personality variability, as mentioned above. With a special emphasis on 

personality expression, deeper insight can be gained into which specific affective events 

that individuals experience in the workplace lead to greater understanding of the types of 

trait-related behaviors they may cue. In this way, changes in personality expression could 

be linked to specific types of affective workplace events and induced mood variability, 

respectively. 

4.10 Conclusion 

The present study investigated predictors and outcomes of intra-individual mood 

variability in the workplace. Results indicated that neuroticism predicts intra-individual 

variability in NM, which in turn predicts intra-individual variability in job performance. 

Therefore, we first contribute to understanding inter-individual differences in intra-

individual mood variability. We also extend the well-documented mood – performance 

relationship to an intra-individual dispersion perspective. Finally, we identify NM 

variability as the mechanism linking neuroticism to performance variability2.  

 
2 This study was published, and the corresponding reference is as follows: Kampf, P. H., 

Hernández, A., & González‐Romá, V. (2021). Antecedents and consequences of 

workplace mood variability over time: A weekly study over a three‐month period. 

Journal of Occupational and Organizational Psychology, 94, 160–186. 

DOI:10.1111/joop.12329 
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CHAPTER 5: A DYNAMIC MODEL OF MOOD TRAJECTORIES – THE 

EFFECTS OF WORK OVERLOAD AND SOCIAL SUPPORT (STUDY 3) 
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As mentioned in previous chapters, moods are affective states that may stretch out 

over a prolonged period (e.g., several days or a week) and are not consciously directed 

toward a clear object or cause (Frijda, 1993; Tellegen, 1985). And they are one indicator of 

AWB, i.e., the presence of positive affective experiences (such as joy) and the absence of 

negative affective experiences (such as anger) in an individual. The moods we experience in 

the workplace are not always the same: they change over time (Totterdell & Niven, 

2014). Previous studies have associated within-person changes in affective variables such 

as mood with important work outcomes such as performance (Chandler, 2012) and 

variability in performance (Kampf et al., 2021 -see also chapter 4), as well as mental 

health (Kuppens & Verduyn, 2017), physical health (Watson, 1988), and well-being in 

other realms of life (Ilies et al., 2007; Marco & Suls, 1993). Thus, understanding within-

person changes in workplace mood is an important goal for organizational researchers.  

Previous research has extensively studied mood and its predictors in the 

workplace, connecting it to different workplace characteristics. For example, social 

support (e.g., Burke et al., 1996; Jung & Khalsa, 1989; Karademas, 2006; Schaufeli & 

Enzmann, 1998; Williamson & O’Hara, 2017) and work overload (e.g., Barling & 

Macintyre, 1993; Sears et al., 2016; Zohar, 1999) are closely linked to affective states 

such as moods in the workplace. However, these studies have largely taken a between-

person approach, modeling workplace characteristics as a predictor of workplace mood in 

cross-sectional or time-lagged research designs (e.g., Mroczek & Almeida, 2004), and 

neglecting within-person change in workplace moods. Although this approach contributes 

some important information about the relationship between workplace characteristics and 
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mood and explains why some people may be in a different mood from others, it 

overlooks the fact that both workplace characteristics and workplace moods change 

within the individual over time. Thus, we do not know how mood at work and its 

situational antecedents change over time (e.g., several weeks), and what their relationship 

looks like from a dynamic perspective.  

This uncertainty is worrisome for theoretical and practical reasons. Theoretically, 

there is a lack of arguments about how these constructs are expected to evolve over time 

and the nature of the dynamics between mood at work and its antecedents over time. 

Therefore, we need studies that provide a theoretical explanation for and show the shape 

of the change trajectories of these constructs. Moreover, this understanding is a previous 

step to using a dynamic approach to analyze how mood at work and its antecedents are 

related, which some authors have called for (e.g., Bakker et al., 2014; Sonnentag et al., 

2010). We still have to ascertain whether the models found in previous research using a 

between-person approach also apply when viewed from a dynamic lens. From a practical 

perspective, addressing this uncertainty will allow us to predict future levels of the 

involved constructs and anticipate the implementation of corrective actions when needed. 

For instance, if we find that moods at work show a non-linear trajectory with ups and 

downs over time, we will be able to anticipate the appearance of dysfunctional mood 

levels by intervening in some of its dynamic antecedents. Assuming that work overload 

and social support are dynamic antecedents of workplace mood, these interventions could 

consist of providing resources to cope with high workload, on the one hand, and 

providing social support through a buddy or mentoring system at work, on the other. 
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Thus, a first goal of the present study is to determine the shape of the change 

trajectories of these constructs (i.e., mood at work, work overload, and social support) as 

they evolve over time. We do this by adopting a dynamic intra-individual focus and 

applying latent growth modeling to longitudinal data from a weekly study over a period 

of three months. From this perspective, we not only conceptualize mood, but also its 

predictors, as dynamic constructs. Specifically, we focus on social support and work 

overload as predictors of mood at work for several reasons. First, social support (i.e., 

perceptions of well-intended actions by coworkers in the workplace, such as assistance 

with work tasks and emotional support) and work overload (i.e., the perceived pressure 

that individuals attribute to an excessive load of tasks in their daily work) are two strong 

predictors of mood in the workplace (Madjar et al., 2002; Ali & Farooqi, 2014; Barling & 

Macyntire, 1993; Hockey, 1997), and previous research has shown that they can change 

within individuals over time (Bakker et al., 2015; Schreurs et al., 2012; Fifield et al., 

2004; Totterdell et al., 2006). Second, within the job demands-resources theory (JD-R, 

Bakker & Demerouti, 2017; 2018), social support is seen as a key job resource (i.e., work 

characteristics that are beneficial for the employee because they are stimulating or help 

them to achieve goals) that is positively related to AWB, whereas work overload is seen 

as a key job demand (i.e., work characteristics that cost the employee energy) that is 

negatively related to AWB. And third, both social support and work overload are 

susceptible to workplace interventions (Heaney, 1991; Kelloway et al., 2008; Salanova et 

al., 2013; Limm et al., 2011; Wagner et al., 2015), which means that changes in these 
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variables can be targeted actively by organizational practitioners and may represent 

actionable levers for changes in workplace mood. 

A related problem has to do with how dynamic mood predictors (i.e., social 

support and work overload) are related to the dynamic dimensions of mood: Positive 

mood (PM) (extended episodes of positive affectivity, such as joy and happiness), and 

negative mood (NM) (extended periods of negative affectivity, such as tension and 

anxiety) (George & Zhou, 2007). As we already mentioned, there is some consensus in 

the affect literature that the two variables are different dimensions that should be 

investigated separately and may show relationships with different predictors (Crawford & 

Henry, 2004; Watson et al., 1988, Yik et al., 2011). JD-R theory offers a theoretical 

framework with which to investigate these relationships. 

The original JD-R theory suggested that job demands and resources follow two 

completely independent processes in influencing workplace mood: job resources, via 

employee motivation, lead to increased PM, creating a gain path, whereas hindrance job 

demands, via employee strain, lead to increased NM, creating a loss path (Bakker & 

Demerouti, 2017; 2018). However, several studies that have used between-person 

approaches and included meta-analytical evidence (e.g., Alarcon, 2011; Crawford et al., 

2010) have found, in addition to these dual gain and loss paths, cross-links between job 

resources and demands and mood dimensions: job resources may reduce NM, whereas 

job demands may decrease PM. Bakker and Demerouti (2017) claim that this is one 

unresolved aspect of the relationships described by the JD-R model. It is important to 

shed more light on these paths for several reasons. From a theoretical perspective, we 
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could deepen our understanding of the duality of processes within the JD-R model. 

According to Bakker and Demerouti (2017), results supporting cross-links largely appear 

in cross-sectional research. They posit that these effects may be an artifact created by 

inadequate research designs. Exploring these relationships in a longitudinal design will 

help to clear up this premise. From a practical point of view, understanding whether 

cross-links exist will provide useful information for developing interventions to influence 

mood via changing job demands and resources. If cross-links are supported, changes in 

both mood dimensions, PM and NM, may be leveraged by actively intervening on either 

job demands or resources, rather than both.  

Thus, the second goal of this study is to ascertain which of the two models (dual-

path vs. cross-links) best describes the dynamic relationship between social support and 

work overload, on the one hand, and PM and NM, on the other. In doing so, we also 

contribute to building knowledge consensus (Hollenbeck, 2008), showing which of the 

two models provides the most fitting description of the relationships between work 

overload, social support, and mood in the workplace. From a practical perspective, this 

knowledge would provide some indications for managing, stabilizing, or increasing 

employee moods in the workplace over time. Results can highlight how to use malleable 

workplace characteristics – social support and work overload – to deliberately steer 

employee mood in a favorable direction over time, providing a leverage point for mood-

focused interventions in the workplace.   

The two competing path models are represented in Figure 3. 
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Figure 3. Research models: Dual-path model vs. cross-linked model 

5.1 Within-person change in mood, work overload, and social support 

Adaptation level theory (ALT, Brickman & Campbell, 1971) offers a perspective 

for understanding mood fluctuations within individuals. ALT states that every person has 

an individual set-point in PM and NM, determined by personal characteristics. With a 

change in the external situation, mood will also change for a certain amount of time. For 

instance, a positive event (e.g., a promotion) may lead to increased PM and/or decreased 

NM, whereas a negative event (e.g., a leader’s reprimand) may lead to decreased PM and 

/or increased NM. However, over time, individuals adapt to the changed situation and 

return to their set-point. Given that these kinds of environmental changes occur 

frequently in the workplace and are quite varied in their nature (Ashton-James & 

Ashkanasy, 2005), ALT suggests that there should be marked increases and decreases in 

workplace mood, leading to a non-linear change pattern in mood over time. More 

specifically, this trajectory is expected to be quadratic: whenever an individual’s mood 

varies, it will eventually revert back to its set-point after some time. Thus, we 

hypothesize the following: 
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Hypothesis 5: Change in PM (H5a) and NM (H5b) over time follows a non-linear 

trajectory, so that after an initial deviation (increase or decrease) from the starting level, 

mood will tend to go back to its starting point. 

Like moods, perceptions of job demands and resources may change within 

individuals over time (Jong & Ford, 2016). In the case of workload, it is reasonable to 

expect that, as time passes, employees will gain knowledge and develop better skills 

(Gallie et al., 2012) and coping strategies (Chaaban & Du, 2017) for dealing with 

situations that involve a higher workload. Hence, although these situations may be 

interpreted as threatening at first, over time, as employees gain experience and 

knowledge, they will be able to deal with them better and feel less overloaded. With time, 

perceptions of work overload should decline until stabilizing at a relatively lower level. 

Based on these arguments, we hypothesize the following: 

Hypothesis 6: Change in perceived work overload over time follows a non-linear, 

declining trajectory, so that after an initial decrease, perceived work overload will 

tend to stabilize. 

In the case of social support, as time passes and employees remain in the same 

organization, they will have the opportunity to form stronger bonds and richer 

interpersonal relationships in their work environment (Cole, 1991). These relationships 

can serve as a source of social support, a key resource to replenish energy (Madsen et al., 

2005; Dolcos & Daley, 2009). COR theory (Hobfoll, 1989) postulates that individuals try 

to maintain the resources they have and acquire more resources over time (Halbesleben et 

al., 2014). Based on this theory, we expect individuals to accumulate more social support 
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over time. Of course, at some point, individuals will have acquired a stabilized level of 

social support because no further social resources will be available in their specific work 

environment. Hence, there should be a ceiling effect in the increasing perceptions of 

social support. Based on these arguments, we hypothesize the following: 

Hypothesis 7: Change in perceived social support over time follows a non-linear, 

increasing trajectory, so that after an initial increase, perceived social support will 

tend to stabilize.  

5.2 A dual-path model of work overload, social support, and mood 

The JD-R (Bakker & Demerouti, 2017) is a theoretical framework that explains 

the relationship between certain job demands, resources, and AWB indicators such as 

mood.  

The JD-R theory postulates two parallel processes that influence the development 

of an individual’s mood at work over time: a health impairment or loss path, and a 

motivational or gain path. The loss path is a (mental) health impairing process, where 

hindrance job demands (job demands that require such high energy expenditure that the 

individual is not able to recover and starts to perceive the demands as threatening; 

Meijman & Mulder, 1998) lead to employees’ emotional depletion, increasing the 

experience of negative well-being indicators such as NM (Bakker, 2015; Bakker & 

Demerouti, 2018). The gain path is a motivational process, with job resources improving 

employees’ motivational states in the workplace, ultimately increasing experiences of 

positive well-being indicators such as PM (Bakker, 2015; Bakker & Demerouti, 2018). 

Whereas the original JD-R theory focused on static between-person relationships between 
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job demands and resources, on the one hand, and employee well-being, on the other 

(Demerouti et al., 2001), more recent conceptualizations have transposed the model into a 

dynamic within-person perspective (Bakker, 2015). From this perspective, within-person 

changes in resources and hindrance demands show differentiated relationships with 

within-person changes in positive and negative well-being indicators via the gain path 

and the loss path, respectively.  

Focusing on social support as a resource, JD-R theory describes a positive 

relationship between within-person change in social support and within-person change in 

positive well-being indicators such as PM, via the gain path, based on the following 

mechanisms. At any given point in time, as a resource, social support triggers a 

motivational process by providing employees with meaningfulness and energy at work, 

leading to the experience of PM (Bakker, 2015; Mäkikangas et al., 2010). In addition, 

according to COR theory, employees have a deep-seated desire to accumulate more 

resources, such as social support, over time (Hobfoll, 1989). From a dynamic perspective, 

within-person change in social support and change in PM are positively related via this 

motivational process: as individuals follow their desire to accumulate more social support 

from one week to another (Hobfoll, 1989; Hobfoll, 2002), motivational processes that 

foster positive affective states are strengthened, leading to growing PM across the weeks. 

In contrast, if an individual fails to fulfill the desire to accumulate more social support 

over time, their PM will be hampered. Hence, we posit that change in social support over 

time is positively related to change in PM over time. Although the social support – PM 

relationship has been extensively supported from a static between-person perspective 
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(e.g., Murrel et al., 1992; Rhoades & Eisenberger, 2002; Steptoe et al., 2009; Hodges & 

Winstanley, 2012; Tu & Yang, 2016), given the considerations above, we expect the 

relationship to transfer to the within-person level based on the gain path in the dynamic 

JD-R model, as well as the notions of COR theory. 

Hypothesis 8: There is a positive relationship between change in social support 

over time and change in PM over time.   

Within the JD-R framework, work overload is one of the classic hindrance job 

demands investigated from an occupational health perspective. The experience of work 

overload exhausts the physical and mental capacities of employees, which leads to 

increased negative AWB indicators, such as NM, as a direct consequence (Baeriswyl et 

al., 2016). Empirical research has supported this relationship from a between-person 

perspective in a variety of contexts and situations (e.g., Bolger et al., 1989; Geurts et al., 

2003; Mroczek & Almeida, 2004; Fritz & Sonnentag, 2006; Matthews et al., 2006; van 

Emmerik & Jawahar, 2006). Within the dynamic application of JD-R theory, this 

relationship can be transferred to the within-person level (Bakker, 2015): if experiences 

of work overload increase for an individual over time, exhaustion and depletion of energy 

will also accumulate over time, leading to a growing experience of NM. In contrast, if an 

individual experiences a decrease in work overload over time, they will feel increasingly 

less exhausted and, hence, experience a decrease in negative affective states over time. 

Given these considerations, we expect change in work overload and change in NM to be 

positively related via the loss path in the JD-R model.  
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Hypothesis 9: There is a positive relationship between change in work overload 

over time and change in NM over time.  

5.3 A cross-linked model of work overload, social support, and mood 

Initially, the JD-R suggested that changes in job resources are related to changes 

in positive well-being indicators (such as PM), but not to changes in negative well-being 

indicators (such as NM). Likewise, changes in job demands were thought to predict 

changes in negative well-being indicators, but not changes in positive well-being 

indicators (Bakker, 2015; Demerouti et al., 2001). Contrary to this original paradigm, 

there is now a large amount of empirical evidence for cross-links between the two 

processes. Cross-links refer to relationships that go beyond the already established loss 

and gain path relationships: changes in job demands not only increase NM, but they also 

decrease PM, and changes in job resources not only increase PM, but they also decrease 

NM (e.g., Alarcon, 2011; Crawford et al., 2010; Schaufeli & Bakker, 2004).  A large 

number of findings that support the existence of cross-links are from a between-person 

perspective, applying cross-sectional or time-lagged designs, which leads to the 

possibility of these relationships being a byproduct of suboptimal research approaches 

(Bakker & Demerouti, 2017). In the present study, we want to test the dual-path model, 

described above, and compare it to a model containing the cross-linked relationships 

within our dynamic within-person approach, with the goal of investigating which of the 

two models provides a better fit to our data.  

COR theory (Hobfoll et al., 2000) explains why within-person change in social 

support has the potential to influence change in NM, creating a dynamic cross-linked 
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relationship. According to this theory, when social support is threatened, lost, or depleted, 

this is a stressor in itself, leading to feelings of emotional exhaustion and the experience 

of NM (Hobfoll & Freedy, 1993). Employees whose experience of social support is 

limited will accumulate strain experiences, leading to more negative affective responses 

over time; employees with a growing social support network, however, will become 

better able to protect themselves from strain experiences and the negative affective 

responses they bring, leading to a decrease in negative affect over time (Lee & Ashforth, 

1996). Therefore, change in social support is assumed to have a negative relationship 

with change in NM (Crawford et al., 2010). Empirical studies support the cross-link 

between social support and mood from a between-person perspective, with higher social 

support perceptions leading to fewer experiences of NM (e.g., Barnett et al., 2019; Mahan 

et al., 2010). Given the considerations above, it is reasonable to expect that the cross-

linked relationship may translate into the dynamic intra-individual perspective: over time, 

an individual who receives regular social support will build a strong social network and 

become less susceptible to strain experiences, such as lack or loss of support, producing 

NM. 

Hypothesis 10: There is a negative relationship between change in social support 

over time and change in NM over time.   

For within-person change in work overload, there may be a cross-linked 

relationship with change in PM, in addition to the direct link to change in NM. We 

conceptualize work overload as a hindrance demand, which means that the workload is 

associated with an experience of threat and pressure. When a hindrance demand increases 
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over time, the effort and energy invested in dealing with this demand actively interfere 

with motivational processes in the JD-R (Crawford et al., 2010): when faced with a 

growing hindrance demand, over time, an individual will increasingly feel unable to 

manage it, regardless of the energy invested - ultimately leading to a reduction in positive 

affective responses to their work (Harter et al., 2002; May et al., 2004; Porath & Erez, 

2009). Previous research has sporadically found a negative cross-linked relationship 

between work overload and PM (e.g., Davydov et al., 2005). However, to date, we have 

not encountered a study that has tested this relationship from a dynamic intra-individual 

perspective. Even so, based on the theoretical explanation presented above, we expect a 

dynamic within-person relationship between work overload and PM.  

Hypothesis 11: There is a negative relationship between change in work overload 

over time and change in PM over time. 

5.5 Participants & Procedure 

The sample used in this study corresponds to the main sample described in 

chapter 2. Data were collected from October 2016 through January 2017 via a market 

research company that managed a respondent panel. Respondents filled in an online 

questionnaire once a week for 12 consecutive weeks (measurement points: T1-T12). Data 

collection yielded a total of 3662 completed questionnaires by 458 respondents. The 

mean age way 39.6 years (SD = 10.3), and 50.8% of the sample were female. Otherwise, 

the sample provided a diverse mapping of the Spanish workforce in terms of sector and 

industry, education, tenure, and hierarchy level.  
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5.6 Instruments 

Work overload. Weekly work overload was measured with three items from the 

workload distress subscale of the VEDAS (Valencian Eustress Distress Appraisal Scale; 

Rodríguez et al., 2013) at all 12 measurement points. Participants responded to the items 

(“During the last week, to what extent did you feel stressed or pressured by working long 

hours?” / “… by having to bring work home?” / “… by being unable to disconnect from 

work in your free time?”) on a 5-point Likert scale ranging from 1. “Very little” to 5. 

“Very much”. Scale reliability was satisfactory with a mean Cronbach’s α across 

measurement times of .84 (SD = .02; range: .80-.86). Within-subject reliability as 

estimated by the corresponding omega coefficient was satisfactory at Ω = .80.  

Social support. Weekly workplace social support perceptions were measured 

with three items from the social support scale described by González-Romá et al. (2002) 

at all 12 measurement points. Participants responded to the items (“During the last week, 

my coworkers have helped me to get on with my work” / “… my relationships with my 

coworkers have been great” / “… my coworkers have shown interest and support for my 

personal problems”) on a 6-point Likert scale ranging from 1. “Completely disagree” to 

6. “Completely agree”. Scale reliability was satisfactory, with a mean Cronbach’s α 

across measurement times of .85 (SD = .04; range: .78-.92). Within-subject reliability, as 

estimated by the corresponding omega coefficient, was satisfactory at Ω = .82.  

For each individual study variable, we performed a longitudinal confirmatory 

factor analysis with the goal of establishing measurement invariance of the different 

constructs across time. We first assessed a configural base model per variable by fitting 
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the three items for the variable in question to a single factor across the 12 measurement 

times. We then imposed a number of consecutive constraints on the model, testing first 

for weak invariance by constraining factor loadings to be equal over time, then for strong 

invariance by constraining item intercepts to be equal over time, and finally for strict 

invariance by constraining item residual terms to be equal over time (see Meredith, 

1993). First, we evaluated overall fit for each model. As in studies 1 and 2, we used the 

recommended fit indices for this evaluation:the comparative fit index (CFI), the root 

mean square error of approximation (RMSEA) (Xia & Yang, 2019), and the standardized 

root mean squared residual (SRMR) (Pavlov et al., 2020). Generally, the CFI is 

considered to indicate a good fit at a value of ≥ .95, the RMSEA is deemed acceptable at 

a value of ≤ .06, and the SRMR is acceptable at a value of ≤ .08 (Hu & Bentler, 1999). 

After independently evaluating the goodness of fit for each model, we compared each 

model with the next most restrictive one, evaluating increments in CFI, RMSEA, and 

SRMR (Putnick & Bornstein, 2016; Rutkowski & Svetina, 2014). Typically, when the 

differences in these three fit indices are smaller than .01, this is considered an indication 

of a similar fit of the two models, whereas a difference ≥ .01 indicates a substantial 

difference, favoring the model with a smaller RMSEA or SRMR, or a larger CFI (Cheung 

& Rensvold, 2002). Results showed a similar fit for all the models with their respective 

more restrictive models, indicating that strict invariance over time was supported in all 

study variables (see Table 13).  
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Table 13 

Fit indices for factorial invariance at the configural, metric, scalar, and strict level 

across 12 measurement times  

Variable Invariance 

level 

χ2 (df)  RMSEA CFI SRMR 

Positive  

Mood 

Configural 359.44** 

(330) 

 .015 .997 .026 

Metric 377.19** 

(352) 

 .013 .997 .028 

Scalar 383.87** 

(362) 

 .012 .998 .029 

Strict 437.43** 

(377) 

 .020 .994 .028 

Negative 

Mood 

Configural 540.02** 

(330) 

 .037 .983 .027 

Metric 563.81** 

(352) 

 .036 .983 .028 

Scalar 568.85** 

(362) 

 .035 .983 .028 

Strict 605.26** 

(377) 

 .036 .982 .030 

Social  

Support 

Configural 617.07** 

(330) 

 .040 .972 .034 

Metric 623.24** 

(352) 

 .041 .973 .038 

Scalar 654.91** 

(362) 

 .041 .972 .038 

Strict 689.16** 

(377) 

 .043 .970 .040 

Work  

Overload 

Configural 461.41** 

(330) 

 .029 .988 .036 

Metric 518.04** 

(352) 

 .029 .988 .042 

Scalar 524.01** 

(362) 

 .030 .986 .045 

Strict 559.26** 

(377) 

 .031 .980 .047 

Note. ** p<.001 level; RMSEA: Root Mean Square Error of Approximation, CFI: Comparative Fit Index, 

SRMR: Standardized Root Mean Square Residual  
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Control variables. Previous research has shown effects of age on within-person changes 

in affective variables. Specifically, younger adults show stronger fluctuations in positive 

and negative affective states than older adults, probably due to emotional regulation skills 

that are built and strengthened throughout the lifespan (Röcke et al., 2009). Similarly, 

gender influences within-person changes in mood, with women experiencing more mood 

variability, especially in PM, than men (Hedeker & Nordgren, 2013). Thus, we controlled 

for the effects of these two demographic variables.  

5.7 Analytical strategy 

We used Mplus version 8 (Muthén & Muthén, 2017) for all statistical analyses. 

We applied latent growth curve analysis with maximum likelihood estimation to detect 

the best fitting trajectory model to describe the change in each study variable over time 

and test hypotheses H1a, H1b, H2, and H3. To do so, we independently modeled a linear 

and a quadratic latent change trajectory of the data for each study variable (y) over time 

(x). The linear models included two latent parameters, an intercept i and a linear slope s, 

to represent linear change, and the error term, e (y = i + sx + e). The quadratic models 

included three latent parameters, an intercept i, a linear slope s, and a quadratic slope q, to 

represent non-linear change, and the error term, e (y = i + sx + qx2 + e). We evaluated 

the fit of the linear model and the quadratic model for each variable, and we compared 

the fit of the two trajectory models. To do so, we used the differences in CFI, RMSEA, 

and SRMR, as described above, and we evaluated differences between models with the 

Bayesian information criterion (BIC) and the Akaike information criterion (AIC) because 

these indices are recommended for comparing latent growth models (Kim et al., 2018). 
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Models with smaller BIC and AIC values are considered better fitting if the difference 

exceeds 2 in the case of BIC and 4 in the case of AIC (Burnham & Anderson, 2004; Kim 

et al., 2018). Finally, we also evaluated whether differences in the χ2 test statistic were 

significant between models.  

Our strategy for testing hypotheses H4 through H7 was to model the relationships 

between the change parameters in the different study variables of the selected models 

from the previous step. First, we modeled the dual-path model, which contained only the 

direct links from change in social support to change in PM (H4) and from change in work 

overload to change in NM (H5), and we evaluated the fit of this model. Then, we 

estimated the cross-linked model, which contained the cross-linked paths from change in 

social support to change in NM (H6) and from change in work overload to change in PM 

(H7), in addition to the direct links, and we evaluated the fit. Finally, we compared the fit 

of the two models. Given that prior research has shown that within-person variability in 

PM and within-person variability in NM share a considerable amount of variance (Larsen 

& Diener, 1987), we freely estimated the correlations between all the change parameters 

(intercepts, linear slopes, and quadratic slopes) in PM and NM in both the dual-path and 

cross-linked path models. 

5.8 Results 

Trajectory shapes  

 Using latent growth analysis with maximum likelihood model estimation, we 

modeled the data for all the study variables to fit a linear trajectory and a quadratic 

trajectory. As Table 14 shows, for PM, the quadratic model showed a better fit to the data 
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than the linear model: all differences in fit indices (AIC, BIC, RMSEA, CFI, SRMR, χ2) 

favored the quadratic model. Hypothesis 5a posited that PM follows a non-linear 

trajectory where, after an initial deviation from the starting level mood, the trajectory 

tends to go back to its starting point. The quadratic trajectory shown in Figure 4 for PM is 

congruent with this hypothesis.  

For NM, the quadratic model showed a better fit to data than the linear model (see 

Table 14). With the exception of the difference in RMSEA, all differences in fit indices 

favor the quadratic model. Even though the increment in RMSEA is just short of the cut-

off point of .01, overall the fit indices show a better fit for the quadratic model. 

Hypothesis 5b posited that NM follows a non-linear trajectory where, after an initial 

deviation from the starting level mood, the trajectory tends to return to its starting point. 

The estimated quadratic trajectory for NM is congruent with this hypothesis (see Figure 

4). 

For work overload, the quadratic model showed a better fit to data, with all 

differences in fit indices favoring the quadratic model over the linear model (see Table 

14). Hypothesis 6 posited that work overload over time follows a non-linear, declining 

trajectory, so that after an initial decrease, it tends to stabilize. The estimated quadratic 

trajectory for work overload is consistent with this expectation (see Figure 4). It should 

be noted here that, despite the better fit of the quadratic model, the mean quadratic slope 

for work overload was not statistically significant (see Table 15). However, the model 

comparison approach used indicated that this parameter was relevant. 
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In the case of social support, the quadratic model also showed a better fit to data 

than the linear model (see Table 14). Again, all differences in fit indices favored the 

quadratic model. Figure 4 displays the mean trajectory associated with the quadratic 

model for social support. Hypothesis 7 posited that change in perceived social support 

over time follows a non-linear, increasing trajectory where, after an initial increase, 

perceived social support tends to stabilize. The trajectory displayed in Figure 4 for social 

support is not congruent with the hypothesized trajectory. According to Figure 4, social 

support decreased and then tended to return to its starting value. Thus, Hypothesis 7 was 

not supported. 

 

Figure 4. Mean trajectories on 5-point Likert-scale (in the case of PM, NM, and work 

overload) and 6-point Likert-scale (in the case of social support) over time. The grey 

continuous line represents linear trajectories, and the dotted line represents quadratic 

trajectories. 
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Table 14 

Fit indicators for latent growth models  

  Positive  

Mood 

Negative  

Mood 

Work  

Overload 

Social  

Support 

Linear  

model 

χ2 (df) 91.53 (73)* 165.50 (73)** 222.50 (73)** 142.28 

(73)** 

AIC 7288.21 7534.96 6782.25 8049.78 

BIC 7234.28 7605.11 6852.40 8119.94 

RMSEA .052 .053 .067 .047 

CFI .978 .971 .961 .976 

SRMR .069 .052 .059 .060 

Quadratic  

model 

χ2 (df) 81.75 (69)* 129.09 (69)** 166.64 (69)** 109.66 (69)* 

AIC 7156.60 7506.54 6734.39 8020.16 

BIC 7233.26 7593.21 6821.05 8106.83 

RMSEA .039 .044 .056 .036 

CFI .990 .981 .974 .987 

SRMR .057 .039 .041 .038 

 Δ χ2 9.78* 36.41** 92.27** 32.62** 

 Δ AIC 61.48 28.41 47.86 29.62 

 Δ BIC 54.66 11.90 31.35 13.11 

Difference  Δ RMSEA .013 .009 .011 .011 

 Δ CFI -.012 -.010 -.013 -.011  

 Δ SRMR .012 .013 .018 .022  

Note. *significant at p<.05 level; ** significant at p<.001 level; RMSEA: Root Mean Square Error of 

Approximation, CFI: Comparative Fit Index, SRMR: Standardized Root Mean Square Residual 
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Table 15 shows the estimated means and variances for each growth trajectory 

parameter (intercept, linear growth parameter and quadratic growth parameter) in the best 

fitting model (the quadratic model).  

Table 15 

Means and variance in latent growth parameters for the best fitting model (the quadratic 

model) for all study variables. 

  Mean S.E. Variance S.E. 

Intercepts 

Positive mood  2.26** .07 1.06** .10 

Negative mood 2.69** .05 .68** .06 

Work overload 2.45** .06 .73** .06 

Social support 4.08** .05 .78** .07 

Linear  

slope 

terms 

Positive mood  .23** .02 .14** .01 

Negative mood -.05** .01 .02** <.01 

Work overload -.03* .05 .03** <.01 

Social support -.04* .01 .02** <.01 

Quadratic  

slope 

terms 

Positive mood -.014** <.01 .001** <.01 

Negative mood .003* <.01 .001* <.01 

Work overload .001 <.01 .001** <.01 

Social support .003* <.01 .001* <.01 

Note: S.E.: Standard Error; * p<.05; ** p<.001; one-tailed 

 

Path models 

We modeled the dual-path model and the cross-linked path model based on the 

best-fitting trajectory models for each study variable. That is, we modeled the 
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relationships among the three latent parameters (intercept, linear slope, and quadratic 

slope) for the non-linear solutions (see Figure 5). We then tested Hypotheses 4 through 7, 

focusing on the relationships between the quadratic change slopes in each variable. The 

quadratic change parameters define the curvilinear shape of the trajectories. Hence the 

relationships between these parameters are the most relevant when determining whether 

the shape of the change trajectory in one variable impacts the change trajectory of another 

variable.       

 

Figure 5. Relationships between parameters modeled in the two comparative path models: 

continuous arrows show the direct relationships modeled in the dual-path model, dashed 

arrows show the additional cross-linked relationships modeled in the cross-linked model. 

Intercepts, linear slopes, and quadratic terms for each variable were allowed to correlate. 

For simplicity, these relationships are not depicted.  

 

Unfortunately, the path models did not converge using the maximum likelihood 

approach described in the analysis section. It is not uncommon for conventional 

estimation methods to fail when estimating complex models such as the ones examined 
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here. As a solution, we chose to utilize Bayesian estimation methods with default priors 

because they tend to lead to fewer convergence problems when working with complex 

models (Helm et al., 2017). In addition, Bayesian model selection criteria have been 

shown to be a more valid model selection tool, compared to the more common frequentist 

fit indices, especially when model complexity is high (Lu et al., 2017).  

To evaluate the fit of each individual model (dual-path model and cross-linked 

model), we used the Bayesian versions of the RMSEA and CFI fit indices. Similar to the 

frequentist approach, a RMSEA <.08 and a CFI <.95 are considered indications of 

satisfactory model fit (Asparouhov & Muthén, 2020; Garnier-Villareal & Jorgensen, 

2020).  In addition, we used the Gelman-Rubin criterion (also called potential scale 

reduction or PSR) to evaluate model convergence, which can be assumed at a PSR <1.05 

(Liang, 2020).  

For comparative model analysis, we used two Bayesian comparative fit indices, 

Schwarze’s (1978) Bayesian information criterion (BIC) and the deviation information 

criterion (DIC; Spiegelhalter et al., 2002). Both criteria have a comparative nature, 

indicating that the model with the smaller BIC and DIC values provides a better fit to the 

data and should be selected (Kass & Raftery, 1995; Spiegelhalter et al., 2014; Vrieze, 

2012). In addition, we estimated the Bayes factor (BF) based on the models’ BICs 

(𝐵𝐹𝑀1,𝑀2 =  𝑒
𝐵𝐼𝐶𝑀2− 𝐵𝐼𝐶𝑀1

2 ), as suggested by Jarosz and Wiley (2014). The BF depicts the 

ratio of the likelihood of data fitting the null hypothesis or Model 1 (here, the dual-path 

model) and the likelihood of data fitting an alternative hypothesis or Model 2 (here, the 

cross-linked model). Hence, it indicates how strongly the empirical evidence favors one 
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model over the other (Jarosz & Wiley, 2014). Following the recommendations for 

interpretation of the BF by Kass and Raftery (1995), a BFM1, M2 < 1 indicates support for 

Model 2, whereas a BFM1, M2 ≥ 1 indicates support for Model 1. Although researchers 

often use the posterior p-value (PPP) to evaluate the model fit of Bayesian models, we 

decided against this approach. Much like the χ2 test, the PPP is very responsive to 

negligible deviations from the hypothesized model, leading to a high likelihood of 

rejecting well-fitting models, especially in studies with a large sample size (Hoofs et al., 

2018; Hoijtink & Van de Schoot, 2018). Because of this limitation, in Bayesian studies 

with large sample sizes, the recommendation is to evaluate model fit using the Bayes 

Factor and information criteria, such as BIC and DIC, as well as the BF, rather than the 

PPP (Garnier-Villareal & Jorgensen, 2020). 

At 25000 iterations, both models reached convergence based on the PSR value. 

Model fit was satisfactory for both the dual-path model (RMSEA = .030; CFI = .964) and 

the cross-linked model (RMSEA = .028; CFI = .969). Comparative path model analysis 

with Bayesian estimation methods favored the cross-linked model. Both the BIC (Δ Cross 

links - dual paths = -37.59) and the DIC (Δ Cross links - dual paths = -61.85) were substantially 

smaller for the cross-linked model, indicating a better model fit. Table 16 shows model fit 

indices for the two tested models. With a BF dual paths, cross links < .001, results suggest strong 

support for a better fit of the cross-linked path model. 
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Table 16 

Fit indices for the dual-path model and the cross-linked path model.   

 PSR DIC BIC RMSEA CFI 

Dual paths 1.03 28571.33 29078.15 .030 .964 

Cross-linked paths 1.02 28509.48 29040.56 .028 .969 

Note. PSR: Potential Scale Reduction; DIC:  Deviance Information Criterion; BIC: Bayesian Information 

Criterion; RMSEA: Root Mean Square Error of Approximation; CFI: Comparative Fit Index 

 

Hypothesis 8 posited that the non-linear change trajectory in social support would 

be positively related to change in PM. The better fitting cross-linked path model 

supported this, with a positive relationship between the quadratic slopes (β = .53, p < 

.001) in both variables. Hypothesis 9 suggested a positive relationship between change in 

work overload and change in NM. We found a significant positive relationship between 

the quadratic slopes in the two variables, (β = .67, p < .001), thus supporting this 

hypothesis.  Hypothesis 10 suggested a cross-link between change in social support and 

change in NM. A significant negative relationship between the quadratic slopes (β = -.28, 

p = .001) in the two variables rendered support for this hypothesis. Lastly, Hypothesis 11 

posited that change in work overload would be negatively related to change in PM. We 

found a negative relationship between the quadratic slopes in the two variables, thus 

supporting this hypothesis (β = -.26, p < .001). Table 17 shows all path coefficients for 

the cross-linked model, including the effects of the control variables.  
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Table 17  

Standardized path model results for the cross-linked path model 

 Positive Mood 

 

Negative Mood 

 

 

Intercept Linear  

slope 

Quad.  

slope 

Intercept Linear  

slope 

Quad.  

slope 

Predictor 

 

B  SE B  SE B  SE B  SE B  SE B  SE 

Sex 

 
-.07 .05 .09 .09 -.06 .10 .13** .04 -.15* .07 .18* .08 

Age 

 
-.02 .05 -.10 .08 .09 .10 .00 .04 .03 .07 -.05 .08 

Intercept  

SS 
.55** .05 - - - - -.25** .04 - - - - 

Linear  

slope SS 
- - .52** .08 - - - - -.15* .06 - - 

Quadratic 

slope SS 
- - - - .53** .09 - - - - -.26** .08 

Intercept 

Overload 
-.10* .05 - - - - .65** .03 - - - - 

Lin. slope 

Overload 
- - -.31** .08 - - - - .73** .06 - - 

Quad. slope 

Overload 
- - - - -.28* .10 - - - - .67** .07 

*p<.05; ** p<.001; two-tailed 

 

5.9 Discussion 

Our study’s intention was to investigate the shape of within-person change 

trajectories of workplace social support perceptions, work overload perceptions, and 

mood, and gain insight into the dynamic relationship over time of social support and 

work overload, on the one hand, and workplace mood, on the other. Our results showed 

that all four study variables followed a non-linear trajectory (quadratic) rather than a 
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linear change trajectory. Specifically, PM followed an inverted U-shaped trajectory, NM 

and social support followed a U-shaped trajectory, and work overload followed a 

quadratic trajectory that approached stability after an initial decline. Comparative path 

analysis indicated that a cross-linked model depicts the dynamic relationships between 

mood, social support, and work overload more accurately than a dual-path model: a 

curvilinear change in work overload was positively related to a curvilinear change in NM 

and negatively related to a curvilinear change in PM, whereas a curvilinear change in 

social support was positively related to a curvilinear change in PM and negatively related 

to a curvilinear change in NM.  

Theoretical implications and future research. Our study has a number of theoretical 

implications. First, it provides a theoretical explanation for the non-linear within-person 

development of workplace PM and NM over time, based on adaptation level theory: 

changes in the external situation can influence PM and NM for a short period of time, but 

after that, individuals tend to return to their personal mood set-point (Brickman & 

Campbell, 1971). Our results provide support for this explanation. Future research could 

verify these findings by focusing on the external changes that occur in a certain time 

period and linking them to the induced changes in PM and NM, for instance, by using the 

day reconstruction method (Kahneman et al., 2004).  

Similarly, our study contributes a theoretical explanation for the within-person 

trajectory shape of work overload over time: workload is perceived as less threatening 

over time as individuals gain more knowledge, skills, abilities, and work experience, and 

develop coping strategies that are specific to the job and tasks at hand. It then approaches 
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stability at a relatively low level. Our findings support this expected trajectory. Future 

studies focusing on within-person change in work overload should more closely examine 

the theoretically suggested mechanisms. For instance, it would be interesting to 

understand which dispositional coping styles and behavioral coping strategies lead to a 

faster decrease in perceived work overload and an earlier stabilization at a low baseline 

(e.g., emotion focused vs. problem focused coping; see Folkman & Lazarus, 1991).   

In the case of social support, our theoretical proposal for a within-person 

trajectory shape over time, based on COR theory (Hobfoll, 1989), was not supported by 

our findings. Rather than an initial increase in the mean trajectory of social support that 

stabilizes at a ceiling level, as hypothesized, results show an initial decline in social 

support over time, stabilizing at a floor level. One explanation for this could be the 

evolution of support seeking behaviors over time. The less time an individual has spent in 

a job, role, or organization, the more likely they are to actively seek out coworkers’ 

support (Holton & Russell, 1999; Morrisson, 1993). Over time, with subsiding support-

seeking behaviors, social support is prompted less and, hence, decreases until reaching a 

baseline. Future research should more thoroughly investigate within-person fluctuations 

in perceived social support in the workplace over time, taking into account potential 

mechanisms such as support-seeking behaviors.  

Even though the mean trajectories of PM, NM, and work overload followed the 

hypothesized shapes, there was a considerable amount of inter-individual heterogeneity 

in all the study variables. Although it is true that, overall, perceptions will usually follow 

a general trend over time, there will always be some individuals whose perceptions will 
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not change, or they may even change in the opposite direction, during the same period of 

time (Laursen & Hoff, 2006; Mäkikangas et al., 2010; Mroczek et al., 2006). Future 

research could explain this between-person heterogeneity in within-person changes in our 

study variables. This could include examining inter-individual differences such as Big 5 

personality traits, resilience, or coping strategies. 

Lastly and arguably most importantly, this study contributes new insights into the 

relationships in the JD-R model. Our findings support the existence of so-called cross-

links, the negative relationships between job resources and negative well-being 

indicators, and between job demands and positive well-being indicators. These 

relationships, despite receiving some support in past research, were not considered 

relevant in the latest JD-R model revisions (Bakker & Demerouti, 2017, 2018). Our study 

offers empirical support for cross-linked relationships from a dynamic within-person 

perspective. This adds another point of view to the body of literature that previously 

supported these relationships using cross-sectional and meta-analytic approaches (e.g., 

Alarcon, 2011; Crawford et al., 2010). Therefore, we recommend including cross-links as 

a valid and important aspect of the JD-R in future revisions of the model.  

Practical implications. Our results also have some practical implications for HR 

and organizational development practitioners. Considering the relationship between 

workplace mood and performance-related outcomes (e.g., creative performance: Davis, 

2009; task performance: Miner & Glomb, 2010; performance variability: Kampf et al., 

2021), a primary concern is to keep employees’ moods positive and predictable over 

time. The study results present two powerful levers to achieve this: social support and 
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work overload. Interventions designed to lead to an increase in social support over time 

are likely, therefore, to increase PM and decrease NM over time. For example, creating 

and promoting a supportive work environment and cultivating a culture where mutual 

support is encouraged and expected will increase AWB among employees over time. In 

terms of work overload, preventing employees from experiencing demanding levels of 

work overload over time is important in order to stabilize their levels of AWB in the 

workplace. Although the objective amount of workload cannot always be controlled, 

there are ways for management to ensure that work overload perceptions do not increase 

over time, such as compensating for periods of overtime by giving additional time off. In 

situations where this is not possible, our results highlight the importance of equipping 

employees with the skills to cope with high workloads, so that they will not perceive 

them as a consistent threat over time and keep NM from increasing and PM from 

decreasing.  

Limitations and strengths. Our study has some limitations from a 

methodological perspective. First, all our study variables were collected using self-report 

survey data. This produces the risk of common method and common source bias, 

artificially inflating some of the relationships. However, some of our study variables 

show weak correlations with each other, indicating that the risk of inflated results is low 

(Spector, 2006). However, for future research, we recommend incorporating different 

data collection methods and varying sources into the research design to reduce this risk. 

Second, to implement our longitudinal approach, we chose a time frame of twelve weeks. 

It is unclear whether this is the ideal time span to study the trajectory of workplace well-
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being and its antecedents over time. Researchers investigating this topic with a dynamic 

perspective in the future might benefit from adopting a longer time period in their 

research designs, given that it might help them to interpret the results in a more 

differentiated way. Furthermore, as for studies 1 and 2, we used a response panel service 

in this study, which generates the possibility of attrition bias: it is possible that 

respondents who sign up for panels and show certain levels of study adherence have 

common characteristics that influence response behavior. Our attrition analysis partly 

controlled for this, revealing that, other than the fact that the included participants were 

slightly older than the excluded respondents, there were no systematic differences 

between the two groups. However, we have no information about potential respondents 

who decided not to sign up for a panel or respond to this survey, and so we cannot know 

whether this group is systematically different from our included respondents. Therefore, 

despite the many advantages a respondent panel offers when collecting data in applied 

settings, we recommend that future studies on this topic adopt a different recruitment 

approach.  

Our study also has some noteworthy methodological strengths. First, we applied a 

longitudinal study design with 12 measurement times. This design, compared to cross-

sectional or simple time-lagged approaches, offers more robust results and leads to a 

higher level of confidence in the results’ implications. Second, we adopted a dynamic 

analytical approach, which offers a novel and infrequent perspective on the topic at hand. 

Finally, even though it is difficult to hypothesize within-person trajectories of individual 

perceptions over time without knowing or controlling for a multitude of external factors, 



146 

 

we made an effort to hypothesize the expected trajectories based on well-established 

psychological theories.  

5.10 Conclusion 

The present study showed that within-person trajectories in PM, NM, work 

overload, and social support over time followed a curvilinear model. Moreover, results 

supported a cross-linked relationship model: change in social support was positively 

related to change in PM and negatively related to change in NM, whereas change in work 

overload was positively related to change in NM and negatively related to change in PM.  

Our results contribute to improving our knowledge about how mood at work evolves over 

time, and how two of its key antecedents (social support and work overload) are related 

to it from a dynamic perspective3.  

  

 
3 This study has been submitted to a scientific journal for publication. 
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CHAPTER 6: GENERAL DISCUSSION 
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6.1 Summary of findings 

Study 1  

In our first study, we investigated the validity of the RAWS as an ultra-short 

measure of AWB in the workplace. Results indicated that the 6-item RAWS measures the 

underlying constructs, namely PA and NA, in a similar way as its 12-item equivalent (the 

subjective AWB scale proposed by Segura & González-Romá, 2003). This was based on 

the fact that 1) inter-scale correlations of corresponding subscales were statistically 

significant and close to 1, 2) reliability was excellent and similar for the longer and the 

shorter subscales, and 3) the 6-item subscales and the 3-item subscales showed similar 

correlation patterns to external criterion variables. These results point toward a 

conceptual equivalence of both scales: where desired, the ultra-short RAWS may be 

deployed to measure PA and NA without any significant loss of information compared to 

its longer counterpart.  

Further, results of MCFA showed a satisfactory level of within- as well as 

between-subject reliability of the RAWS. This means that the ultra-short RAWS is able 

to reliably measure both change in PA and NA over time within one individual on the one 

hand, and reliably distinguish between individuals’ PA and NA on the other.  

Lastly, longitudinal factor invariance analysis showed a satisfactory model fit for 

measurement invariance of the RAWS across invariance models (configural, weak, 

strong, and strict). However, differences between fit indices of the different invariance 

levels indicated that from a conservative perspective, only weak longitudinal invariance 

can be assumed (i.e., the relationships between item responses and latent factors are 
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invariant over time). The constructs of PA and NA can safely be measured over time with 

the same meaning being represented. In order to meaningfully compare means measured 

by the RAWS at different time points, future research using the scale should individually 

test whether strong measurement invariance is reached in the respective data at hand.  

All in all, results suggest the RAWS is an appropriate scale to investigate AWB in 

the workplace over time. 

Study 2 

The intention of our second study was testing two parallel paths for antecedents 

and consequences of mood variability. We hypothesized a negative mediated relationship 

between extraversion and intra-individual variability in performance via variability in 

PM, and a positive mediated relationship between neuroticism and intra-individual 

variability in performance via variability in NM.  

Path model results supported the notion of neuroticism predicting variability in 

NM, which in turn was positively related to variability in performance. Variability in NM 

fully mediated the relationship between neuroticism and variability in performance. 

However, we did not find support for the hypothesized relationship between extraversion 

and variability in PM. Although variability in PM was positively related to variability in 

performance, the hypothesized indirect effect of extraversion on variability in 

performance via variability in PM could not be supported. 

Study 3 

Study three intended to increase understanding of the within-person trajectory 

shapes for PM, NM, and two workplace characteristics (work overload and social 
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support), as well as the dynamic relationships between the two workplace characteristics 

and the two mood qualities, respectively.  

 Results showed that all four study variables followed a curvilinear rather than a 

linear trajectory over a period of three months, with NM and social support following a 

U-shaped trajectory, PM following an inverted U-shaped trajectory, and work overload 

following a trajectory that initially declined and then approached stability at a low level. 

Findings from comparative path modeling showed that between a dual-paths model 

(including positive relationships between change in social support and PM on the one 

hand and between change in work overload and NM on the other) and a cross-linked 

model (including, beyond the relationships in the dual-paths model, negative 

relationships between change in social support and NM on the one hand and between 

change in work overload and PM on the other), the cross-linked path model provided a 

better fit to the data. Specifically, findings showed that curvilinear change in social 

support was positively linked to curvilinear change in PM and negatively linked to 

curvilinear change in NM, and that curvilinear change in work overload was positively 

linked to curvilinear change in NM and negatively linked to curvilinear change in PM.  

6.2 Theoretical implications 

Our three studies hold a number of theoretical implications for organizational 

research on AWB.  

Study 1 provides interesting insights into the structure and measurement of 

workplace AWB as a construct, validating its dynamic nature within individuals over 

time. The RAWS allows researchers to measure PA and NA as dynamic and changing 
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constructs in organizational settings. This will facilitate future research on workplace 

AWB from a dynamic perspective.  

Study 2 has several theoretical implications. It contributes to the understanding of 

the construct of intra-individual mood variability by identifying neuroticism as a 

predictor for variability in NM. This result lets us make some inferences based on our 

ALT and AET framework. Individuals who score higher on neuroticism may construe 

more events as negative and calling for a negative affective reaction. This is consistent 

with previous AET research that suggests negative affect-laden events may bring about 

increased negative affect in high-neuroticism individuals (Larsen & Ketelaar, 1991). 

From an ALT standpoint, high-neuroticism individuals’ negative affect rises above their 

set point whenever they find themselves in one of these situations, and specifically 

further away from their set point than in individuals with average or low neuroticism 

scores. This interpretation of our results could represent a starting point for integrating 

AET and ALT, by connecting their notions to personality traits. Further, results from 

Study 2 indicate that the static relationship between mood and performance is 

transferrable to a dynamic approach: findings show that more consistent moods at work 

lead to a more stable performance. This also shows that affective events do not only 

affect variability in mood, but by extension also variability in performance, adding to the 

AET and ALT literature by indicating that both theories can additionally explain intra-

individual variability in variables different from well-being. Focusing on contributions to 

the performance literature, our results from Study 2 also advance the nomological 

network around work performance. Performance variability is often neglected or treated 
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as measurement error in organizational research (Dalal et al., 2014), but our results show 

that it is a relevant part of the performance construct that is tightly connected to other 

experiences in organizations, such as intra-individual mood variability at the workplace. 

Lastly, Study 2 identifies intra-individual variability in negative mood as a mediator 

between neuroticism and performance variability. Although the indirect effect was small, 

the mediation was still full, underlining the relevance of within-person dispersion 

measures in well-being research.   

In Study 3, we applied ALT to posit a theoretical framework explaining the 

curvilinear change trajectory in workplace moods, suggesting that situational changes 

impact individuals’ experiences of positive and negative moods for a limited amount of 

time, before mood returns to its set-point. This was supported by the study results, which 

showed a quadratic change trajectory for both PM and NM. In addition to this, the study 

also contributes to the understanding of how work overload evolves over time. This is an 

important workplace characteristic that is directly linked to workplace moods. The 

theoretical explanation provided was that as an individual spends more time in and 

organization, job, or role, the perceived danger emitted by high workload decreases over 

time, leading to a decrease in perceived work overload up until a stabilizing floor effect. 

This is hypothetically due to the individual gaining more knowledge, skills, and abilities, 

and developing coping mechanisms to deal with the workload in question. Results 

supported this theoretical explanation, showing the expected quadratic change trajectory 

for work overload.  
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In addition to the insights regarding trajectory shapes, Study 3 also holds 

implications concerning the dynamic relationships of workplace moods with workplace 

demands (work overload) and resources (social support). Our findings offer empirical 

support for cross-linked relationships (i.e., negative relationships between job demands 

and positive AWB indicators, and between job resources and negative AWB, 

respectively), which up until now have not been considered in the revisions of the JD-R 

model. Previous research showing these relationships was largely cross-sectional (Bakker 

& Demerouti, 2017), but our study is providing a within-person longitudinal approach, 

supporting the existence of cross-links in the JD-R with higher-quality empirical 

evidence.  

6.3 Practical implications 

In addition to these theoretical contributions, there are also some practical 

implications that can be deducted from our results.  

Study 1 provides evidence for excellent psychometric properties of the RAWS, 

an ultra-short measure of AWB in the workplace, specifically in longitudinal settings. In 

organizational research, research teams often measure a large number of variables at a 

time with the same questionnaire battery, as the recruitment of large samples in this 

setting is challenging (Greiner & Stephanides, 2019). Responding a long questionnaire 

battery can be tedious and tiresome for study respondents, especially when responding to 

the same questions repeatedly in a longitudinal study. This produces a major threat to 

response rates and quality of the collected data (Baruch & Holtom, 2008). Our results 

supply researchers in this area, as well as HR and organizational development 
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practitioners, with a valid and convenient tool that can ensure survey economy and thus 

help to forgo these difficulties.  

Study 2 holds some implications for HR and organizational development 

practitioners in the context of personnel development. Our results identify stable moods 

as a lever for stable performance, suggesting that targeted interventions for workplace 

well-being stability (e.g., interventions focusing on can ultimately lead to stable and 

hence more predictable performance. In addition, despite the small size of the indirect 

effect of neuroticism on performance variability, Study 2 results suggest that individuals 

with high neuroticism scores may be at risk for having frequent mood fluctuations and, as 

a consequence, showing unstable performance over time. While the effect is not large 

enough to make generalized recommendations just yet, this result is an impulse to reflect 

upon the relevance of personality assessment in personnel selection and development 

contexts with special regards to the person-job fit: jobs with a high risk of bearing 

frequent negative affective events (such as having to deal with frustration) might be 

suited better for individuals who do not score high on neuroticism. Knowing neuroticism 

scores in current staff may also be helpful to identify risky situations and need for well-

being interventions in order to prevent damage to performance stability.  

Study 3, from a practical point of view, offers HR and organizational 

development practitioners social support and work overload as two actionable levers for 

influencing employees’ moods in the workplace over time. Workplace characteristics, 

such as social support and work overload, are often much more tangible and easier to 

target by interventions compared to employees’ affective experience. Our findings 



155 

 

suggest that interventions aimed at improving social support – such as regular team 

building exercises – are likely to improve employees’ mood over time. Similarly, 

interventions intended to reduce objective or perceived work overload – such as time 

management courses – can have better mood as a consequence, by preventing NM from 

growing and PM from decreasing.  

6.4 Methodological limitations and strengths 

There are four methodological limitations that span across the three studies in this 

dissertation. The first one is common method bias. All data was collected by means of 

self-report via an online survey, and, in the case of study 2 and study 3, from one sample 

only. This may have led to and overestimation of certain relationships due to the same 

source and assessment method. Although the bivariate correlations between our study 

variables are low to moderate, indicating a low risk of inflated relationships due to 

common method (Spector, 2006), we advise researchers who aim to study this subject in 

the future to incorporate different assessment methods and sources into their research 

designs.  

The second limitation is related to our use of a respondent panel. This approach, 

whilst offering many advantages, comes with the danger of leading to attrition bias. 

There may be a certain degree of self-selection, leading to systematic similarities among 

those who sign up for respondent panels and adhere to a longitudinal study over the 

course of three months. This could possibly result in certain response tendencies that are 

different from potential respondents who did not sign up for a response panel or adhered 
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to the study. For future research attempting to replicate or expand our findings, we 

recommend using different recruitment methods.  

Third, to test for our hypotheses based on a dynamic conceptualization of mood, 

we chose to study respondents over a period of 12 weeks. This time frame was chosen 

with the rationale that it is long enough to observe certain direction in within-person 

changes in the study variables, yet short enough to ensure an acceptable level of study 

adherence by the panelists. However, to our knowledge, there is currently no empirical 

evidence or other indication of the ideal time frame for studying within-person changes in 

workplace mood over time. Future studies on the matter would likely benefit from 

adopting longer time frames in order to study the dynamics of workplace mood with 

more nuance. 

Finally, on a content level, the present dissertation’s focus on moods does not 

depict the full spectrum of dynamic well-being experiences in the workplace, and 

neglects other well-being facets (such as cognitive and eudaimonic well-being; see 

Sonnentag, 2015) while overemphasizing affect. A suggestion for future research is to 

investigate whether within-person variability and change in other workplace well-being 

facets (specifically, cognitive and eudaimonic well-being indicators) show relationships 

with personality, performance variability, job demands, and resources that are 

comparable to the relationships of AWB variability with these variables.  

For instance, a common and important indicator of cognitive well-being is 

satisfaction (Diener, 2000): perceptions and evaluations of life in general or certain 

aspects of one’s life. Concerning the job and workplace, Big 5 personality variables are 
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reliable predictors of satisfaction (Judge et al., 2002), pointing towards, at least partially, 

dispositional origins of cognitive workplace well-being. Consistently, within-person 

variability in job satisfaction is closely connected to personality predictors, such as 

affective predispositions (Connolly & Viswevaran, 2000; Thoresen et al., 2003). 

However, although the link between job satisfaction and job performance has been 

thoroughly investigated from a static perspective (e.g., Judge et al., 2001), their dynamic 

within-person relationship remains largely unexplored.  

Regarding eudaimonic well-being (a combination of the pursuit of meaning in 

life, authenticity, and self-realization; Ryff, 1995; Waterman, 1995) between-person 

differences in eudaimonic well-being have been linked to a variety of personality 

predictors, such as spirituality (Van Dierendonck & Mohan, 2006), some Big 5 variables 

(Lavigne et al., 2012), and trait affectivity (Isik & Üzbe, 2015). From a within-person 

perspective, the predictors of eudaimonic well-being variability at work have hardly been 

explored (Sonnentag, 2015). Prior research has found a link between eudaimonic well-

being variability and variability in task focus (Niessen et al., 2012), but other knowledge 

about the relationship between eudaimonic well-being and performance is still limited. 

Eudaimonic well-being as a dynamic concept remains unexplored (Sonnentag, 2015), 

providing opportunities for future research.  

Only when considering variability in a comprehensive range of well-being 

dimensions can we truly understand its connection with personality and performance 

variability. This is especially true when investigating this topic in the context of ALT, 

which refers to well-being as a whole construct and does not explicitly emphasize AWB.  
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Despite these weaknesses, our three studies also have a number of methodological 

strengths. In study 1, we validated the RAWS in an especially nuanced way. Beyond 

focusing on common validity aspects, criterion validity and the equivalence with a longer 

scale version measuring the same construct, we also considered the specific use in the 

case of intensive longitudinal designs (ILDs), and investigated the RAWS’ longitudinal 

measurement invariance as well as within-subject reliability. These aspects are often 

overlooked in validation studies, but are of utmost importance, considering that 

longitudinal designs are very common in survey studies in the organizational context.  

In study 2, we focused on within-person dispersion measures. This is a rare 

approach in organizational research: these indicators are often neglected or treated as 

random variance (Dalal et al., 2014). Yet, we consider within-person variability a highly 

relevant aspect of individual experiences in organizations, and its study adds to the 

holistic understanding of the variables at hand as well as their nomological networks.  

In study 3, we implemented a fully longitudinal research design, where all 

variables were measured at 12 measurement points over the course of 12 weeks. This 

provides our results with a high level of robustness, meaning that their implications can 

be treated with more confidence than those of a study with a cross-sectional or time-

lagged research design.  

Across all studies, we adopted a dynamic within-person perspective when 

investigating the topic of workplace mood. This is an uncommon approach and adds rich 

and novel insights into the topic.  
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6.5 Future research 

Considered as a whole, the dissertation at hand opens a variety of pathways for 

future research that can expand the findings presented here.  

The intra-individual variability and change found in workplace moods in studies 2 

and 3 is attributed to affective events, based on an ALT/AET framework. For future 

research, it would be interesting to validate this attribution by zooming into the nature of 

these events and the specific affective reactions that they elicit over time. One way to do 

this would be making use of the day reconstruction method (Kahneman et al., 2004) in 

conjunction with dynamic mood measured with the RAWS. This would allow us to link 

change in workplace mood over time specifically to the reality of different types of 

affective events, and observe adaptation to the changed external situation over time.  

Further, while our findings from study 2 shed some light on the role of between-

person differences in intra-individual change in workplace moods, there is still a lot open 

to explore here. For instance, we could not verify extraversion as a predictor for within-

person variability in PM. Future research could explore which other personality variables, 

such as resilience or coping styles could play a role in predicting within-person 

variability in PM. In addition to this, an integration of between-person differences into 

the dynamic relationships studied in study 3 could generate some additional insight: 

knowing that both personality and changes in job resources and demands are related to 

intra-individual variability in workplace moods, future research could focus on possible 

mechanisms linking both predictors. For instance, it is imaginable that individuals with 

high neuroticism scores are more prone to experiencing an increase in perceived work 
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overload over time, which in turn may explain part of their higher negative mood 

variability.  

Lastly, for a holistic view on workplace well-being, it is important that future 

research investigate whether the findings proposed in this dissertation apply to other 

contextual well-being aspects as well, such as job satisfaction or job eudaimonia. An 

integrated perspective is essential in order to ensure high and stable well-being for 

individuals in the workplace over time.  

6.6 Conclusions 

Overall, the dissertation at hand offers the following conclusions:  

1. It is important to study, reflect, and understand mood in the workplace 

from a within-person perspective in addition to the common between-

person perspective, treating it as a dynamic construct which fluctuates and 

changes over time.    

2. The RAWS is an adequate instrument to assess mood in the organizational 

context, and is apt for being deployed in intensive longitudinal research 

designs.  

3. Within-person variability in workplace mood varies between individuals, 

depending on their personality. Specifically, individuals who score higher 

on neuroticism are likely to experience stronger mood variability in NA. 

4. Individuals whose workplace mood is quite stable (low within-person 

mood variability) are also likely to exhibit stable performance at their jobs. 
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5. The relationship between some personality dimensions, particularly 

neuroticism, and within-person variability in job performance is mediated 

by within-person variability in negative mood.  

6. Within-person mood, in general, tends to evolve in a curvilinear manner 

over time (rather than in a linear way).  

7. The changes in dynamic workplace characteristics (job demands and 

resources) that occur over time are related to the mood changes which 

individuals experience over time.  

8. Changes in social support are positively related to changes in positive 

mood and negatively related to changes in negative mood.  

9. Changes in work overload are positively related to changes in negative 

mood and negatively related to changes in positive mood.  

10. Cross-linked dynamic relationships between job demands and positive 

well-being indicators on the one hand and job resources and negative well-

being indicators on the other should be included into the JD-R model.  
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CHAPTER 7a: SUMMARY 
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The present doctoral dissertation provides an intra-individual, dynamic 

perspective on the construct of affective well-being (AWB) in the workplace. Workplace 

AWB is defined as the frequent experience of pleasant affective reactions (such as 

happiness, joy) and lack of unpleasant affective reactions (such as anger, anxiety) at 

work. Experiencing high workplace AWB is linked to a number of positive implications 

for individuals, such as mental and physical health (Wilson et al., 2004) or spill-over 

happiness in other realms of life (Ilies et al., 2009). From a business perspective, it is 

linked to some desirable outcomes as well, such as job performance (Bryson et al., 2017), 

OCB (Ilies et al., 2009), or reduced turnover intentions (Wright & Bonnet, 2007). 

Considering these findings understanding and fostering workplace AWB is a powerful 

lever for positive organizational outcomes that ultimately increase organizational 

productivity (Taris & Schreurs, 2009).  

While there is a multitude of research focusing on workplace AWB from a static, 

between-person perspective, recently interest in the dynamics of AWB in the workplace 

have risen (Sonnentag, 2015). One dynamic way to conceptualize workplace AWB is in 

the form of moods. Moods are diffuse experiences of AWB that do not necessarily have a 

subjectively obvious trigger or object, and come in episodical form, lasting for several 

days or weeks before they change again (Frijda, 1993). The discrete affective responses 

experienced within a mood episode may actually vary (Weiss & Beal, 2005; Weiss & 

Cropanzano, 1996; Frijda, 1993). Because of this, mood states are usually described by 

either positive mood (PM) or negative mood (NM). There is a number of studies that 

found that individuals do experience a substantial amount of mood variability (e.g., 
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Gadermann & Zumbo, 2007; Parkinson et al., 1995). However, research on intra-

individual change and variability in workplace mood that encompasses a time frame 

longer than two weeks is still scarce.  

The hypotheses and problems studied in this thesis are based on the available 

literature on intraindividual variability in mood. Specifically, we aimed to embed 

intraindividual variability in mood states in the work setting into a theoretical framework 

based on the Adaptation Level Theory (ALT, Brickman & Campbell, 1971), the 

Affective Events Theory (AET, Weiss & Cropanzano, 1996), the Job Demands-

Resources Model (JD-R, Bakker & Demerouti, 2017), and the Conservation of Resources 

theory (COR, Hobfoll, 1989). 

AET is a theoretical framework that attempts to explain how affective states come 

about, specifically in the context of work (Weiss and Beal, 2005). This theory is built 

upon the idea that things that happen to people at work - or "events" - are direct triggers 

of affective reactions. This means that, from this perspective, moods are structured in 

episodes that are induced by affect-laden events: an affective event initiates a mood 

episode, which is sustained it is concluded by a new affective event, which induces a new 

mood episode (Weiss & Beal, 2005). This makes affective events the clear starting points 

and end points of mood episodes, meaning that affective events cause intraindividual 

variability in mood states at work. AET researchers (e.g., Weiss & Cropanzano, 1996; 

Weiss & Beal, 2005) have pointed out that this intraindividual variability of affective 

states in the workplace can have immediate effects on the variability of other variables in 

the organizational context, such as job performance, and call for research designs that 
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allow for the study of this dynamic relationship (Weiss & Beal, 2005). The theory is quite 

clear about the fact that each individual will experience variability in affective states at 

work, as everyone experiences affective events at work on a regular basis. However, EAT 

does not indicate which trajectories mood changes will follow over time within an 

individual. ALT complements AET with respect to this question. 

ALT, like AET, postulates that intraindividual changes in mood are caused by 

external events. However, the focal point of this theory is the reaction an individual 

shows over time after a change in affective state has been induced.  

The central concept of ALT is that each individual has a set-point in mood: some 

people, in general, have more positive moods than others, while others, in general, have 

more negative moods than others. The set-point is considered somewhat dispositional. 

That said, when a change in the environment occurs, mood can shift and move away from 

the individual's personal set-point. When this happens, the mood may remain at its 

increased level for a while. However, after some time, the individual becomes 

accustomed to the change that had occurred in the environment. The mood then returns to 

the individual's personal set-point. This process is called adaptation, and it is due to 

automatic processes of physiological habituation (Fredrick and Loewenstein, 1999; 

Helson, 1948; Helson, 1964). This means that, from the perspective of ALT, mood states 

fluctuate over time, in wave-like trajectories.  

The literature investigating intraindividual variability of mood from an ALT 

perspective in the work context is scarce. Exploring whether this theory is applicable in 

the work context provides us with a framework to hypothesize about the trajectory shapes 
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that intraindividual variability of mood in the workplace follows over time: if ALT 

applies, there should be U-shaped (or inverse U-shaped) fluctuations over time, with 

mood always returning to its initial level after a while (until a new change in the 

environment triggers a new change). One of the changes in the environment that might be 

considered when thinking about triggers for mood fluctuations at work are the dynamic 

characteristics of the workplace. Many experiences in the organizational context follow 

similar episodic trajectories as workplace mood (Beal et al., 2005; Weiss and Beal, 

2005). The JD-R, specifically in its multilevel dynamic application (Bakker, 2015), 

provides a framework for relating intraindividual fluctuations in perceptions of workplace 

characteristics (e.g., social support or workload) to intraindividual fluctuations in 

workplace mood. 

The JD-R (Bakker et al., 2003; Demerouti et al., 2003) considers that all physical, 

psychological, social or organizational characteristics of work, however specific and 

unique to a particular job, work environment, or function, can be classified into one of 

two categories: job demands and job resources (Bakker and Demerouti, 2007).  

Job demands are characteristics of the job that are associated with a certain level 

of physiological or psychological cost. Job resources are job characteristics that directly 

stimulate personal growth and learning, or that are functional to achieve objectives at 

work (Bakker and Demerouti, 2007).  

The JD-R clearly relates both job demands and job resources to mood at work. In 

fact, employee well-being is considered a direct result of job demands and resources 

(Bakker and Demerouti, 2014; Demerouti and Bakker, 2011). The model describes two 
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parallel and distinguishable underlying psychological processes for this relationship: the 

loss path and the gain path (Bakker, 2015).  

The loss path describes the relationship between job demands and negative 

indicators of AWB, such as negative mood. This process considers job demands that 

present an obstacle, produce stress, and require a large expenditure of energy, and are 

therefore likely to cause tension and an increase in negative mood (Bakker, 2015).  

The gain path connects work resources to positive indicators of AWB, such as 

positive mood, via employee motivation. This motivation can be both intrinsic and 

extrinsic. On the one hand, job resources create intrinsic motivation, as they cater to basic 

human needs, such as competence (White, 1959) or relatedness (Baumeister and Leary, 

1995), by fostering employee growth and learning. On the other hand, they provide 

extrinsic motivation, by facilitating the accessibility of work objectives and fostering 

employees' willingness to devote their effort and skills to their work (Meijman and 

Mulder, 1998). This, in turn, creates increased levels of an indicator of positive well-

being, such as positive mood.  

While the original conceptualization of the JD-R model focused on an 

interindividual perspective, recent JD-R literature has extended the model to an 

intraindividual and dynamic perspective. Bakker (2015) argues that although job 

demands and resources tend to have certain stability over time, they are ultimately also 

dynamic for several reasons. First, managers and organizational development 

practitioners can actively modify them; for example, by using goal-setting techniques 

(Breevaart et al., 2014) or by changing the compensation system (Callan, 1993; Fry and 
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Cohen, 2009). Second, employees themselves can actively change their experience of 

demands and resources, either for the better, by applying job crafting (Wrzesniewski et 

al., 2013), or for the worse, by displaying self-undermining behaviors (Bakker & Costa, 

2014). In summary, perceptions of job demands and resources fluctuate within an 

individual over time, and dynamically induce within-person shifts in negative mood and 

positive mood over time. 

COR (Hobfoll, 1989) is a motivational theory based on the notion that individuals 

generally want to conserve the resources they already have, or even acquire more 

resources over time (Halbesleben et al., 2014). According to COR theory, for an 

individual to accumulate resources over time, they need to invest the resources they 

already have available. The same is true for protecting oneself against resource loss and 

for recovering resources that have already been lost (Halbesleben et al., 2009; 

Halbesleben & Wheeler, 2008). This means that an individual who already has a large 

number of resources available is more likely to grow their resource pool over time 

(Demerouti et al., 2004). Conversely, someone who has few resources available has little 

to no chance of accumulating more resources, and is more likely to lose them over time 

(Mäkikangas et al., 2010; Whitman et al., 2014).  

Integrating the four theoretical frameworks, we can conclude that 1) 

intraindividual changes in workplace mood are induced by external events, 2) changes 

are expected to follow U-shaped trajectories that repeat over time and fluctuate around a 

set-point, 3) these trajectories have a direct relationship with trajectories of change in job 

demands and job resources, and 4) these trajectories of change in demands and resources 
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may depend on motivational tendencies, such as the drive to accumulate resources over 

time.  

That said, a crucial part of understanding workplace mood fluctuations within 

individuals over time is still missing: the role of interindividual differences. Although the 

above findings apply to individuals in general, the variability of workplace mood over 

time will be different in different individuals, even if they are exposed to the same 

workplace events, the same demands, and the same job resources. This is due to 

dispositional variables, above all, personality. 

The term personality describes innate, distinctive and permanent patterns of 

cognitive, affective and behavioral nature that individuals express across different 

situations (Costa and McCrae, 1989). The five-factor model, or Big 5, by Costa and 

McCrae (1989) is the most widely used and validated model of personality structure. This 

model postulates that individuals distinguish themselves along five salient personality 

dimensions: openness to new experiences, conscientiousness, extraversion, 

agreeableness, and neuroticism. In general, the Big 5 personality traits are considered 

fairly stable throughout a person's lifetime (Briley & Tucker-Drob, 2014). There is a 

large number of studies describing the effect of personality on workplace well-being from 

an interpersonal perspective: high scores on openness, conscientiousness, extraversion, 

and agreeableness, as well as low scores on neuroticism, are associated with higher levels 

of employee well-being (Steel et al., 2008).  

Our integrated theoretical framework offers some clues as to how personality 

should influence intraindividual variability in workplace mood experiences over time.  
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AET describes that personality influences how individuals react to affective 

events (Weiss and Cropanzano, 1996). Two similar events may elicit different affective 

reactions in different individuals. These differences are related to some of the Big 5 

variables, specifically extraversion and neuroticism. By definition, within the Big 5 

personality structure, these two are the most affective character traits, and, as a 

consequence, the most important ones in predicting reactions to affective events (Weiss 

and Kurek, 2003). Because of their cognitive-behavioral dispositions, such as optimism 

and confidence, individuals high on extraversion are likely to interpret events that happen 

to them more positively. Conversely, because of their cognitive-behavioral dispositions, 

such as pessimism and proneness to worry, individuals high on neuroticism are likely to 

interpret events that happen to them more negatively (Larsen & Ketelaar, 1989; Larsen & 

Ketelaar, 1991; Rusting & Larsen, 1999; Zelenski & Larsen, 1999). Considering this, 

personality should clearly influence the intrapersonal variability of both positive and 

negative moods. Specifically, extraversion and neuroticism determine whether an 

individual experiences more or less variability in positive mood states and negative mood 

states over time. 

From the perspective of ALT, interindividual differences form the base of the 

original model, with the notion that each person has an individual mood set-point. This 

set-point is defined by stable individual characteristics, and personality is one of the 

major contributing factors (Diener et al., 2006). A large number of empirical studies 

found that personality, in contrast to other stable individual characteristics such as, for 

example, demographic variables, has strong correlations with affective well-being 
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(Diener and Lucas, 1999). In addition, behavioral-genetic research based on twin and 

adoption studies shows that experiences of affective well-being are moderately heritable 

(e.g., Tellegen et al., 1988). These results support the notion that a set-point of well-being 

exists and that it is, at least in part, defined by stable personality characteristics. Given 

this, individual set-points in trajectories of mood at work over time, as well as average 

workplace mood over time, should be related to personality variables. But beyond that, 

ALT also offers explanations for between-person differences in mood changes over time: 

while the original theory postulates that adaptation happens in a similar way for each 

individual, more recent research based on ALT shows that this is not the case. The 

strength and duration of deviations from the well-being set-point depend largely on 

interindividual differences, especially personality. One explanation is that the typical 

events experienced by an individual related to their personality (Diener et al., 2006). For 

example, individuals with high scores on neuroticism are more likely to seek out negative 

situations than those with low scores on neuroticism, leading to a greater likelihood of 

frequent deviations in mood (Headey and Wearing, 1992; Magnus et al., 1993). This 

causes greater overall within-person variability in negative mood in individuals with high 

neuroticism scores.  

Another reason for interindividual differences in the adaptation process are 

differences in coping styles and strategies that are linked to personality traits (Diener et 

al. 2006). For example, extraverted individuals are likely to engage in active, solution-

focused coping, to take advantage of social support systems, or to cognitively reappraise 

the situations in which they find themselves (Aspinwall and Taylor, 1997; Chang, 1998; 
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Scheier et al., 1986; Scheier et al., 2003). This could lead to an earlier turning point in the 

U-shaped mood trajectory (for positive moods; inverted U-shaped for negative moods) 

after negative events, a faster return to the mood set-point, and a lower overall variability 

in negative moods. In contrast, individuals who are rather introverted and those who 

score high on neuroticism tend to be less effective in their coping strategies (Ferguson, 

2001; Carver et al., 1989), leading to higher peaks in negative mood after a negative 

event (Bolger & Zuckerman, 1995) and a slower return to their set-point (Diener & 

Lucas, 2006), increasing the variability in negative mood for these individuals.  

Given this, personality should influence the intensity and amplitude of 

intraindividual mood fluctuations, as well as the overall amount of mood variability an 

individual experiences. 

Even though the integrated theoretical framework, based on AET, ALT, JD-R, 

and COR, provides many theoretical considerations for intraindividual variability and 

trajectories of mood at work over time, empirical studies investigating the predictors and 

consequences of this intraindividual variability, as well as the actual shape of its 

trajectories, are still scarce. Understanding the intraindividual variability of mood at work 

and the course of its trajectories is important for making workplace mood more 

predictable and, consequently, easier to manage and influence in organizations. 

Considering all of the above, the general objective of the thesis was to advance 

knowledge about AWB in the workplace and its intra-individual dynamics, including the 

structure and measurement of workplace AWB as a construct, its trajectory shape over 
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time, and its dynamic relationships with personality, job demands, job resources, and job 

performance. This general objective was further divided into three specific objectives:  

1. Validating the Reduced AWB Scale and determining its longitudinal 

measurement invariance, as well as its ability to detect intra-individual 

change in workplace mood over time. 

2. Unveiling the effects of neuroticism and extraversion on intra-individual 

mood variability over time, in order to understand inter-individual 

differences in this variable, as well as connect it to a relevant 

organizational outcome, namely performance variability. 

3. Determining the shape of within-person change trajectories in workplace 

mood, as well as the dynamic relationships between change patterns in 

mood and change patterns in dynamic job demands, namely work 

overload, and resources, specifically social support in the workplace. 

These objectives were addressed by three separate studies. The studies shared a 

partly common methodological approach. We collected a main sample of data that was 

used in all three studies. The data were collected from October 2016 through January 

2017. We hired a market research company that managed a respondent panel. This 

company invited the members of its panel to participate in the study. Six hundred and 

nineteen subjects agreed to participate. Subjects responded to an online questionnaire 

once a week for 12 consecutive weeks (measurement points: T1-T12). The questionnaire 

contained instructions to respond with reference to the previous work week. A total 

sample of 458 subjects remained. Across studies, weekly mood was measured by the 
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Reduced AWB Scale (RAWS), an ultra-brief measure based on Segura and González-

Romá’s (2003) AWB scale. PM and NM were each measured by three items (“To what 

extent did you feel tense/nervous/anxious last week at work” for NM, and “To what 

extent did you feel happy/optimistic/animated last week at work” for PM), which were 

responded to on a 5-point graded scale ranging between 1. “Not at all” and 5. “Very 

much”. Erdogan et al. (2018) reported Cronbach's alpha coefficients of .90 (PM) and .86 

(NM). 

Study 1 addresses objective 1. In applied organizational research, where economy 

of scale is often a crucial factor in successful assessment, ultra-short measures are often 

needed. This study investigated the psychometric properties of the RAWS. The RAWS 

was compared with the original 12-item scale proposed by Segura and González-Romá 

(2003) in terms of internal consistency and criterion validity, using a sample of 1117 

bank employees. In addition, longitudinal measurement invariance and within-subject 

reliability of the RAWS over time were assessed in the longitudinal main sample. Results 

provide evidence that the RAWS is similar to the full scale in terms of reliability and 

validity. In addition, the RAWS shows satisfactory within-person reliability and factor 

loading invariance over time. In studies with intensive longitudinal designs that require 

repeated measures of AWB, the use of RAWS is a recommendable option. 

Study 2 addresses objective 2. This study examines predictors and outcomes of 

intra-individual mood variability in the workplace. Path analysis revealed a positive 

relationship between neuroticism and intra-individual variability in NM, which in turn 

predicted intra-individual variability in performance. Results contribute to understanding 
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between-person differences in intra-individual mood variability, and they suggest 

expanding the mood – performance relationship from a static perspective to an intra-

individual dispersion perspective. From a practical point of view, our results identify 

neuroticism as a potential risk factor for unstable performance, but they also give room 

for fostering predictable performance. 

Study 3 addresses objective 3. It examines the within-person trajectories of 

workplace mood and their dynamic predictors over time. Based on the job demands-

resources model (JD-R), we compared two models. The first is a dual-path model linking 

intra-individual changes in social support, as a resource, to changes in positive mood, and 

changes in work overload, as a hindrance stressor, to changes in negative mood. The 

second is a cross-linked model that contains additional links between changes in social 

support and changes in negative mood and between changes in work overload and 

changes in positive mood. Latent growth analyses showed that positive and negative 

mood, as well as social support and work overload, all followed a quadratic trajectory 

during this period of time. Bayesian comparative model analysis favored the cross-linked 

model over the dual-path model. Change in social support over time was positively 

related to change in positive mood and negatively related to change in negative mood. 

Change in work overload over time was positively related to change in negative mood 

and negatively related to change in positive mood. Results add to the knowledge 

consensus, make some relevant contributions to organizational literature, and provide 

some pointers for HR professionals about managing, stabilizing, or fostering specific 

mood states in employees. 
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Considered as a whole, the findings of the three studies lead us to the following  

set of conclusions:  

1. It is important to consider a within-person perspective on workplace 

mood, treating it as a dynamic construct. 

2. The RAWS is an adequate instrument to assess mood in organizations. 

3. Within-person variability in workplace differs based on personality. 

4. Stable workplace mood is connected to stable job performance. 

5. Within-person mood variability mediates the relationship between 

personality and variability in job performance. 

6. Within-person mood, over time, tends to evolve in a curvilinear manner. 

7. Changes in job demands and resources are linked to changes in workplace 

mood.  

8. Changes in social support are positively related to changes in positive 

mood and negatively related to changes in negative mood.  

9. Changes in work overload are positively related to changes in negative 

mood and negatively related to changes in positive mood.  

10. Cross-linked dynamic relationships should be included into the JD-R 

model.  
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CAPÍTULO 7b: RESUMEN 
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La presente tesis doctoral ofrece una perspectiva dinámica e intraindividual del 

constructo de bienestar afectivo en el ámbito laboral. El bienestar afectivo laboral se 

define como la experiencia frecuente de reacciones afectivas agradables (como la 

felicidad o la alegría) y la ausencia de reacciones afectivas desagradables (como la ira o 

la ansiedad) en el trabajo. Experimentar un alto nivel de bienestar afectivo laboral está 

relacionado con una serie de implicaciones positivas para los individuos. Por ejemplo, los 

individuos con un mayor nivel de bienestar afectivo laboral tienen una mejor salud 

mental y física (Wilson et al., 2004), y experimentan una felicidad aumentada en otros 

ámbitos de la vida (Ilies et al., 2009). Desde el punto de vista organizacional, el bienestar 

afectivo laboral también está vinculado a resultados deseables, como, por ejemplo, un 

mayor desempeño laboral (Bryson et al., 2017), las conductas de ciudanía organizacional 

(Ilies et al., 2009) o una menor propensión a abandonar la organización (Wright y 

Bonnet, 2007). Teniendo en cuenta estos hallazgos, comprender y fomentar el bienestar 

afectivo laboral puede representar una poderosa herramienta para obtener resultados 

organizacionales positivos que, en última instancia, aumentarán la productividad de la 

organización (Taris y Schreurs, 2009).  

Aunque existen multitud de investigaciones centradas en el bienestar afectivo 

laboral desde una perspectiva estática y basada en las diferencias interindividuales, el 

interés por las dinámicas del bienestar afectivo laboral a través del tiempo (es decir, la 

perspectiva intraindividual) ha aumentado recientemente (Sonnentag, 2015). Una manera 

dinámica de conceptualizar el bienestar afectivo laboral son los cambios en los estados de 

ánimo. Los estados de ánimo son experiencias difusas de bienestar afectivo que no tienen 
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necesariamente un desencadenante u objeto que sea obvio subjetivamente, y que se 

presentan de forma episódica, con una duración de varios días o semanas antes de 

cambiar (Frijda, 1993). Las respuestas afectivas discretas que se experimentan dentro de 

un mismo episodio de estado de ánimo pueden variar (Weiss y Beal, 2005; Weiss y 

Cropanzano, 1996; Frijda, 1993). Debido a esto, los estados de ánimo suelen describirse 

de forma general como un estado de ánimo positivo o negativo. Hay una serie de estudios 

que encontraron que los individuos experimentan una cantidad sustancial de variabilidad 

en el estado de ánimo (por ejemplo, Gadermann y Zumbo, 2007; Parkinson et al., 1995). 

Sin embargo, la investigación sobre el cambio intraindividual y la variabilidad del estado 

de ánimo en el trabajo en un marco temporal superior a dos semanas sigue siendo escasa.   

Los hipótesis y problemas estudiados en esta tesis se basan en la literatura 

revisada sobre la variabilidad intraindividual de estado de ánimo. En concreto, nos 

propusimos encajar la variabilidad intraindividual en los estados de ánimo en el ámbito 

laboral en un marco teórico basado en la Teoría del Nivel de Adaptación (TNA, 

Brickman y Campbell, 1971), la Teoría de los Eventos Afectivos (TEA, Weiss y 

Cropanzano, 1996), el Modelo de Demandas y Recursos del Trabajo (MD-R, Bakker y 

Demerouti, 2017), y la teoría de Conservación de Recursos (COR, Hobfoll, 1989).  

La TEA es un marco teórico que trata de explicar cómo se producen los estados 

afectivos, concretamente en el contexto del trabajo (Weiss y Beal, 2005). Esta teoría se 

construye en torno a la idea de que las cosas que les ocurren a las personas en el trabajo -

o “eventos”- son desencadenantes directos de reacciones afectivas. Esto significa que, 

desde esta perspectiva, los estados de ánimo se estructuran en episodios que se inducen 
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por eventos afectivos: un evento afectivo inicia un episodio de estado de ánimo, que se 

mantiene hasta que un nuevo evento afectivo lo termina e induce un nuevo episodio de 

estado de ánimo (Weiss & Beal, 2005). Esto hace que los eventos afectivos sean los 

puntos claros de inicio y finalización de los episodios de estado de ánimo, lo que significa 

que los eventos afectivos causan la variabilidad intraindividual de los estados de ánimo 

en el trabajo. Los investigadores de la TEA (por ejemplo, Weiss & Cropanzano, 1996; 

Weiss & Beal, 2005) han señalado que esta variabilidad intraindividual de los estados 

afectivos en el lugar de trabajo tiene efectos inmediatos en la variabilidad de otras 

variables en el contexto organizativo, como el rendimiento laboral, y piden diseños de 

investigación que permitan estudiar esta relación dinámica (Weiss & Beal, 2005). La 

teoría es bastante clara sobre el hecho de que cada individuo experimentará variabilidad 

en los estados afectivos en el trabajo, ya que todos experimentan eventos afectivos en el 

trabajo de manera regular. Sin embargo, la TEA no indica la trayectoria que seguirán los 

cambios de estado de ánimo en un individuo a lo largo del tiempo. La TNA complementa 

a la TEA en lo que respecta a esta cuestión.  

La TNA, al igual que la TEA, postula que los cambios intraindividuales en el 

estado de ánimo son causados por acontecimientos externos. Sin embargo, el enfoque de 

esta teoría es la reacción que un individuo muestra a lo largo del tiempo después de que 

se haya inducido un cambio en el estado afectivo.  

El concepto central de la TNA es que cada individuo tiene un set-point en el 

estado de ánimo: algunas personas, en general, tienen estados de ánimo más positivos que 

otras, mientras que otras, en general, tienen estados de ánimo más negativos que otras. Se 
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considera que el set-point es algo disposicional. Dicho esto, cuando se produce un 

cambio en el entorno, el estado de ánimo puede cambiar y alejarse del set-point personal 

del individuo. Cuando esto ocurre, el estado de ánimo puede mantenerse durante un 

tiempo en su nivel aumentado o. Sin embargo, al cabo de un tiempo, el individuo se 

acostumbra al cambio que había ocurrido en el entorno. Entonces, el estado de ánimo 

vuelve al set-point personal del individuo. Este proceso se denomina adaptación, y se 

debe a procesos automáticos de habituación fisiológica (Fredrick y Loewenstein, 1999; 

Helson, 1948; Helson, 1964). Esto significa que, desde la perspectiva de la TNA, los 

estados de ánimo fluctúan a lo largo del tiempo, en trayectorias en forma de olas.  

La literatura que investiga la variabilidad intraindividual del estado de ánimo 

desde una perspectiva TNA en el contexto laboral es escasa. Explorar si esta teoría se 

aplica en el contexto del trabajo nos proporciona un marco para hipotetizar sobre las 

formas de trayectoria que sigue la variabilidad intraindividual del estado de ánimo en el 

lugar de trabajo a lo largo del tiempo: si se aplica el TNA, debería haber fluctuaciones en 

forma de U (o en forma de U inversa) a lo largo del tiempo, volviendo el estado de ánimo 

siempre a su nivel inicial después de un tiempo (hasta que un nuevo cambio en el entorno 

desencadene un nuevo cambio). Uno de los cambios en el entorno que se podría 

considerar al pensar en los desencadenantes de las fluctuaciones del estado de ánimo en 

el trabajo son las características dinámicas del lugar de trabajo. Muchas experiencias en 

el contexto organizacional siguen unas trayectorias episódicas similares a las del estado 

de ánimo en el lugar de trabajo (Beal et al., 2005; Weiss y Beal, 2005). El MD-R, 

específicamente en su aplicación dinámica multinivel (Bakker, 2015), proporciona un 
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marco para relacionar las fluctuaciones intraindividuales en la percepción de las 

características del lugar de trabajo (por ejemplo, el apoyo social o la carga de trabajo) con 

las fluctuaciones intraindividuales en el estado de ánimo en el lugar de trabajo. 

El MD-R (Bakker et al., 2003; Demerouti et al., 2003) considera que todas las 

características físicas, psicológicas, sociales u organizacionales del trabajo, por muy 

específicas y exclusivas que sean de un trabajo concreto, un entorno laboral o una 

función determinada, pueden clasificarse en una de dos categorías: demandas y recursos 

del trabajo (Bakker y Demerouti, 2007).  

Las demandas del trabajo son características del trabajo que se asocian a un cierto 

nivel de coste fisiológico o psicológico. Los recursos del trabajo son características del 

trabajo que estimulan directamente el crecimiento personal y el aprendizaje, o bien son 

funcionales para lograr los objetivos del trabajo (Bakker y Demerouti, 2007).  

El MD-R relaciona muy claramente tanto las demandas como los recursos 

laborales con el estado de ánimo en el trabajo. De hecho, el bienestar de los empleados se 

considera un resultado directo de las demandas y los recursos del trabajo (Bakker y 

Demerouti, 2014; Demerouti y Bakker, 2011). Efectivamente, el modelo describe dos 

procesos psicológicos subyacentes paralelos y distinguibles: el loss path (vía de pérdida) 

y el gain path (vía de ganancia) (Bakker, 2015).  

El loss path describe la relación entre las demandas del trabajo y los indicadores 

negativos del BA laboral, como por ejemplo los estados de ánimo negativos. En este 

proceso, se consideran las demandas de trabajo que suponen un obstáculo que producen 
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estrés y requieren una gran inversión de energía, por lo que es probable que provoquen 

tensión y un aumento los estados de ánimo negativos (Bakker, 2015).  

El gain path conecta los recursos laborales con los indicadores positivos de 

bienestar, como por ejemplo los estados de ánimo positivos, a través de la motivación de 

los empleados. Esta motivación puede ser tanto intrínseca como extrínseca. Por un lado, 

los recursos laborales crean una motivación intrínseca, ya que satisfacen necesidades 

humanas básicas, como la de competencia (White, 1959) o la de relacionarse con otras 

personas (Baumeister y Leary, 1995), al fomentar el crecimiento y el aprendizaje de los 

empleados. Por otro lado, proporcionan motivación extrínseca, al facilitar la accesibilidad 

de los objetivos laborales y fomentar la voluntad de los empleados de dedicar su esfuerzo 

y sus habilidades a su trabajo (Meijman y Mulder, 1998). Esto crea un aumento de los 

niveles de un indicador de bienestar positivo, como los estados de ánimo positivos.  

Mientras que la conceptualización original del modelo MD-R se centraba en una 

perspectiva interindividual, la literatura reciente del MD-R ha ampliado el modelo a una 

perspectiva dinámica intraindividual. Bakker (2015) argumenta que, aunque las 

demandas y los recursos del trabajo tienden a mostrar cierta estabilidad a lo largo del 

tiempo, en última instancia también son dinámicos. En primer lugar, los directivos y los 

profesionales del desarrollo organizacional pueden modificarlos activamente; por 

ejemplo, utilizando técnicas de establecimiento de objetivos (Breevaart et al., 2014) o 

cambiando el sistema de compensación (Callan, 1993; Fry y Cohen, 2009). En segundo 

lugar, los propios empleados pueden cambiar activamente su experiencia de las demandas 

y los recursos, ya sea para mejor, aplicando el job crafting (Wrzesniewski et al., 2013), o 
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para peor, mostrando conductas auto-debilitantes (Bakker & Costa, 2014). En resumen, 

las percepciones de las demandas y los recursos del trabajo fluctúan dentro de un 

individuo a lo largo del tiempo, e inducen dinámicamente cambios dentro de la persona 

en el estado de ánimo negativo y el estado de ánimo positivo a lo largo del tiempo.  

La COR (Hobfoll, 1989) es una teoría motivacional que se basa en la noción de 

que los individuos generalmente quieren conservar los recursos que ya tienen, o que 

incluso desean adquirir más recursos a lo largo del tiempo (Halbesleben et al., 2014). 

Según la teoría COR, para que un individuo acumule recursos a lo largo del tiempo, 

necesita invertir los recursos que ya tiene disponibles. Lo mismo es verdad para 

protegerse de la pérdida de recursos y para recuperar recursos que ya se han perdido 

(Halbesleben et al., 2009; Halbesleben & Wheeler, 2008). Esto significa que un individuo 

que ya tiene un número de recursos a mano es más probable de aumentar sus recursos 

disponibles con el tiempo (Demerouti et al., 2004). Por el contrario, alguien que tiene 

pocos recursos disponibles, tiene pocas o ninguna posibilidad de aumentar sus recursos, y 

es más propenso a perderlos con el tiempo (Mäkikangas et al., 2010; Whitman et al., 

2014).  

Integrando los cuatro marcos teóricos, podemos concluir que 1) los cambios 

intrapersonales en el estado de ánimo en el lugar de trabajo se inducen por eventos 

externos, 2) se espera que los cambios sigan trayectorias en forma de U que pueden 

repetirse a lo largo del tiempo y que se forman alrededor de un set-point, 3) estas 

trayectorias tienen una relación directa con las trayectorias de cambio en las demandas 

del trabajo y en los recursos del trabajo, y 4) estas trayectorias de cambio en las 
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demandas y en los recursos pueden depender de tendencias motivacionales, como por 

ejemplo el impulso de acumular recursos a lo largo del tiempo.  

Dicho esto, todavía falta una parte crucial para entender las fluctuaciones del 

estado de ánimo en el lugar de trabajo dentro de cada persona a lo largo del tiempo: el 

papel de las diferencias interindividuales. Aunque las conclusiones anteriores se aplican a 

las personas en general, la variabilidad del estado de ánimo en el lugar de trabajo a lo 

largo del tiempo seguirá siendo diferente en distintos individuos, aunque estén expuestos 

a los mismos acontecimientos en el lugar de trabajo, a las mismas demandas y a los 

mismos recursos laborales. Esto se debe a las variables disposicionales, sobre todo a la 

personalidad.  

El término personalidad describe patrones innatos, distintivos y permanentes de 

naturaleza cognitiva, afectiva y conductual que los individuos expresan en distintas 

situaciones (Costa y McCrae, 1989). El modelo de cinco factores o Big 5 de Costa y 

McCrae (1989) es el modelo de estructura de la personalidad más utilizado y validado. 

Este modelo postula que los individuos se distinguen en cinco dimensiones destacadas de 

la personalidad: apertura a nuevas experiencias, diligencia, extraversión, agradabilidad y 

neuroticismo. En general, se considera que los rasgos Big 5 de la personalidad son 

bastante estables a lo largo de la vida de una persona (Briley y Tucker-Drob, 2014). 

Existe un gran número de estudios que describen el efecto de la personalidad en el 

bienestar laboral desde una perspectiva interpersonal: las puntuaciones altas en apertura, 

diligencia, extraversión y amabilidad, así como las puntuaciones bajas en neuroticismo, 

se asocian con niveles más altos de bienestar de los empleados (Steel et al., 2008).  
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Nuestro marco teórico integrado ofrece algunas pistas sobre cómo la personalidad 

debería influir en la variabilidad intraindividual de las experiencias del estado de ánimo 

en el lugar de trabajo a lo largo del tiempo.  

La TEA describe que la personalidad influye sobre la manera de la que los 

individuos reaccionan a los eventos afectivos (Weiss y Cropanzano, 1996). Dos eventos 

similares pueden provocar diferentes reacciones afectivas en distintos individuos. Estas 

diferencias están relacionadas con algunas de las variables Big 5, específicamente la 

extraversión y el neuroticismo. Por definición, dentro de la estructura de los Big 5 de la 

personalidad, estos dos son los rasgos de carácter más afectivo, y, en consecuencia, los 

más importantes para predecir las reacciones a los eventos afectivos (Weiss y Kurek, 

2003). Debido a sus disposiciones cognitivo-conductuales, como el optimismo y la 

confianza, es probable que los individuos con un alto grado de extraversión interpreten 

los eventos que les suceden de forma más positiva. Por el contrario, debido a sus 

disposiciones cognitivo-conductuales, como el pesimismo y la propensión a la 

preocupación, los individuos con un alto grado de neuroticismo son propensos a 

interpretar los eventos que les suceden de forma más negativa (Larsen y Ketelaar, 1989; 

Larsen y Ketelaar, 1991; Rusting y Larsen, 1999; Zelenski y Larsen, 1999). Teniendo en 

cuenta esto, la personalidad debería influir claramente en la variabilidad intrapersonal de 

los estados de ánimo tanto positivos como negativos. En concreto, la extraversión y el 

neuroticismo determinan si un individuo experimenta más o menos variabilidad en los 

estados de ánimo positivos y los estados de ánimo negativos a lo largo del tiempo.  
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Desde la perspectiva de TNA, las diferencias interindividuales forman la base del 

modelo original, con la noción que cada persona tiene un set-point individual del estado 

de ánimo. Este set-point está definido por características individuales estables, y la 

personalidad es uno de los factores que más contribuye a ello (Diener et al., 2006). Un 

gran número de estudios empíricos encontraron que la personalidad, en contraste con 

otras características individuales estables como, por ejemplo, las variables demográficas, 

tiene fuertes correlaciones con el bienestar afectivo (Diener y Lucas, 1999). Además, la 

investigación conductual-genética basada en estudios de gemelos y de adopción muestra 

que las experiencias del bienestar afectivo son moderadamente heredables (por ejemplo, 

Tellegen et al., 1988). Estos resultados apoyan a la noción de que existe un set-point de 

bienestar y que, al menos en parte, está definido por características estables de 

personalidad. Teniendo en cuenta esto, los puntos iniciales en las trayectorias del estado 

de ánimo en el trabajo a lo largo del tiempo, así como el estado de ánimo medio en el 

lugar de trabajo a lo largo del tiempo, están relacionados con las variables de 

personalidad. Pero más allá de eso, la TNA también ofrece explicaciones para las 

diferencias entre personas en los cambios del estado de ánimo a lo largo del tiempo: 

mientras que la teoría original postula que las adaptaciones suceden de forma similar para 

cada individuo, investigaciones más recientes basadas en la TNA muestran que no es así. 

La fuerza y la duración de las desviaciones del set-point del bienestar dependen en gran 

medida de las diferencias interindividuales, sobre todo de la personalidad. Una de las 

explicaciones son los eventos típicos que experimenta un individuo, que están 

relacionados con su personalidad (Diener et al., 2006). Por ejemplo, los individuos con 
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puntuaciones altas en neuroticismo son más propensos a buscar situaciones negativas que 

los que tienen puntuaciones bajas en neuroticismo, lo que conlleva una mayor 

probabilidad de desviaciones frecuentes de su estado de ánimo (Headey y Wearing, 1992; 

Magnus et al., 1993). Esto causa una mayor variabilidad general dentro de la persona en 

el estado de ánimo negativo en los individuos con altas puntuaciones de neuroticismo.  

Otra razón para las diferencias interindividuales en el proceso de adaptación son 

las diferencias en los estilos y estrategias de afrontamiento que están vinculadas a los 

rasgos de personalidad (Diener et al. 2006). Por ejemplo, los individuos extravertidos son 

propensos a realizar un afrontamiento activo y centrado en la solución, a aprovechar los 

sistemas de apoyo social o a revalorizar cognitivamente las situaciones en las que se 

encuentran (Aspinwall y Taylor, 1997; Chang, 1998; Scheier et al., 1986; Scheier et al., 

2003). Esto podría llevar a un punto de inflexión más temprano en la trayectoria de 

estado de ánimo en forma de U (para los estados de ánimo positivos; en forma de U 

invertida para los estados de ánimo negativos) después de los eventos negativos, un 

retorno más rápido al set-point del estado de ánimo y una variabilidad general más baja 

en los estados de ánimo negativos. Por el contrario, los individuos que son más bien 

introvertidos y los que puntúan alto en neuroticismo, tienden a ser menos eficaces en sus 

estrategias de afrontamiento (Ferguson, 2001; Carver et al., 1989), lo que conduce a picos 

más altos en el estado de ánimo negativo después de un evento negativo (Bolger & 

Zuckerman, 1995) y un retorno más lento a su set-point (Diener & Lucas, 2006), 

aumentando la variabilidad en el estado de ánimo negativo para estos individuos.  
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Teniendo en cuenta esto, la personalidad debería influir sobre la intensidad y 

amplitud de las fluctuaciones intraindividuales del estado de ánimo, así como a la 

cantidad general de variabilidad del estado de ánimo que experimenta un individuo. 

Aunque el marco teórico integrado, basado en AET, ALT, JD-R y COR, 

proporciona muchas consideraciones teóricas para la variabilidad intrapersonal y las 

trayectorias del estado de ánimo en el trabajo a lo largo del tiempo, los estudios empíricos 

que investigan los predictores y consecuencias de la variabilidad intraindividual, tanto 

como la forma real de sus trayectorias, son todavía escasos. Comprender la variabilidad 

intraindividual del estado de ánimo en el trabajo y el curso de sus trayectorias es 

importante para que el estado de ánimo en el lugar de trabajo sea más predecible y, en 

consecuencia, más fácil de dirigir e influir en las organizaciones. 

Así pues, el objetivo general de la tesis fue aclarar algunas cuestiones 

inexploradas en torno al constructo, así como responder a los llamamientos hechos por 

diferentes autores para avanzar en el estudio del tema (por ejemplo, Sonnentag, 2015). En 

concreto, se pretende avanzar en el conocimiento sobre el bienestar afectivo laboral (en 

concreto, los estados de ánimo en el trabajo) y su dinámica intraindividual, incluyendo la 

estructura y la medición del bienestar afectivo laboral como constructo, la forma de su 

trayectoria a través del tiempo, y sus relaciones dinámicas con la personalidad, las 

demandas de trabajo, los recursos de trabajo y el desempeño laboral. A su vez, este 

objetivo general fue dividido en tres objetivos específicos: 

1. Validar la Escala Reducida de Bienestar Afectivo y determinar su invarianza 

longitudinal (i.e. equivalencia métrica), así como su capacidad para detectar 
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cambios intraindividuales en el estado de ánimo en el trabajo a lo largo del 

tiempo. 

2. Analizar los efectos de la personalidad, en concreto el neuroticismo y la 

extraversión, sobre la variabilidad intraindividual del estado de ánimo a lo 

largo del tiempo, con el fin de comprender las diferencias interindividuales en 

dicha variabilidad, así como conectarla con un resultado organizacional 

relevante: la variabilidad del desempeño laboral. 

3. Determinar la forma de las trayectorias de cambio intraindividual en el estado 

de ánimo en el trabajo, así como las relaciones dinámicas entre los patrones de 

cambio  enel estado de ánimo y los patrones de cambio en las demandas 

dinámicas del trabajo (específicamente, la sobrecarga de trabajo) y los 

recursos (específicamente, el apoyo social en el trabajo). 

Estos objetivos se abordaron en tres estudios distintos. Los estudios compartían 

un enfoque metodológico parcialmente común. Recogimos una muestra principal de 

datos que se utilizó en los tres estudios. Los datos se recogieron desde octubre de 2016 

hasta enero de 2017. Contratamos a una empresa de investigación de mercados que 

gestionaba un panel de encuestados. Esta empresa invitó a los miembros de su panel a 

participar en el estudio. Un total de 619 participantes aceptaron la invitación. Los 

participantes respondieron a un cuestionario online una vez a la semana durante 12 

semanas consecutivas (puntos de medición: T1-T12). El cuestionario contenía 

instrucciones para responder con referencia a la semana de trabajo anterior. La muestra 

final fue de 458 sujetos. En todos los estudios, el estado de ánimo semanal se midió 
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mediante la Escala Reducida de Bienestar Afectivo (RAWS), una medida ultracorta 

basada en la escala de bienestar afectivo de Segura y González-Romá (2003). El estado 

de ánimo positivo y el estado de ánimo negativo se midieron con tres ítems cada uno 

("En qué medida se sintió tenso/nervioso/ansioso la semana pasada en el trabajo" para el 

estado de ánimo negativo, y "En qué medida se sintió feliz/optimista/animado la semana 

pasada en el trabajo" para el estado de ánimo positivo), usando una escala graduada de 5 

puntos que oscilaba entre 1. "Nada" y 5. "Mucho". Erdogan et al. (2018) informaron de 

coeficientes alfa de Cronbach de 0.90 (estado de ánimo positivo) y 0.86 (estado de ánimo 

negativo). 

El estudio 1 aborda el primer objetivo  de la tesis. En la investigación 

organizacional aplicada, donde la economía de las medidas suele ser un factor crucial 

para el éxito de la investigación, a menudo se necesitan escalas de medida ultracortas. 

Este estudio investigó las propiedades psicométricas de la RAWS. La RAWS se comparó 

con la escala original de 12 ítems propuesta por Segura y González-Romá (2003) en 

términos de consistencia interna y validez de criterio, utilizando una muestra de 1117 

empleados de banca. Además, se evaluó la invarianza longitudinal de la escala y la 

fiabilidad intra-sujeto del RAWS a lo largo del tiempo en la muestra longitudinal común 

a los tres estudios de la tesis. Los resultados proporcionan evidencia de que la RAWS es 

similar a la escala completa en términos de fiabilidad y validez. Además, la RAWS 

muestra una fiabilidad intraindividual satisfactoria y una invarianza de las saturaciones 

factoriales a lo largo del tiempo. En estudios con diseños longitudinales intensivos que 
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requieren medidas repetidas de bienestar afectivo, el uso de la RAWS es una opción 

recomendable. 

El estudio 2 aborda el segundo objetivo de la tesis. Este estudio examina los 

predictores y los resultados de la variabilidad intraindividual del estado de ánimo en el 

trabajo. El “path-analysis” realizado reveló una relación positiva entre el neuroticismo y 

la variabilidad intraindividual del estado de ánimo negativo, que a su vez se relacionó con 

la variabilidad intraindividual del desempeño laboral. Los resultados contribuyen a la 

comprensión de las diferencias entre personas en la variabilidad intraindividual del estado 

de ánimo, y sugieren ampliar la relación entre el estado de ánimo y el desempeño desde 

una perspectiva estática a una perspectiva de dispersión intraindividual. Desde un punto 

de vista práctico, nuestros resultados identifican el neuroticismo como un factor de riesgo 

potencial para el desempeño inestable, pero también proporcionan un margen para 

fomentar la previsibilidad del desempeño laboral. 

El estudio 3 aborda el objetivo 3. Este estudio examina las trayectorias 

intrapersonales del estado de ánimo en el trabajo y sus predictores dinámicos a lo largo 

del tiempo. Basándonos en el MD-R, comparamos dos modelos de investigación. El 

primero es un modelo de vías paralelas que vincula los cambios intraindividuales en el 

apoyo social, como recurso, con los cambios en el estado de ánimo positivo, y los 

cambios en la sobrecarga de trabajo, como demanda, con los cambios en el estado de 

ánimo negativo. El segundo es un modelo cruzado que contiene vínculos adicionales 

entre los cambios en el apoyo social y los cambios en el estado de ánimo negativo, y 

entre los cambios en la sobrecarga de trabajo y los cambios en el estado de ánimo 
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positivo. Los resultados del análisis de curvas de crecimiento latente mostraron que tanto 

el estado de ánimo positivo como el estado de ánimo negativo, así como el apoyo social y 

la sobrecarga de trabajo, siguieron una trayectoria cuadrática durante el período de 

tiempo analizado. Además, el análisis bayesiano de comparación de modelos favoreció el 

modelo de vínculos cruzados sobre el modelo de vías paralelas. El cambio en el apoyo 

social a lo largo del tiempo se relacionó positivamente con el cambio en el estado de 

ánimo positivo y negativamente con el cambio en el estado de ánimo negativo. El cambio 

en la sobrecarga de trabajo a lo largo del tiempo se relacionó positivamente con el 

cambio en el estado de ánimo negativo y negativamente con el cambio en el estado de 

ánimo positivo. Los resultados complementan el consenso de conocimientos científicos 

sobre el bienestar afectivo laboral, contribuyen de manera relevante a la literatura 

organizacional, y proporcionan varias indicaciones para los profesionales de RRHH sobre 

la gestión, estabilización y fomento de estados de ánimo específicos en los empleados. 

Considerados en su conjunto, los resultados de los tres estudios nos llevan a 

formular una serie de conclusiones: 

1. Es importante considerar una perspectiva intraindividual del estado de ánimo 

en el trabajo, tratándolo como un constructo dinámico. 

2. La RAWS es un instrumento adecuado para evaluar el estado de ánimo en las 

organizaciones, tanto desde una perspectiva interindividual como 

intraindividual 

3. La variabilidad intrapersonal de los estados de ánimo en el trabajo varía en 

función de la personalidad. 
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4. Un estado de ánimo estable en el trabajo está relacionado con un desempeño 

laboral estable. 

5. La variabilidad intraindividual del estado de ánimo media la relación entre la 

personalidad y la variabilidad en el desempeño laboral. 

6. A través del tiempo, desde una perspectiva intraindividual, el estado de ánimo 

tiende a evolucionar de forma curvilínea. 

7. Los cambios en las demandas y recursos del trabajo a través del tiempo están 

vinculados a los cambios en el estado de ánimo en el trabajo.  

8. Los cambios en el apoyo social a través del tiempo están relacionados 

positivamente con los cambios en el estado de ánimo positivo y 

negativamente con los cambios en estado de ánimo negativo.  

9. Los cambios en la sobrecarga de trabajo a través del tiempo están relacionados 

positivamente con los cambios en el estado de ánimo negativo y 

negativamente con los cambios en el estado de ánimo positivo.  

10. Las relaciones dinámicas cruzadas deberían incluirse en el MD-R.  
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